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Personal Opening 

This book is about me. 

I need to say that up front, because every business book pretends 

otherwise. They all claim to be about you—your challenges, your 

transformation, your Monday morning. And this one will get there. 

But it starts here, with the reason I wrote it, because that reason is the 

only thing that makes the rest of it honest. 

In 2022, I had stage 4B cancer. It went undiagnosed for eight 

months—eight months of symptoms that got explained away, 

deferred, rescheduled—until the night it put me in a hospital bed for 

an emergency splenectomy. They airlifted me from my home in 

Frederick, Maryland, to shock trauma in Baltimore. The surgery went 

sideways. I spent three weeks in a coma. The doctors told my wife I 

had a couple of days to live. My kids came to say goodbye. 

And then one doctor’s order saved my life. 

She asked a simple question: Did we do a biopsy on the spleen? 

The answer was no. It was the height of COVID. Too many patients, 

not enough time, and he’s not going to make it anyway. She said: Get 

it done. That single order is the reason I’m writing this sentence, 

because the biopsy revealed stage 4B blood cancer—in my bones, in 

my blood, everywhere. It had been there for months. Without that one 

question from one doctor who refused to let the situation dictate the 

standard of care, there would be no diagnosis. No treatment. No book. 

With an extraordinary wife, extraordinary medicine, and the 

prayers of thousands of people I will never be able to properly thank, I 

made it. I’ve been in remission for four years. 

∗ ∗ ∗ 
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I tell you this not for sympathy. I tell you because of what happened 

next. 

It was with no small sense of irony that I found myself, barely back 

on my feet, staring down what felt like another existential threat—this 

one to my career, my expertise, everything I’d spent twenty years 

building. The image of AI replacing me was like a scene from some 

bad pirate movie: you see the ship on the horizon, impossibly far 

away, and you tell yourself there’s time. There’s always time. Until 

there isn’t. 

But here’s what coming face to face with mortality does: it brings 

things into sharp relief, fast. You develop a gift for seeing sense, rather 

than nonsense. An almost physical intolerance for wasted time, 

wasted motion, wasted potential. You see where wisdom stands out 

from noise. And perhaps more than anything, you look for 

opportunities to build resilience. Not the inspirational poster kind. 

The operational kind. The kind that means when the next crisis hits—

and it will—you don’t just survive it. You’re stronger because of it. 

This book is that opportunity. 

Not because I have all the answers. But because I’ve been in the 

place where the answers matter more than the theory—where you 

don’t have the luxury of waiting for perfect information, where the 

cost of inaction is not a missed quarter but something far worse. I 

wrote this book the way I’ve lived the last four years: with urgency, 

with clarity about what actually matters, and with zero patience for 

the kind of hedging and incrementalism that kills more organizations 

than any technology disruption ever has. 

∗ ∗ ∗ 
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“The most important question isn’t ‘What will 

change?’ It’s ‘What will stay the same?’ Because 

the things that never change are what you build a 

strategy on.” 

— Morgan Housel, Same as Ever 

∗ ∗ ∗ 

Introduction 

People always want things faster, better, cheaper—and they always 

resist seeing how radically new tools can deliver that by destroying 

old models. The unchanging behavior is the strategy. 

Enterprise leaders ask endlessly what AI will change. Almost no one 

asks what won’t: our addiction to legacy processes, our fear of killing 

sacred cows, our preference for incrementalism over imagination. 

That unchanging behavior is why most AI initiatives die in the Kill 

Zone. This book exploits what never changes to help you win. 

I’ve spent twenty years driving technology adoption inside 

financial services organizations where compliance makes every 

decision twice as hard, risk committees can kill a program with a 

single memo, and boards demand quarterly ROI on initiatives that 

need eighteen months to mature. I’ve managed enterprise 

transformations as a PMP-certified program manager, dissected 

failing processes as a Lean Six Sigma Black Belt, and coached 

reluctant organizations through painful transitions as a certified 

change management practitioner.  

What I’ve learned across all of it is simple and brutal: people don’t 

change, even when the tools do. They resist, they hedge, they protect 

what they know. The technology shifts. The human behavior doesn’t. 
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This book uses that unchanging truth—drawn from Morgan 

Housel’s Same as Ever—to show you how to win the enterprise AI 

race while everyone else is still playing with toys. 

Housel recounts a story about Jeff Bezos. Not long after he 

launched Amazon, Bezos kept getting the same question: “What’s the 

next big thing going to be?” He realized almost nobody asked the more 

important question: “What is not going to change?” People would still 

want things faster, better, cheaper in five years, ten years, twenty. So 

he built his entire business on that premise. 

Each chapter in this book is linked to one of Housel’s observations 

about human behavior because it provides a guiding narrative 

throughout the book: people do not change. So let’s use that. 

Here is the pattern I keep seeing. A company announces an AI 

strategy. They pick a vendor, spin up a pilot, and hand everyone a 

chatbot license. For the first two months, usage spikes. People 

summarize emails, rewrite Slack messages, generate bullet points for 

slide decks. Leadership sees the adoption metrics and declares victory. 

Then month three arrives.  

The novelty wears off. The hard work of integrating AI into actual 

workflows begins, and suddenly everything slows down. People are 

doing their regular jobs and learning new tools simultaneously—a 

phenomenon I call double-keying—and productivity drops. By month 

four, the CFO is asking questions. By month five, the CIO is updating 

their resume. By month six, the board kills the program. Not because 

AI failed. Because nobody told them it was supposed to get worse 

before it got better. 

That is the J-curve. And surviving it is what this book is about. The 

companies that push through the dip—NVIDIA’s research shows fifty-

two percent of them—come out the other side with operational 

efficiency gains and capacity increases that their competitors, the ones 

who panicked and pulled the plug, will spend years trying to replicate. 

The Kill Zone is a filter. It separates the organizations that understand 
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how adoption actually works from the ones still chasing hype cycle 

promises. This book puts you on the right side of that filter. 

A quick word about what this book is not. It is not a prompt 

engineering manual. It is not a breathless commentary on the 

dystopian impacts of artificial intelligence on society. It is not a deep 

dive into open-source versus closed-source model architecture, or a 

primer on how transformer technology works under the hood.  

This is not a traditional change management book, either, because 

it focuses on things that do not change. You will not find much about 

training plans, readiness assessments, or impact analyses. I leave all 

that to others. 

It is written specifically for leaders in regulated industries—

financial services, healthcare, insurance, energy—where the stakes are 

compliance, not convenience, and where the margin for error is razor 

thin. Where every technology deployment needs a sign-off from legal, 

a blessing from risk, and a defensible audit trail before a single model 

touches production data. If your organization has ever killed a 

promising initiative because no one could answer the Chief Risk 

Officer’s questions in a committee meeting, this book is for you. 

This is a playbook for managers who simply want to win. 

It is a reference book you can turn to when you are staring at a 

failed pilot, a demoralized team, or a board that wants to see ROI by 

next quarter. It is built on observed principles of human behavior that 

do not change and applies those principles to what actually works in 

enterprise AI adoption right now. Throughout the book, a simple 

decision framework recurs: Value equals Utility divided by Cost.  

Every AI initiative, every vendor pitch, every process redesign can 

be pressure-tested against this formula. If the utility is not clear 

enough to articulate in one sentence, or the cost is hidden behind 

vague implementation timelines, the initiative is not ready. This 

formula is your filter for cutting through the noise. 
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The book lives at the intersection of business management, 

operations, technology adoption, and change management. Because I 

have spent the last decade working in financial services, many of the 

examples skew toward that industry—banks, asset managers, insurers, 

the organizations where audit trails, risk committees, and Frozen 

Middle paralysis make every technology decision twice as hard. My 

book, my rules. But the frameworks apply to any regulated enterprise 

where the stakes are real. 

A word about how this book was written. Writers using ghost 

writers is a pattern that does not change—from Roman senators to 

modern CEOs, the person with the ideas has relied on someone else to 

put words on the page. I used artificial intelligence—specifically, large 

language models—to help write this book.  

I mention this because transparency matters, and because it would 

be hypocritical to write a book about enterprise AI adoption without 

using the technology myself. Every idea in it is mine. Original. 

Distilled from the work of others. Pattern-matched from one domain 

to be relevant in another. But the raw material comes from twenty 

years of driving technology adoption in organizations that would 

rather not change. The AI did the heavy lifting. I drove the truck. 

The most expensive software is the one that gets built twice. 

The second most expensive is the one you use to summarize emails. 

That line captures the central tension of this book. Most 

companies are spending millions on AI tools that their employees use 

to rewrite Slack messages and summarize meeting notes. That is Toy 

Mode—the digital equivalent of buying a Formula 1 car to drive to the 

grocery store. A company paying thirty dollars per seat per month for 

five thousand employees burns $1.8 million a year on what amounts 

to an expensive autocomplete. This book is about what happens when 

you stop playing with the toy and start running the machine. 
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Every chapter that follows is designed to make the J-curve 

survivable—and to turn it from a career-ending risk into a competitive 

weapon. The frameworks are sequenced so that what you learn in one 

chapter feeds directly into the next. Skip nothing. Even if your 

organization is already past the Kill Zone, the execution chapters will 

show you how to accelerate the climb. 

Here is how the book is structured, and why the sequence matters. 

Part I—The Reality Check—starts by confronting the Imagination 

Gap: why your board is almost certainly solving the wrong problem by 

optimizing existing processes instead of reimagining them entirely. 

Chapter 2 introduces the J-Curve itself—the predictable productivity 

decline that creates the Kill Zone where most executives panic and 

pull the plug on initiatives that were actually working.  

Chapter 3 gives you the antidote: Stepping Stone Projects, fast 

wins you can deliver in thirty days that build political capital and 

momentum while the organization rides through the dip. 

Part II—The Three-Phase Migration—maps the path from trivial 

AI usage to genuine transformation. Chapter 4 tackles Toy Mode and 

introduces the Squad Model—a department-level certification 

framework built on Dunbar’s research showing that peer 

accountability only works in groups of about fifteen.  

Each squad progresses through three tiers: Gamma for sandbox 

learning, Beta for approved workflows, and Alpha for full agent 

deployment. Chapter 5 makes the case for the API Mandate—moving 

from humans chatting with bots to bots chatting with bots, which is 

where the real leverage lives. Chapter 6 is about Process Destruction: 

the discipline of asking whether a process should exist at all before 

you waste time automating it. 

Part III—Execution—is where the rubber meets the road. Chapter 

7 covers the unglamorous but essential foundation work: Janitor 

Agents that clean your data and Protocol Engineering that replaces the 
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chaos of individual prompt writing with enterprise-grade, repeatable 

structures. Chapter 8 addresses the hardest problem in any 

transformation—getting people to actually use the thing—through 

radical transparency and the unfreezing of the Frozen Middle, that 

layer of middle management where AI initiatives go to die. Chapter 9 

closes with the business case: how to frame AI investment as capacity 

expansion rather than cost cutting, and how to prove it in a 90-Day 

Sprint. 

Every chapter includes downloadable digital assets—calculators, 

templates, checklists, decision frameworks—so that you can take what 

you read and put it to work Monday morning.  

The companion site, flattenthej.com, houses four interactive tools 

that go beyond static PDFs: a project selection wheel that stress-tests 

which AI initiative to fund first, a process destruction wheel that 

challenges whether your workflows should exist at all, pre-built 

executive communication scripts for the three most dangerous 

moments in the J-curve, and the Protocol Vault—a library of ready-to-

deploy AI protocols that demonstrate Protocol Engineering in action.  

You fill in the form. The system runs the protocol. You never write 

a prompt. That is the future of enterprise AI, and you can use it before 

you finish the book. 

If you’re tired of million-dollar chat pilots that deliver nothing but 

summarized emails, keep reading. If your CIO just greenlit an AI 

strategy and nobody has mentioned what happens at Month 4, you 

need this book before the budget meeting. If your middle managers 

are quietly sabotaging adoption because they think AI is coming for 

their jobs, Chapter 8 was written for that exact conversation. The path 

out of Toy Mode is uncomfortable, predictable, and winnable. And it 

starts with understanding what never changes. 
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PART I: THE REALITY CHECK 
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“Imagination is more important than knowledge. 
For knowledge is limited, whereas imagination 

embraces the entire world.” 

—Albert Einstein, “What Life Means to Einstein” 
(interview, 1929) 

Chapter 1 

The Imagination Gap 

Why Your Board Is Solving the Wrong Problem 

In Same as Ever, Morgan Housel describes a pattern that repeats 
across every major technological shift: people don’t reject new 
technology because they can’t understand it. They reject it because 
they can’t imagine a world where it matters. By the time the 
imagination catches up, the winners have already built the new world. 

Enterprise leaders today see AI clearly—they pilot chat tools, run 
document summarizers, approve budgets. What they can’t yet see is 
the transformed operating model where legacy intermediaries vanish 
and systems handle end-to-end work. That failure of imagination 
keeps most firms trapped in Toy Mode while competitors quietly build 
the future. 

The telephone? “Why would I need to talk to someone who isn’t in 
the room?” The internet? “It’s a fad for academics and hobbyists.” In 
each case, the technology itself wasn’t the barrier. The barrier was 
imagination. People could see what the technology did. They couldn’t 
see what it would change. 

Here’s what makes this pattern dangerous: by the time you can 
imagine the world the technology creates, someone else is already 
living in it. And they’re your competitor. The companies that won 
during those transitions weren’t the ones with the best technology. 
They were the ones who could imagine—and then execute—a different 
business model before their competitors could even picture it. 

That’s the gap that kills companies. Not a technology gap. An 
imagination gap. And it’s happening again. Right now. With AI. 
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A Thousand Surveys Telling the Same Story 

Two of the largest surveys in financial services published in the last 
twelve months paint a picture that should keep every executive awake 
at night—not because the news is bad, but because the gap between 
ambition and execution has never been wider. 

NVIDIA’s State of AI in Financial Services report—surveying 839 
respondents across banking, insurance, fintech, and capital markets—
found that 65% of financial services organizations are now actively 
using AI, up from 45% just one year earlier.  

The InvestOps 2026 survey of 200 global buyside operations 
leaders found 70% actively deploying AI solutions. The money is 
flooding in: nearly 100% of NVIDIA’s respondents plan to maintain or 
increase AI spending in 2026, with 44% expecting budgets to rise 
more than 10%. 

That sounds like an industry on the move. It’s not. 

Because when you dig into what “deploying AI” actually means, 
you find this: 65% of buyside firms expanded operational teams to 
handle compressed timelines like T+1 settlement rather than investing 
in automation. When regulatory change arrived—the single most 
predictable kind of change in financial services—two-thirds of firms 
threw people at the problem instead of building systems that could 
absorb the change without proportional cost increases.  

Sixty-three percent lack unified data across front, middle, and 
back office. Nearly half cite manual data reconciliation as a top 
challenge. Sixty percent are implementing manual workarounds as 
temporary solutions. NVIDIA found that data-related challenges 
remain the single biggest barrier to AI adoption, cited by 40% of 
respondents. Only 17% have achieved full straight-through processing 
without manual intervention. 

The pattern repeats across regulated sectors: healthcare providers 
add staff for new documentation rules instead of AI ingestion; 
insurers reconcile claims manually rather than deploying agentic 
exception handling; energy operators optimize reporting instead of 
reimagining asset management workflows. 

Meanwhile, the firms that have pushed through the hard part are 
seeing results that make the gap alarming. NVIDIA found that 83% of 
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firms that persisted through early implementation challenges now 
report positive ROI on their AI investments. Eighty-nine percent say 
AI is helping both increase annual revenue and decrease annual costs. 
The top three impacts: operational efficiencies (52%), improved 
employee productivity (48%), and improved customer experience 
(37%). 

The firms that pushed through are getting rich. The firms that 
didn’t are getting left behind. And the distance between them grows 
every quarter. This is what the imagination gap looks like in hard data. 
You know where AI should go. You’re stuck keeping it in the toy box. 

The Industry Everyone Complained About 

Jamie Dimon had been complaining about proxy advisers for years. So 
had every other asset management CEO. 

The firms—Glass Lewis and Institutional Shareholder Services—
formed a de facto duopoly in corporate governance. They provided 
research, voting recommendations, and infrastructure to help 
investment firms cast thousands of shareholder votes each year. Large 
asset managers paid them millions in annual fees. Their voting 
recommendations carried enormous influence over shareholder 
decisions. Their business models created obvious conflicts of interest. 

Everyone knew it. Everyone paid anyway. In spring 2025, Dimon 
went public at an industry gathering: proxy advisers are 
“incompetent” and “should be gone and dead, done with.” Strong 
words. But words without action are just complaints. Every CEO in 
that room had said similar things in private. They all kept writing 
checks to Glass Lewis and ISS. 

The infrastructure was too embedded. The regulatory 
requirements too complex. The risk of switching too high. 

It was easier to complain than to change. 

Then in January 2026, JPMorgan did something the industry 
thought was impossible. 

“We Don’t Need Them At All” 
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JPMorgan Asset Management—$7 trillion in client assets, one of the 
world’s largest investment firms—cut all ties with proxy-advisory 
firms. Effective immediately. Not “reduced reliance.” Not 
“supplemented with internal research.” Complete elimination. 

The unit built an internal AI platform it called Proxy IQ. The 
system analyzes data from more than 3,000 annual company 
meetings and provides voting recommendations directly to portfolio 
managers. No external advisers. No intermediary layer. No checks to 
Glass Lewis and ISS. 

According to the memo announcing the move, JPMorgan believes 
it’s the first large investment firm to entirely stop using external proxy 
advisers. 

Here’s what makes this interesting: the proxy advisory industry 
didn’t lack technology. Glass Lewis and ISS are sophisticated firms 
with their own data analytics and research capabilities. They could 
have built Proxy IQ themselves. They had the expertise, the data, the 
client relationships. But they couldn’t imagine eliminating their own 
business model. 

JPMorgan could. Because they weren’t trying to improve proxy 
voting. 

They were asking a different question entirely: “What if the 
advisers don’t need to exist at all?” That’s not a technology question. 
That’s an imagination question. 

Making the Horse Run Faster 

Most firms in JPMorgan’s position would have asked: “How do we 
make proxy voting more efficient? How do we get better 
recommendations faster? How do we reduce our reliance on external 
advisers?” Those are reasonable questions. They lead to reasonable 
projects. You’d get a pilot program, test AI-assisted research, 
supplement external advisers with internal analysis, gradually reduce 
costs while maintaining the safety net of the incumbents. You’d make 
the horse run faster. 

JPMorgan asked: “What if we eliminate the horse entirely?” 

That’s the imagination gap. And the data shows it’s endemic. Look 
at where firms are actually deploying AI in 2026: the top use case 
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across financial services is customer experience and engagement at 
42%, followed by document processing at 40%. Both important. 
Neither transformational. The industry’s top spending priority for 
2026—cited by 41% of respondents, up from 26% the year before—
isn’t identifying new AI use cases. It’s optimizing AI workflows that 
already exist. 

Companies aren’t building new capabilities. They’re polishing old 
ones. 

“It Expands Who Can Build” 

The imagination gap isn’t limited to financial services. Spotify’s 
engineering organization achieved a 90% reduction in time spent on 
complex code migrations using AI. Most enterprises would have 
stopped at that 90% efficiency number, put it in a board presentation, 
and called it a win. Spotify saw the bigger picture. 

Spotify’s Chief Architect and VP of Engineering, Niklas 
Gustavsson, described the real transformation: engineers can now 
describe and push code changes in plain language directly from Slack 
on their phones. That shift, as Gustavsson put it, doesn’t just save 
time—it expands who can build and dramatically increases how 
quickly the organization can move. 

Read that again. Most firms would headline “90% faster 
migrations.” Spotify asked: What if anyone in the company could ship 
code from their phone without writing a line? That’s the leap from 
polishing horses to eliminating them. The first framing optimizes an 
existing capability.  

The second creates an entirely new one that didn’t exist before—a 
capability that changes who participates in building software, not just 
how fast the existing builders work. That’s the difference between 
Little-to-Little thinking and End-to-End imagination. 

Housel identified the typical progression people go through with 
world-changing technology: I’ve never heard of it → I’ve heard of it 
but don’t understand it → I understand it but don’t see how it’s useful 
→ I see how it could be fun for rich people, but not me → I use it, but 
it’s just a toy → It’s becoming more useful → I use it all the time → I 
could not imagine life without it → Seriously, people lived without it? 
→ It’s too powerful and needs to be regulated.  
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This progression described the telephone, the automobile, the 
internet, and the smartphone. It will describe AI. But most enterprises 
today are stuck at “I use it, but it’s just a toy.” They’ve deployed 
ChatGPT to 5,000 employees. They’ve spent $1.8 million on licenses 
($30/seat × 5,000 × 12 months). And 91% of those employees are 
using it to rewrite emails and summarize meetings. That’s not 
transformation. That’s expensive typing practice. 

Little-to-Little vs. End-to-End 

Here’s the framework that explains why some companies win and 
others wonder what happened. 

Little-to-Little: Individual employees doing individual tasks 
slightly faster. Sarah uses ChatGPT to draft her emails. Tom uses it to 
summarize meeting notes. The company spends $30 per seat per 
month and gets marginally faster typing. This is where 90% of 
enterprise AI sits today. 

Middle-to-Middle: Workflow integration. Teams start 
coordinating through AI. Some processes change. But humans are still 
in the loop for every decision, creating bottlenecks. You’ve upgraded 
from a toy to a tool, but you haven’t changed how work actually gets 
done. 

End-to-End: Full process transformation. Systems talking to 
systems. AI handling the routine. Humans managing exceptions. This 
is where JPMorgan landed—and where you get transformational 
change, not incremental improvement. 

If JPMorgan had stayed at Little-to-Little, they would have 
deployed AI to help analysts research proxy votes faster. If they’d 
moved to Middle-to-Middle, they would have built tools integrating 
with Glass Lewis data, automating some analysis while keeping 
external advisers in place. They went End-to-End. Proxy IQ doesn’t 
make the old system faster. It makes the old system irrelevant. 

The Next Wave Is Already Here 

While most firms are still optimizing document processing and email 
workflows, the next wave is already arriving. NVIDIA found that 42% 
of financial services firms are now using or assessing agentic AI—
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systems that don’t just respond to prompts but autonomously reason, 
plan, and execute complex tasks. Twenty-one percent have already 
deployed them in production. 

One in five financial services firms already has AI agents operating 
autonomously in their workflows. Not chatbots. Not summarizers. 
Agents that make decisions, take actions, and learn from outcomes. 
The firms deploying agents aren’t asking “How can AI help my 
employees work faster?” They’re asking “What work can AI do without 
my employees being involved at all?” 

That’s the leap from Little-to-Little to End-to-End. And it’s 
happening right now, in your industry, at companies you compete 
with. If you’re still debating whether to expand your ChatGPT pilot, 
you’re not just behind. You’re solving a problem that no longer exists. 

The Competitor You Don’t See Coming 

The competitor you should worry about isn’t the one with more 
capital or more people. It’s the one without your constraints. 

Imagine a consultant walked into your operations today—someone 
who’d never seen your business before. They wouldn’t ask “How can 
we make this faster?” They’d ask “Why does this process exist? Why 
does this require 14 people? Why does this intermediary exist at all?” 
The outsider wouldn’t do your processes faster. They’d skip your 
processes entirely. 

They’d offer something you can’t match—not because they have 
more people or more capital, but because they’re not carrying 15 years 
of accumulated workarounds and legacy decisions. 

That competitor exists. Right now. In your industry. Sometimes 
it’s a fintech startup with a team of twelve, building in six months 
what your IT department says would take three years. Sometimes it’s 
an existing competitor who got serious about transformation 18 
months ago while you were still forming steering committees. The 
most dangerous version is the company from an adjacent industry 
that realizes they can serve your customers better because they don’t 
have your constraints. 

Glass Lewis and ISS had everything—the client relationships, the 
data, the expertise. They could have built Proxy IQ themselves. But 
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they couldn’t imagine obsoleting their own business model. JPMorgan 
could. 

Because they asked a different question: “What if we don’t need 
them at all?” 

Now ask yourself: What’s your version of that question? What 
intermediary in your business exists because “that’s how it’s always 
been done”? What vendor relationship continues because nobody’s 
questioned whether it needs to exist? If you can’t answer that 
question, someone else will. 

Closing the Gap 

If you’re reading this book, you’re probably stuck somewhere between 
“I use it, but it’s just a toy” and “It’s becoming more useful for me.” 

That’s where most companies are. You’ve deployed AI. People are 
using it. You’re getting some value. 

But here’s the problem: you’re improving at 10% while your 
competitors are improving at 40%. The gap widens every quarter. 
Your competitor—the one who jumped to End-to-End transformation 
18 months ago—isn’t comparing themselves to their past performance. 
They’re comparing themselves to what’s now possible. And they’re 
building capabilities you can’t match by optimizing existing processes. 

The Imagination Gap isn’t something you close in a single strategic 
planning session. It’s a muscle you build by repeatedly asking the hard 
question: “What would we do if we weren’t carrying all this legacy?” 
And then actually doing it—even when it’s uncomfortable. 

The rest of this book is about how to make that transition—and 
how to survive the inevitable productivity dip that happens along the 
way. 

Because here’s what nobody tells you: the path from Little-to-
Little to End-to-End goes through a valley. Productivity drops before 
it rises. Costs increase before they decrease. Your board will panic. 
Your middle managers will resist. Your best employees will threaten to 
quit. 

This isn’t a bug. It’s a feature. The productivity dip is how you 
know transformation is actually happening. If everything stays 
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smooth and comfortable, you’re not changing anything important. 
You’re just making the horse run faster. 

That valley—the place where productivity drops and boards 
panic—has a name. I call it the J-curve. And surviving it is what 
separates the winners from the 68% of initiatives that die in the Kill 
Zone. Turn the page. 

*   *   * 

Closing the Imagination Gap 

Five questions for your next executive meeting: 

1. If a new competitor entered your market tomorrow with 
unlimited AI capability, what would they do that you currently 
can’t? 

2. What percentage of your current processes exist because of 
historical constraints that AI removes? 

3. Where are you on the Little-to-Little → Middle-to-Middle → 
End-to-End spectrum? Where are your competitors? 

4. What would it cost to be wrong about AI’s impact on your 
industry? What would it cost to be right but too slow? 

5. Who in your organization has the authority to kill a process 
entirely—not automate it, eliminate it? 

The Start Here tool at flattenthej.com takes these diagnostic 
questions further. Two card types—Utility and Cost—test both 
business impact and implementation complexity through an 
interactive exercise designed for leadership team meetings. Spin the 
wheel, discuss the card with your team, repeat. Forty-five minutes of 
honest conversation about where your organization actually stands. 

  



Page 26 of 173 
 

*   *   * 

Chapter 1 Takeaways 

The Imagination Gap is the real barrier. Companies don’t 
fail at AI because of technology limitations. They fail because they 
can’t imagine what AI makes possible beyond their current 
capabilities. Glass Lewis and ISS could have built Proxy IQ. They 
couldn’t imagine obsoleting their own business model. 

Little-to-Little → Middle-to-Middle → End-to-End. 
Individual tasks lead to workflow integration, which leads to process 
transformation. Most companies are stuck at Little-to-Little. Winners 
are building End-to-End. The gap widens every quarter. 

The data is overwhelming. Eighty-three percent of firms that 
pushed through early challenges report positive ROI. Eighty-nine 
percent report both revenue increases and cost decreases. Meanwhile, 
65% of firms threw headcount at T+1 instead of automating and 60% 
are implementing manual workarounds. 

The agentic wave is already here. Forty-two percent of 
financial services firms are using or assessing AI agents. Twenty-one 
percent have deployed them in production. If you’re still debating 
chatbot pilots, you’re solving yesterday’s problem. 

The diagnostic question. Not “How can AI make us efficient?” 
but “What would a competitor unconstrained by our legacy do 
differently?” 

Next: Chapter 2—The J-Curve: Why You Will Get Worse Before You 
Get Better 

*   *   * 
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“Success is not final, failure is not fatal: it is the courage to 
continue that counts.” 

—Commonly attributed to Winston Churchill 

Chapter 2 

The J-Curve 

Why You Will Get Worse Before You Get Better 

In Same as Ever, Morgan Housel writes about the universal 
pattern of progress: things always get worse before they get better. 
The baby learning to walk falls repeatedly before taking confident 
steps. The company reorganizing its structure experiences chaos 
before clarity. The athlete rebuilding their swing performs terribly 
before breaking through to the next level. 

This isn’t a bug—it’s how transformation works. The dip is the 
price of admission—no skipping, no shortcuts, just preparation or 
panic. 

That’s individual learning. Now scale it to 500 people trying to 
transform how they work while the business keeps running, the Board 
keeps watching quarterly numbers, and your competitors are making 
the same bet with different timelines. 

Welcome to the J-curve. 

The Pattern You Can’t Avoid 

Picture Sarah, your star claims processor. Month 1, she’s thrilled with 
the AI demo—it nailed the three test cases in the boardroom, and she’s 
imagining what her team could do. Month 4, she’s double-keying 
everything, running the AI’s output against her manual work, 
correcting mistakes the demo never made, and her throughput is 
down 30%. Your board wants answers. Sarah wants her old workflow 
back. 

If this is not your first rodeo with enterprise transformation, 
you’ve seen it. The enthusiasm at kickoff. The confident projections. 
The budget approvals. Then, three months in, everything falls apart. 
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Productivity tanks. Users are frustrated. Executives panic. The CFO 
drafts termination memos. 

The pattern appears when you plot productivity over time: sharp 
drop, painful trough, eventual recovery. It looks like the letter J. 

Individual adoption curves are smooth S-curves trending upward. 
Enterprise adoption curves have a valley. You go down before you go 
up. Not because the technology is bad. Not because your team is 
incompetent. Because organizational learning works fundamentally 
differently than individual learning. 

The companies that survive don’t avoid the dip—that’s impossible 
if you’re doing real transformation. They plan for it. They make the 
dip less severe and the recovery faster. The difference between 
dropping 10% versus 30%, between recovering in 6 months versus 18. 

Let me be direct: implementing genuine AI transformation 
guarantees a productivity drop. Not a plateau. Not a slight dip. A 
measurable, painful decline that shows up in quarterly numbers and 
triggers panic at the Board level. 

This is the Kill Zone. Most companies don’t survive it—not because 
the technology fails, but because executives lose their nerve when 
productivity is down and the Board is demanding answers. 

The firms that make it through are the ones who planned for it. 

The Evidence Is Everywhere 

In 2025, researchers from MIT, the University of Colorado 
Boulder, the U.S. Census Bureau, and Stanford published the most 
comprehensive study to date on AI’s productivity effects. Analyzing 
data from two waves of U.S. Census Bureau surveys covering tens of 
thousands of manufacturing firms between 2017 and 2021, they found 
something that will make every executive who’s lived through an 
enterprise technology rollout nod in grim recognition. 

AI adoption reduced productivity by an average of 1.33 percentage 
points in the short term. That’s the average. When the researchers 
corrected for selection bias—accounting for the fact that firms 
expecting higher returns are more likely to adopt early—the short-run 
negative impact was dramatically larger, reaching up to 60 percentage 
points before eventual recovery. The firms that pushed through 
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eventually outperformed their non-adopting peers, but only after four 
or more years of sustained investment. 

Think of it as a three-act story. Act one: the short-term 
productivity drop hits, averaging 1.33 percentage points but reaching 
catastrophic levels for the most ambitious adopters. Act two: 
sustained investment in training, process redesign, and organizational 
restructuring—the intangible assets that don’t show up on anyone’s 
balance sheet. Act three: the firms that survived outperform everyone 
who sat on the sidelines. Four-plus years to get there. 

This pattern isn’t new. Stanford economist Erik Brynjolfsson 
documented it across general purpose technologies going back a 
century. When factories installed electric motors in the early 1900s, 
they kept their old layouts designed for steam power. It took two to 
three decades—and complete factory redesigns—before productivity 
jumped. The same thing happened with computers in the 1980s. 

The pattern is called the Productivity J-Curve. It’s driven by a 
simple reality: transformative technologies require massive 
investments in intangible assets—training, process redesign, 
organizational change—that don’t show up in productivity statistics 
until years later. Brynjolfsson and colleagues estimated that adjusting 
for these intangible investments yields true productivity levels nearly 
16% higher than official statistics suggest. The work you’re doing in 
the trough is creating real value. It just doesn’t show up in the 
numbers yet. 

Why Demos Lie 

In February 2026, researchers at Princeton published a study that 
may be the single most important paper for understanding why the J-
curve exists at a technical level. Stephan Rabanser, Sayash Kapoor, 
and Arvind Narayanan—the team behind the widely cited “AI Agents 
that Matter” research—tested 14 AI models from OpenAI, Google, and 
Anthropic across 500 benchmark runs and found something that 
should reframe how every executive thinks about AI deployment. 

Capability and reliability are fundamentally different dimensions. 
And nearly two years of rapid capability gains produced only modest 
reliability improvements. 
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Think aviation: planes need 99.999% reliability to fly passengers 
without a human at every decision point. The Princeton researchers 
argued that autonomous operation in high-stakes business contexts 
requires a similar standard—three to five “nines” of performance, 
meaning 99.9% to 99.999% accuracy. Current AI agents aren’t close. 
Consistency scores ranged from 30% to 75%—agents that solve a task 
on one attempt frequently fail on repeated attempts under identical 
conditions.  

Most models couldn’t distinguish their correct answers from 
incorrect ones better than random chance. Bigger models weren’t 
uniformly more reliable—scaling up actually hurt consistency in some 
cases, as larger models with richer behavioral repertoires showed 
more run-to-run variability. All three major AI providers clustered 
together on reliability scores, confirming this is an industry-wide 
limitation, not a single-vendor problem. 

This is the technical mechanism behind the J-curve. Your VP saw 
the AI nail a claims processing demo in the boardroom. She was 
watching a capability test—a single run under controlled conditions 
with a clean dataset and a carefully constructed prompt. When 500 
claims processors started using that same AI on real data with real 
edge cases, messy inputs, and a thousand variations in how they 
phrased their requests, they were running a reliability test. Different 
test, different results. That’s Month 4. 

Demos test capability. Production tests reliability. The gap 
between the two is the dip. 

The Princeton research also explains why throwing more money at 
the problem doesn’t close the gap. Scaling up models improves some 
reliability dimensions but can hurt others. You can’t buy your way past 
the J-curve with a bigger model or a more expensive vendor. You have 
to build the organizational infrastructure—structured inputs, quality 
layers, certification frameworks—that compensates for reliability 
limitations the models themselves haven’t solved. That’s what the rest 
of this book is about. 

Watching the J-Curve in Real Time 



Page 33 of 173 
 

Here’s what makes 2026 different from past technology waves: we 
can watch the J-curve happening in real time, across multiple 
industries, and the data confirms what executives feared. 

Two major surveys capture where the industry stands right now, 
and together they paint a picture of an entire sector caught mid-
transformation. 

NVIDIA’s 2026 State of AI in Financial Services report surveyed 
839 respondents across banking, insurance, fintech, and capital 
markets. The headline numbers sound triumphant: 65% of 
organizations are actively using AI, up from 45% in 2024. Nearly 90% 
are either deploying AI solutions or running pilots. Some 73% of 
leaders believe AI is important to their company’s future. 

But look beneath the surface and you see the J-curve’s signature. 
Eighty-nine percent of respondents say AI is helping both increase 
revenue and reduce costs—yet 40% cite data-related issues as their top 
challenge, up from 33% the year before. Another 35% say they lack the 
AI experts and data scientists to execute. Implementation difficulties 
rank as a persistent barrier at 28%.  

The money is flowing in—nearly 100% of respondents plan to 
maintain or increase AI spending in 2026, with 44% expecting 
budgets to rise more than 10%—but the operational reality is messy, 
expensive, and slower than anyone projected. 

The InvestOps 2026 survey tells a complementary story from the 
buyside. Among 200 global operations leaders managing anywhere 
from $10 billion to $500 billion in assets, 65% expanded operational 
teams to handle compressed settlement timelines rather than 
investing in automation. When T+1 settlement arrived, two-thirds of 
firms threw people at the problem instead of building systems that 
could absorb change without proportional cost increases. 

That’s the J-curve in action. You’re adding headcount to keep pace 
because your operating model can’t absorb changes without adding 
staff. Sixty-three percent lack unified data across front, middle, and 
back office. Nearly half—49%—cite manual data reconciliation and 
validation as a top challenge. Sixty percent are implementing manual 
workarounds as temporary solutions. Only 17% have achieved full 
straight-through processing without manual intervention. 
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Translation: most firms know they need to transform. They’re 
spending money. But they’re stuck in the trough, adding complexity 
and cost while waiting for productivity gains to arrive. 

The NVIDIA data reinforces this tension. The top spending 
priority for 2026 isn’t identifying new AI use cases—it’s optimizing AI 
workflows and production cycles that already exist, cited by 41% of 
respondents, up from 26% the year before. Companies aren’t scaling 
new capabilities. They’re trying to make current ones actually work. 
That’s what the trough looks like from the inside. 

What the J-Curve Looks Like from the Inside 

The MIT/Census research tells you the J-curve is real. The 
industry surveys tell you firms are in it right now. But neither captures 
what it feels like inside the organization when the numbers go red. 

Here’s the pattern, drawn from the documented mechanisms the 
MIT researchers identified and the operational realities the InvestOps 
and NVIDIA surveys captured. I’m describing a composite, but if 
you’ve been through an enterprise AI deployment, you’ll recognize 
every beat. 

A 12-person team in a lending department deploys AI-assisted 
underwriting. The promise: faster approvals, better risk assessment, 
fewer errors. The AI analyzes financials, flags risks, generates 
preliminary recommendations. Underwriters focus on judgment calls 
and client relationships. 

Four months in: disaster. Processing time is slower than before. 
Team output has declined significantly. Underwriters spend more 
time correcting the AI’s mistakes than they ever spent doing the work 
manually. Error rates are up. Client complaints about delays are up. 
The CFO drafts a memo recommending termination of the program. 

The Board meeting is brutal. “We spent hundreds of thousands 
and made things worse.” 

But the VP holds the line. “This is exactly what we predicted at the 
outset. Productivity will recover. We’re on track.” 

The CFO doesn’t believe it. Neither do two Board members. But 
they give it 90 more days. 
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By month 9, the team hits breakeven. Processing time returns to 
baseline. Underwriters are proficient. The AI’s recommendations are 
accurate most of the time, and when wrong, the team spots errors 
immediately. 

By month 14, transformation is complete. The same 12-person 
team is processing multiples of their original volume with zero 
headcount additions. The bottleneck shifts from underwriting to 
business development—they can’t generate enough qualified leads to 
keep the team busy. 

The CFO, who wanted to kill the program in Month 4, presents the 
results at the annual shareholder meeting as the centerpiece of the 
bank’s digital transformation strategy. 

This is the J-curve. Every element of it—the initial decline, the 
executive panic, the eventual recovery exceeding baseline—matches 
what the MIT researchers documented at scale. The firms that pushed 
through eventually outperformed their non-adopting peers. But 
“eventually” means four-plus years of sustained investment. That’s the 
part nobody wants to hear. 

The Mechanism: Why Productivity Always Drops 

The J-curve isn’t a failure of technology. It’s a feature of 
organizational learning. Four forces drive the decline, and 
understanding them is the difference between planning for the trough 
and being blindsided by it. 

Double-Keying. 

During training, staff must do the work manually AND supervise the 
AI simultaneously. An underwriter who used to spend 3 hours 
analyzing a loan application now spends 2 hours analyzing it manually 
plus 2 hours reviewing what the AI produced and correcting its errors. 
Workload doesn’t decrease—it increases by roughly 1.5x. This is the 
mechanism that drove Sarah’s frustration in Month 4. She isn’t failing. 
She’s doing two jobs at once. 

This isn’t optional. You can’t trust AI output until you’ve verified it 
against manual work hundreds of times. The AI is learning what 
“good” looks like by watching humans. But humans are doing double 
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the work while learning happens. The productivity drop isn’t a bug. 
It’s the cost of training. 

The InvestOps data confirms this pattern. Sixty-five percent of 
firms responded to accelerating market requirements by expanding 
operational teams rather than accelerating automation. They’re 
adding people because the AI isn’t ready to work unsupervised—but 
they can’t afford to stop manual work either. You’re caught in the 
middle. Double-keying. Paying for both. 

The Friction of Unlearning. 

The MIT researchers found something counterintuitive: older, 
more established firms experienced significantly larger short-term 
productivity losses than younger firms. The reason isn’t that older 
firms have worse technology. It’s that they have more accumulated 
knowledge, process design, and organizational structure built around 
the old way of doing things. 

Your best underwriter has 20 years of experience. She knows 
which financial ratios matter for which industries. She knows which 
documentation is critical and which is noise. She can spot a bad loan 
in 30 seconds by pattern-matching against thousands of previous 
applications. 

Now you’re asking her to supervise an AI that doesn’t know any of 
that yet. Worse, you’re asking her to trust a system that occasionally 
contradicts her hard-won judgment. She doesn’t resist because she’s 
afraid of change. She resists because her expertise is being devalued—
and she’s not wrong. The AI’s judgment is worse than hers right now. 
It won’t always be. But right now, it is. 

The friction of unlearning is highest among your most valuable 
people. The ones you can least afford to alienate are the ones most 
resistant to change. Not because they’re luddites—because they’re 
experts. 

Process Breakage. 

Every enterprise has decades of accumulated workarounds. The 
spreadsheet that reconciles data between two systems that were never 
designed to talk to each other. The email chain that serves as an 
approval workflow because the official system doesn’t handle 
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exceptions. The PDF that someone prints, signs, scans, and emails 
back because nobody automated the signature process. 

None of that is documented. It’s just “how things work.” 

When you deploy AI, those workarounds break. The AI can’t 
access the PDF in someone’s email. It doesn’t know about “what we 
did last time.” It needs structured inputs to produce structured 
outputs. Suddenly you’re debugging 15 years of accumulated 
workarounds. Every edge case that someone handled manually now 
requires a decision: Do we build this into the AI? Do we standardize 
it? Do we eliminate it? 

These are good questions to answer. But answering them takes 
time. While you’re answering them, productivity drops. 

InvestOps found that 49% of firms cite manual data reconciliation 
as a top operational challenge and 60% are implementing manual 
workarounds as temporary solutions. The NVIDIA survey 
corroborates: data-related issues—privacy, sovereignty, data scattered 
across disparate locations—are the number one challenge, cited by 
40% of respondents. Firms are discovering their processes are worse 
than they thought. The workarounds are multiplying faster than the 
automation. 

Measurement Chaos. 

Your KPIs were designed for the old world. “Loans processed per day” 
made sense when underwriters did everything manually. Now what 
are you measuring? Loans where the AI generated a preliminary 
assessment? Loans where underwriters accepted the AI 
recommendation without modification? Loans where the AI was 
overruled? Loans processed faster than baseline? Loans processed 
with fewer errors? 

All of these matter. None of them existed in your old system. Your 
dashboard shows “loans processed per day” declining, but it doesn’t 
show “underwriters reviewing AI output and catching errors before 
they reach clients.” 

You’re measuring the wrong things. The numbers look bad 
because you’re tracking yesterday’s metrics during tomorrow’s 
transformation. 
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Only 18% of buyside firms have adopted predictive analytics with 
decision support. Only 20% operate on a single platform enabling 
immediate decision-making. Most firms are flying blind through the 
J-curve because their measurement systems weren’t built for this 
transition. 

The Kill Zone: Months 3–6 

Here’s when most CIOs get fired. Budget spent, productivity down, 
Board panicking. The initiative looks like failure precisely when 
transformation is beginning. 

Month 3: Users are certified but not proficient. They know how to 
use the tool but don’t trust it yet. They’re still double-checking 
everything, so workload is at its peak. The AI is making mistakes on 
edge cases nobody anticipated. Support tickets are flooding in. 

Month 4: The CFO pulls usage reports. Only 40% of certified users 
are actively using the system. The other 60% have reverted to old 
workflows because “it’s faster.” Productivity is down from baseline. 
Error rates are up. Client complaints about delays are up. 

Month 5: Board meeting. The CEO asks pointed questions. “When 
will we see results?” The CIO points to the original timeline showing 
breakeven at Month 9. The CFO counters with current trajectory 
showing breakeven at Month 14. Two Board members suggest pulling 
the plug. 

Month 6: Make-or-break moment. Either the executive team holds 
the line and gives it 90 more days, or they kill the program and write 
off the investment. 

This is where most AI programs die. Not because they were 
doomed to fail—because leadership didn’t plan for the dip and 
panicked when it arrived. 

The NVIDIA data shows why the stakes keep rising. Forty-two 
percent of financial services firms are now using or assessing agentic 
AI—systems that autonomously reason, plan, and execute complex 
tasks. Twenty-one percent have deployed them in production.  

But the challenges with agents mirror the J-curve pattern exactly: 
34% cite performance and reliability issues, 33% cite lack of internal 
skills to manage them, and 30% cite data-related problems. The firms 
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entering the agentic era without having survived the J-curve of basic 
AI adoption are going to hit a wall twice as hard. 

The Survival Guide 

If you’re going to make it through the J-curve, you need four things in 
place before the trough arrives. 

The Pre-Mortem: Set Expectations Before the Dip. 

Before you deploy, tell the Board explicitly: “Productivity will 
decline in Months 3–6. If it doesn’t decline, we’re not actually 
changing anything meaningful.” 

Frame it as the cost of transformation. “We’re going to have a bad 
quarter. That’s the price of building capability that will compound for 
years.” 

Get this on record in Month 0. When Month 4 arrives and the CFO 
wants to kill the program, you pull out this presentation and say: “As 
predicted.” This is your insurance policy. Without it, when things get 
bad, leadership will interpret the dip as failure rather than progress. 

The North Star Metric: Ignore “Time Saved” During the 
Trough. 

The wrong metric during the J-curve is “hours saved per 
employee.” This will be negative. You’re not saving time—you’re 
investing time in training the AI and building proficiency. 

The right metrics during the trough are leading indicators: Is the 
AI’s output getting more accurate week over week? Are error rates 
declining? What percentage of users have completed Gamma 
certification? How many have graduated to Beta? What’s the weekly 
active usage rate? 

Don’t measure ROI in the trough. You’re not getting ROI yet. 
Measure learning. If learning happens, ROI will follow. 

Protected Budget: Lock in 18 Months Before You Start. 

Six-month pilots die in the Kill Zone. The budget runs out in Month 6, 
right when you’d normally break even in Month 9. 
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Lock in 18 months of funding before you start. Tell the Board: “We 
will not know if this worked until Month 12 at the earliest. If we stop 
at Month 6, we will have spent the money and gotten nothing.” 

This requires conviction. You’re asking for money with no early 
exit. Most leaders aren’t willing to make that ask. That’s why most AI 
programs fail. The MIT research is clear: companies that push 
through need four or more years before early adopters outperform 
non-adopters. The upside is real, but it’s not fast. 

The good news from NVIDIA’s survey: 83% of financial services 
firms that have pushed through now report seeing a return on 
investment in their AI use cases. Eighty-nine percent say AI is helping 
both increase annual revenue and decrease annual costs. The other 
side of the J-curve is real. But only if you survive the trough. 

Leading Indicators: Track Certification, Not Output. 

During the J-curve, track adoption behavior, not business 
outcomes. How many people completed Gamma certification within 
their squad? How many have graduated to Beta? What’s the weekly 
active usage rate? How many support tickets are filed? High ticket 
volume in Month 3 is good—it means people are using the system and 
finding edge cases. 

Output metrics will be bad during the trough. Behavior metrics tell 
you if you’re on track to make it out. 

The Communication Framework 

What you say, and when, determines whether you survive the J-curve. 

Month 0: The Board Presentation. 

“We are implementing AI-assisted underwriting in the commercial 
loan department. Based on research from MIT and the U.S. Census 
Bureau studying tens of thousands of manufacturing firms, and 
NVIDIA’s survey of 839 financial services institutions showing that 
the top challenge remains data integration and skills gaps even among 
the most advanced adopters, we expect productivity to decline in the 
short term as the team learns the system and we refine workflows.  
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This is normal and expected. Productivity will return to baseline 
within 9–12 months and should significantly exceed our current 
capacity by 18–24 months. We have locked in an 18-month budget to 
ensure we reach the productivity gains on the other side of the 
learning curve.” 

This is your insurance policy. When Month 4 arrives and 
productivity is down, you pull out this presentation and say: “As 
predicted.” 

Month 4: When the Dip Arrives. 

“As predicted in our Month 0 presentation, productivity has 
declined in the short term. This is within the expected range based on 
similar enterprise AI implementations. 87% of squad members are 
now Gamma-certified. Error rates have declined 22% from Month 2. 
We are on track for breakeven in Q4.” 

Notice what you’re not saying: “We’re sorry” or “We’re working to 
fix this” or “We didn’t expect this.” You’re not apologizing for the dip—
you predicted it. You’re reporting progress on the metrics that matter, 
not defending failure. 

Month 10: Recovery Begins. 

“Productivity has returned to baseline. Early wins appearing in the 
commercial lending team—we processed 30% more volume last 
month with the same headcount. Three squad members have achieved 
Beta certification and are building approved automated workflows. 
We’re expanding the pilot to the consumer lending team in Q1.” 

Now you start talking about outcomes. Not before. 

The Psychological Game 

The J-curve isn’t a technical problem. It’s a psychological problem. 
Executives panic when short-term metrics decline, even when long-
term strategy is sound. 

Your job isn’t to avoid the dip—it’s to survive it. Set expectations. 
Track the right metrics. Communicate relentlessly. Lock in the budget 
before the pressure arrives. 
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The firms that make it through don’t just recover. They 
outperform with 30% capacity increases, as NVIDIA’s survivors 
report. Fifty-two percent of firms that pushed through cite operational 
efficiency as one of the top ways AI improved their business, and 48% 
report boosted employee productivity—that second number more than 
doubled from 22% the year before. The gains accelerate once you’re 
past the trough. 

Surviving the dip also means asking the right questions mid-
trough. Before you automate a broken process, ask the E-S-A 
questions: Can we eliminate this step entirely? Can we standardize 
what remains? Only then should you automate. Chapter 6 builds the 
full framework, but the instinct needs to start here—in the Kill Zone, 
when the temptation is to throw more technology at workflows that 
shouldn’t exist in the first place. 

The Gap Is Widening 

The InvestOps data shows the separation happening now. After 
two consecutive years prioritizing operational efficiency, 55% of firms 
have shifted their top priority to competitive differentiation through 
innovation. Portfolio management and trading innovation jumped 
from 32% to 56% in a single year.  

Technology initiatives supporting this shift—advanced client self-
service, reduction of manual processes through automation, portfolio 
management and trading innovation—each jumped approximately 20 
percentage points from 2025. 

The firms that survived their J-curve 18–24 months ago aren’t just 
more efficient. They’re building new capabilities. They’re launching 
products competitors can’t match. They’re responding to regulatory 
changes without adding headcount. 

The firms still stuck in the trough are falling behind at an 
accelerating rate. 

This is why the J-curve matters so much. It’s not just a temporary 
inconvenience. It’s a permanent sorting mechanism. The firms that 
get through it pull away. The firms that don’t get stuck in an 
expanding gap they may never close. Your competitor is launching AI-
driven products while you’re still reconciling data manually—that’s 
not a gap. It’s a chasm. 
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Chapter 3 shows you how to build momentum during the trough—
fast wins that create political cover while the organization navigates 
the Kill Zone. 

*   *   * 
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Digital Assets 

The Don’t Panic tool at flattenthej.com provides three pre-written 
executive communication scripts—one for each critical J-curve 
milestone. Enter your email to unlock all three as downloadable Word 
documents. 

Month 0: “The Insurance Policy.” Lock in 18-month budget and 
get the productivity dip on record before deployment begins. Includes 
three slides: J-curve visual showing expected trough and recovery, 
leading indicators you’ll track instead of ROI, and the budget ask with 
protected timeline. This presentation is your shield when Month 4 
arrives. 

Month 4: “Hold the Line.” Kill Zone survival script. No 
apology, no hedging. Report leading indicators—certification rates, 
error rate trends, usage patterns. Point back to the Month 0 
presentation: “As predicted.” Includes a “What You Must Not Say” 
section covering the phrases that trigger Board panic. 

Month 10: “The Victory Lap.” Story first—find a Sarah, the 
person whose work was transformed. Then the 30% capacity number. 
Then the expansion ask. The victory lap isn’t just celebration. It’s your 
pitch for the next deployment, baked into the success story of the first 
one. 

Access all three scripts at flattenthej.com. 
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*   *   * 

Chapter 2 Takeaways 

The J-curve is real and inevitable. MIT and Census Bureau 
research across tens of thousands of firms confirms: AI adoption 
reduces productivity by 1.33 percentage points on average in the short 
term, with some firms experiencing declines up to 60 percentage 
points. This isn’t failure—it’s the documented cost of organizational 
transformation. 

Demos test capability. Production tests reliability. 
Princeton researchers found that 18 months of rapid capability gains 
produced only modest reliability improvements, with consistency 
scores ranging from 30% to 75%. The gap between what AI does in a 
demo and what it does in production is the J-curve’s technical 
mechanism. 

The Kill Zone is Months 3–6. This is when executive panic 
peaks, usage drops, and programs get killed. The firms that survive 
don’t avoid the dip—they plan for it, communicate through it, and 
fund past it. 

Track learning, not output. During the trough, the right 
metrics are squad certification completion rates, error rate trends, and 
usage patterns—not ROI. ROI comes later. If learning happens, ROI 
follows. 

Lock in 18 months before you start. Six-month pilots die in 
the Kill Zone. The budget runs out right when breakeven would arrive. 
Protected funding is the single most important survival factor. 

The gap is permanent. Firms that survive the J-curve are 
shifting from efficiency to innovation. Firms still in the trough are 
falling behind at an accelerating rate. The J-curve isn’t a temporary 
inconvenience—it’s a sorting mechanism. 

*   *   * 
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“The most effective way to do it, is to do it.” 

—Amelia Earhart, advice to women in aviation, circa 1930s 

Chapter 3 

Stepping Stone Projects 

How to Get a Win in 30 Days 

Morgan Housel describes a pattern that shows up everywhere, 
from ice ages to investing: things that compound rarely feel like 
they’re compounding when they’re happening. You plant a bamboo 
seed. For the first year, nothing visible happens. Year two, still 
nothing. Years three, four, five—no growth above ground. Then in year 
six, the bamboo shoots up 90 feet in six weeks. The growth didn’t start 
in year six. It started on day one. You just couldn’t see it because the 
plant was building roots. 

This is how momentum works in organizations. The visible wins 
that leaders celebrate—the 400% capacity increase, the eliminated 
cost center, the new revenue stream—didn’t start when they became 
visible. They started with something small that nobody noticed at the 
time. People underestimate small things that compound and 
overestimate big things that don’t. They want the dramatic gesture, 
the bold initiative, the transformational program. They discount the 
quiet accumulation of marginal gains. 

Earhart didn’t wait for someone to design a perfect flight plan 
across the Atlantic. She climbed in the cockpit and flew. Chapter 2 
explained why productivity drops during real transformation—the J-
curve is inevitable. This chapter is about what you do while you’re in 
the trough: you stack small wins until the Board stops panicking and 
the organization starts believing. You’re not trying to transform 
everything at once. You’re building bamboo roots. 

Imagine your Board in Month 4, staring at a 15% productivity dip, 
ready to kill the budget. This chapter hands you the wins to change 
their minds. 

The Problem with Grand Plans 
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Most AI initiatives die because they try to boil the ocean. The 18-
month roadmap. The cross-departmental steering committee. The 
enterprise architecture review. The change management consultants 
who bill $400/hour to create PowerPoints nobody reads. By the time 
you’ve finished planning, the Board has lost patience and the budget is 
gone. 

The data backs this up from every angle. Everyone is moving—the 
InvestOps 2026 survey of 200 global buyside leaders found 70% 
actively deploying AI solutions, NVIDIA’s State of AI in Financial 
Services report found 65% of organizations actively using AI (up from 
45% in 2024), and nearly 90% are either deploying or running pilots. 
Yet most organizations struggle with the same pattern: ambitious 
plans that collapse under their own complexity. Nearly a third of firms 
in the InvestOps survey have noted that their AI deployments remain 
limited to a handful of use cases, hindered by fragmented data, legacy 
systems, talent gaps, and cultural inertia. Your competitor is already 
past this stage. You’re still planning. 

You know how this plays out. Months 1–3: formation of working 
groups, stakeholder interviews, requirements gathering. Months 4–6: 
vendor selection RFP, three finalists, arguments about build versus 
buy. Months 7–9: pilot scope definition, political arguments about 
whose budget and whose department goes first. Months 10–12: pilot 
finally launches, designed by committee to offend nobody and help 
nobody. Months 13–18: results are “inconclusive,” CIO presents 
revised plan, Board has moved on to the next crisis. You just spent 18 
months and $2M to prove nothing. 

NVIDIA’s data reveals where the money is actually going: the top 
spending priority for financial services firms in 2026 isn’t identifying 
new AI use cases—it’s optimizing AI workflows and production cycles 
that already exist, cited by 41% of respondents, up from 26% the year 
before. Companies aren’t scaling bold new capabilities. They’re trying 
to make current ones actually work. 

The alternative: pick one thing, build it fast, show it works, repeat. 

The Person Who Makes It Work 

Every organization that successfully navigates AI transformation 
has one person—often unrecognized, rarely thanked—who makes it 
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happen. Not the CIO. Not the Chief Digital Officer. Not the 
consultants. A middle manager who understands both the business 
process and the technology well enough to iterate fast. Someone who 
moves at the speed of problems, not approvals. 

Call this person the Business AI Disruptor. The title doesn’t 
matter. The role does. 

This is not IT’s job. IT builds infrastructure. IT maintains systems. 
IT keeps the lights on. That’s critical work. But IT doesn’t feel the daily 
pain of the accounts payable process that takes 47 manual steps. IT 
doesn’t know which 12 of those steps exist only because someone 
retired in 2009 without documenting a workaround. The Business AI 
Disruptor lives in that process. Knows where it breaks. Knows which 
steps are theater and which actually matter. And knows the political 
landscape well enough to get things done without asking permission. 

Look for the ops manager who’s already hacking ChatGPT at 11 
PM because they’re tired of copying data manually. The best 
candidates are at the department-level business management layer: 
operations managers who own process flows, senior analysts who 
touch data all day, team leads who hear complaints from frontline 
staff. People close enough to feel the pain but senior enough to have 
discretionary time.  

They understand the difference between process documentation 
(fiction) and actual workflow (truth). They don’t need convincing 
about the technology; they need permission to scale it. They have 
credibility with both leadership and frontline staff. And they don’t 
wait for permission—the best Business AI Disruptors have a track 
record of small acts of intelligent disobedience.  

At one insurer, it was the compliance lead who quietly automated 
weekly regulatory reports—saving 22 hours per week before anyone in 
leadership noticed. That’s the profile. 

Give them protected time—even just 10 hours per week initially—
connect them with IT for technical support, and point them at a 
Stepping Stone Project. You’ll know within four weeks if you picked 
right. 

What Makes a Good Stepping Stone 
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Not all projects are equal. Pick one with four characteristics. 

One team, one process. No cross-departmental dependencies. 
No waiting for other people to finish their part. The entire project sits 
within one manager’s control. The moment you introduce 
dependencies, you introduce delay. Delay kills momentum. 
Momentum is the only thing that matters during the J-curve. 

Visible results. Leadership needs to see it work. Frontline staff 
need to see it work. A win that nobody hears about doesn’t build 
momentum. If the CFO asks “What have we accomplished?” at the 
next Board meeting, someone needs to answer: “The compliance team 
eliminated 22 hours per week of manual data entry. They’re now 
processing 40% more cases with the same headcount.” Specific. 
Measurable. Understandable by non-technical executives. 

Room to fail. If this project fails, nobody gets fired. The stakes 
are high enough to matter but low enough to experiment. If people 
believe their jobs are on the line, they’ll sandbag. They’ll only propose 
initiatives they’re 100% certain will succeed—which means 
incremental improvements, not transformational changes. You want 
intelligent risks. That requires downside protection. 

Repeatable. Success in one team becomes a template for ten. 
Don’t pick a one-off that solves a problem unique to a single person. 
Pick something where, if it works, you can copy it to similar teams in 
other departments. The goal isn’t one win. The goal is one win that 
creates a pattern for many wins. 

Where to start: find tasks that are high value (moves the needle if 
you fix them) and high pain (everyone hates doing them). That’s your 
first Stepping Stone. High value doesn’t mean “saves $10M annually.” 
It means “if this worked better, leaders would notice and staff would 
thank you.” High pain means “everyone complains about it and we’ve 
built workarounds to avoid it.” 

The Value Formula 

Once you’ve identified a handful of candidates, you need a way to 
compare them. Not a spreadsheet with weighted scores—that’s the 
enterprise planning disease this chapter is trying to cure. You need a 
heuristic that fits on a napkin and forces honest conversation. 
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Here it is: Value equals Utility divided by Cost. 

That’s it. It’s a variation on internal rate of return, simplified for a 
conference room conversation. Utility is the numerator—how much 
does this project matter if it works? Cost is the denominator—how 
much organizational energy does it take to find out? A project with 
enormous utility but enormous cost (touches six systems, requires 
Legal sign-off, needs a vendor integration) might score the same as a 
project with modest utility and almost no cost (one team, existing 
tools, data already accessible). The formula doesn’t tell you which 
project is “right.” It tells you which projects give you the best return 
on organizational energy—and organizational energy during the Kill 
Zone is the scarcest resource you have. 

In practice, this means a project like automating compliance 
checks—VP-noticeable impact, single-team scope, existing data—
scores far better than overhauling the general ledger, which might 
deliver bigger impact but touches six systems and requires Legal, 
Finance, and two vendor integrations. In healthcare, it means ditching 
the cross-department RFP for a single-team claims processing bot that 
demos in Week 4. The formula biases toward action, which is exactly 
what you need during the Kill Zone. 

This isn’t meant to be calculated to two decimal places. It’s meant 
to be argued over. The value of the formula is the conversation it 
forces, not the number it produces. When a department head says 
“automating the monthly reconciliation is high utility” and someone 
else says “but it touches the general ledger, the trading system, and 
two vendor feeds—that’s high cost,” you’re having the right 
conversation. You’re surfacing complexity before it surfaces itself at 2 
AM on a Friday. 

Think of it as a relative stack ranking. You’re not trying to 
determine the absolute value of any single project. You’re trying to 
determine which of your five or six candidates gives you the highest 
ratio of impact to effort. The one that sits in the upper-right 
quadrant—high utility, low cost—is your first Stepping Stone. The one 
in the lower-left—low utility, high cost—is the project you kill before it 
kills your momentum. 

There are two categories of questions that drive this conversation. 
The first tests utility: Does this project produce results that a VP 
would mention at the next all-hands? If we fix this, does the team get 
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measurably faster, more accurate, or able to handle more volume? 
Can you explain the benefit in one sentence to someone who doesn’t 
work in your department? Is there a line-of-business owner who 
would sponsor this personally? These aren’t survey questions with 
Likert scales. They’re conversation starters. If the room can’t answer 
them clearly, the project isn’t ready. 

The second category tests cost: How many systems does this 
touch? Name them. Who outside this room needs to approve it? How 
many weeks before someone can start building? Is the data already 
accessible, or does someone need to negotiate access? What’s the 
worst thing that happens if the prototype breaks? Again, not a scoring 
rubric. A provocation. The answers reveal whether a project is 
genuinely low-cost or whether the team is underestimating the 
organizational drag that will slow them down. 

Here’s what the formula protects against. Every leadership team 
has a bias: they gravitate toward high-visibility, high-complexity 
projects because those feel important. The CEO’s pet initiative. The 
cross-functional digital transformation. The customer-facing chatbot 
that will require six months of legal review. These projects score high 
on utility but catastrophically high on cost. The ratio is terrible. 
They’re J-curve accelerators—they make the dip deeper and longer. 
The Value Formula redirects attention to the boring, unglamorous 
projects that nobody puts on a conference slide but that actually work. 
The compliance workflow that takes 47 steps. The reconciliation that 
three people spend every Friday doing manually. The report that 
someone rebuilds in Excel every month because the last system 
migration broke the automated version. These are ugly problems with 
beautiful ratios: high utility to the people who live with them, low cost 
because they sit inside one team with existing data. 

The formula also serves as a kill mechanism. If you can’t make a 
credible case for either high utility or low cost, the project doesn’t 
make the list. This is harder than it sounds. Organizations generate AI 
project ideas the way they generate meeting invites—constantly, 
reflexively, without quality control. The Value Formula gives you a 
polite way to say “not yet” without killing enthusiasm. “The utility is 
real, but the cost profile doesn’t fit a Stepping Stone. Let’s revisit this 
when we’ve built the infrastructure in Phase Two.” 

One more thing. The formula changes as you mature. Early in the 
J-curve, you need low-cost, high-utility projects—fast wins that prove 
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the technology works and build political cover. Once you’ve survived 
the Kill Zone and have three or four wins under your belt, you can 
afford to take on higher-cost projects because you’ve built the 
organizational credibility and technical infrastructure to absorb them. 
The denominator tolerance increases as your track record grows. 
What would have been a dangerous bet in Month 2 becomes a 
reasonable investment in Month 10. 

When Klarna Let AI Answer the Phone 

In February 2024, Klarna deployed an AI assistant to handle customer 
service inquiries. Not a company-wide AI transformation. Not an 18-
month roadmap. One function, one process, fast deployment. 

The results in the first month alone: the AI assistant handled 2.3 
million conversations—two-thirds of all incoming customer service 
chats. Average resolution time dropped from 11 minutes to under 2 
minutes. The capacity equivalent: roughly 700 full-time agents. 
Klarna reported approximately $40 million in profit improvement 
tied to AI efficiencies in 2024, with a 40% reduction in cost per 
transaction since early 2023. 

This is a textbook Stepping Stone. One team (customer service). 
One process (incoming chat inquiries). Visible results (resolution 
time, volume handled, cost reduction). Repeatable (the same pattern 
could expand to email support, phone routing, internal help desk). 
Klarna didn’t try to transform every function simultaneously. They 
picked the highest-volume, highest-pain process, proved it worked, 
and let the results speak for themselves. 

Run it through the Value Formula: utility was massive—customer 
service was Klarna’s single highest-volume human interaction. Cost 
was manageable—one channel, one input type, existing data, no cross-
departmental dependencies. The ratio was obvious. That’s why it 
worked. 

The pattern mirrors what NVIDIA found across financial services: 
document processing ranks as the top AI use case in capital markets at 
35%, and a leading use case across banking and insurance. High-
volume, repetitive, manual work—exactly the kind of process that 
makes a perfect Stepping Stone. One visible win created more 
momentum than any strategy deck could have. 
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Why Small Wins Work 

Technology changes. Human behavior doesn’t. 

People copy what works. One colleague’s success story beats 
ten executive memos. When leadership announces a new initiative 
from the top down, people are skeptical—“Here we go again, another 
flavor-of-the-month.” When a peer shows them something that 
actually works? They pay attention. “Wait, Sarah automated that 
terrible report we all hate? How’d she do it?” Peer adoption beats 
executive mandate every time. 

Fear beats greed. “Your competitor is already doing this” 
motivates more than “You could save 20%.” Humans are loss averse—
we work harder to avoid losing something we have than to gain 
something we don’t. After two consecutive years prioritizing 
operational efficiency, 55% of buyside firms now prioritize competitive 
differentiation through innovation—the first time innovation has 
overtaken efficiency as the top strategic priority. Portfolio 
management and trading innovation jumped from 32% to 56% in a 
single year. The fear of falling behind is driving faster adoption than 
the promise of cost savings. Frame AI adoption as a competitive 
threat, not an efficiency opportunity. 

Stories beat spreadsheets. The Board remembers “Sarah 
automated the compliance report” longer than “We achieved 3.2x 
ROI.” When you present quarterly results, give the CFO the numbers. 
But lead with the story: “The compliance team was drowning in 
manual data entry. Sarah built an agent that eliminated 22 hours per 
week of grunt work. Now the same team is processing 40% more cases 
and compliance is asking to expand the pilot.” That story sticks. The 
3.2x ROI gets forgotten the moment the slide advances. Housel’s 
observation: facts don’t change minds, stories do. Numbers prove. 
Stories persuade. 

The 4-Week Sprint 

If you can’t show something working in four weeks, you picked the 
wrong project. Not “fully deployed and scaled to the enterprise.” Not 
“integrated with 15 legacy systems.” Just: does it work? Can you 
demonstrate value to a skeptical manager in a live demo? 
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Week 1: Define the problem. What’s the input? What’s the 
output? What does “good” look like? Be ruthlessly specific. Don’t 
define the problem as “improve customer service.” Define it as: “When 
a customer calls with a billing question, pull their account history, 
identify the three most likely issues, and surface the relevant policy 
section to the rep—all within 10 seconds.” If you can’t describe the 
success criteria in one sentence, you don’t understand the problem 
well enough to solve it. 

Week 2: Build the ugly version. Duct tape and prayers. Does 
it work at all? This is where most people get stuck—they want clean 
code, scalable architecture, elegant UI. Stop. You need proof the 
concept works. Ship the ugliest version that demonstrates value. If it 
works, you can clean it up later. If it doesn’t, you just saved yourself 
three months of polishing something nobody wanted. 

Week 3: Test with real data. Feed it 50–100 real examples. 
Where does it break? Where does it hallucinate? Where does it give 
answers that are technically correct but useless? NVIDIA’s survey 
found that 40% of financial services firms cite data-related issues as 
their top challenge—up from 33% the year before. Week 3 is where 
you discover if your data is good enough to support the use case. 
Better to find out now than after a six-month rollout. 

Week 4: Demo to leadership. Show, don’t tell. Don’t send a 
memo. Don’t create a slide deck. Do a live demo—don’t slide-deck it. 
Show the 20-minute old way side by side with the 30-second AI way. 
Watch the CFO’s eyes light up. “Here’s how we do it today: 20 minutes 
per case, 30 cases per day. Here’s the AI version: 30 seconds, same 
accuracy.” Then ask: “Should we keep building this, or try something 
else?” If they say keep building, you’ve got a Stepping Stone. If they 
say try something else, you killed a bad idea in 4 weeks instead of 18 
months. 

Political Cover During the Kill Zone 

Chapter 2 explained the J-curve: productivity drops before it rises, 
and most companies panic during the trough. Stepping Stone Projects 
are the antidote to panic. 

When the Board asks “What have we accomplished?” in Month 4—
when productivity is down and the CFO is questioning the 
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investment—you need visible wins to point to. Not ROI projections. 
Not “we’re building capability.” Actual working solutions that real 
people are using to do real work. 

The firms that push through are getting rewarded. NVIDIA’s 
survey found that 83% of financial services firms that persisted 
through the early challenges now report positive returns on their AI 
investments. Eighty-nine percent say AI is helping both increase 
revenue and decrease costs. Nearly 100% plan to maintain or increase 
AI spending in 2026, with 44% expecting budgets to rise more than 
10%. 

The other side of the J-curve is real. But only if you survive the 
trough. One win in Month 2. Another in Month 4. Another in Month 
6. By Month 8, when productivity starts recovering, you’ve got a track 
record of delivered value that makes it impossible for skeptics to kill 
the program. You’re not trying to transform the enterprise in 4 weeks. 
You’re building evidence that transformation is possible. Evidence 
beats promises. 

What’s Next 

You’ve got your Business AI Disruptor identified. You’ve picked your 
first Stepping Stone. You’ve shown leadership a working solution in 4 
weeks. 

Now you’ve got a new problem: people are using AI, but they’re 
using it badly. They’re treating it like a toy—writing emails, 
summarizing documents, doing trivial tasks that don’t move the 
business forward. You’re spending $30 per seat per month on 5,000 
employees, and 91% of them are in Toy Mode. That’s $1.8 million a 
year on expensive email summarization. Chapter 4 breaks you out—
how to escape Toy Mode through the Squad Model, turning casual 
users into certified operators who drive real business value. 
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Digital Assets 

The Start Here tool at flattenthej.com operationalizes the Value 
Formula and the Stepping Stone selection criteria from this chapter 
into an interactive exercise you can run with your leadership team in 
under an hour. 

Two card types drive the conversation. Utility cards test the 
numerator—whether a project is visible enough and impactful enough 
to build momentum. Questions like “If we fix this, does a VP mention 
it at the next all-hands?” Cost cards test the denominator—
implementation complexity, dependencies, and organizational drag. 
“How many systems does this touch? Name them.” Together they 
force the honest assessment that most project selection processes 
skip: is this Stepping Stone worth the organizational energy it will 
cost? 

Spin the wheel, discuss the card with your team, repeat. No 
scoring rubric. No weighted matrix. Just 45 minutes of structured 
conversation designed to surface the project with the best value ratio—
high utility, low cost—that gives you the best chance of a visible win in 
30 days. 

Access the Start Here tool at flattenthej.com. 
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Chapter 3 Takeaways 

Stack small wins before they compound. Momentum builds 
underground before it breaks through. Don’t chase the dramatic 
gesture—accumulate marginal gains. Klarna’s AI assistant handled 2.3 
million conversations in its first month because they picked one 
process and executed fast. 

Embed a Business AI Disruptor in every business unit. 
Someone from inside the business function must own rapid workflow 
iteration. Not IT, not change management, not consultants. An 
embedded operator who moves at the speed of problems. 

Select Stepping Stones with four characteristics. One 
team, one process. Visible results. Room to fail. Repeatable success 
that becomes a template for scale. 

Score projects on a napkin, not a spreadsheet. Value 
equals Utility divided by Cost. The best Stepping Stone has the highest 
ratio of business impact to organizational energy. Early in the J-curve, 
bias hard toward low-cost projects—you can afford bigger bets after 
you’ve survived the Kill Zone. 

Prove concepts in four weeks or pick a different project. 
Define (Week 1), build the ugly version (Week 2), test with real data 
(Week 3), demo and decide (Week 4). Live-demo the old way versus 
the AI way. If you can’t prove value in 4 weeks, the project is wrong. 

Lead with stories, back with numbers. Peer success stories 
beat executive mandates. Fear of competitive loss beats promise of 
efficiency gains. The Board remembers “Sarah automated the 
compliance report” longer than “We achieved 3.2x ROI.” 

Build evidence to survive the trough. Only 17% of firms 
achieved full straight-through processing. The other 83% are stuck in 
partial automation. Stepping Stone Projects build the track record and 
momentum to push past the Kill Zone into real transformation. 

Next: Chapter 4—Escaping Toy Mode: The Squad Model 

∗ ∗ ∗ 
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“There is nothing so useless as doing efficiently that which 
should not be done at all.” 

—Peter Drucker, The Effective Executive (1967) 

Chapter 4 

Escaping Toy Mode 

The Squad Model 

Morgan Housel writes that incentives are the most powerful force in 
the world. People don’t do what makes sense—they do what gets 
rewarded. Put the wrong metric in front of the smartest team in your 
company, and they will optimize for that wrong metric with terrifying 
efficiency. 

Drucker saw the same thing sixty years earlier. Doing the wrong 
thing efficiently is worse than doing nothing—because it creates the 
illusion of progress while consuming the resources you need for real 
work. That’s exactly what’s happening with enterprise AI adoption in 
2026. Companies are handing out generative AI tools to thousands of 
employees, then wondering why nobody’s generating business value. 

NVIDIA’s State of AI in Financial Services report—surveying 839 
respondents across banking, insurance, fintech, and capital markets—
found that 65% of financial services organizations are actively using 
AI, up from 45% in 2024. The InvestOps 2026 survey found 70% of 
global investment firms actively deploying AI solutions. Nearly 100% 
of NVIDIA’s respondents plan to maintain or increase AI spending in 
2026, with 44% expecting budgets to rise more than 10%. The money 
is flowing. But when you look at what those solutions are actually 
doing, the picture gets ugly fast. Only 18% of firms have adopted 
predictive analytics with decision support. Only 17% achieved full 
straight-through processing. The rest? They’re in Toy Mode—using 
$30-per-seat-per-month enterprise AI licenses to summarize emails 
and rewrite Slack messages. 

The $1.8 Million Email Problem 
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Picture this: a global company with 5,000 employees deploys 
ChatGPT Enterprise at $30 per seat per month. Total annual cost: 
$1.8 million. Eleven months later, leadership asks the obvious 
question: “What are we getting for that money?” 

IT runs a usage audit. The data comes back: 600 users haven’t 
logged in for 60 days. Another 3,200 are using it exclusively for email 
summarization and document formatting. The most common prompt 
across the entire organization: “Make this sound more professional.” 

The COO’s response: “We’re paying $1.8 million a year for 
Grammarly.” 

And if you’re in a regulated industry, it’s worse than Grammarly. 
Every one of those polished emails is still being manually double-
keyed downstream—exactly the overlap that creates the 15% 
productivity dip you cannot afford. You’re paying for AI and still 
paying for the manual process it was supposed to replace. 

A CFA Institute survey of 1,210 global charter holders found that 
only 35% use AI tools in their daily workflow. Among those who do, 
the top three use cases are writing assistance (20%), research and 
information gathering (18%), and coding (18%). Writing assistance. 
That’s the killer app. Not building predictive models. Not automating 
reconciliation. Not designing new investment strategies. Writing 
emails. 

Meanwhile, the InvestOps survey shows that 60% of firms are 
implementing manual workarounds, 63% lack unified data across 
front, middle, and back office, and 49% cite manual data 
reconciliation as their top operational challenge. These are the 
problems AI could actually solve. Instead, firms are using enterprise 
AI to polish prose. 

This isn’t an AI problem. It’s an incentives problem. If you’re the 
one signing the $1.8M renewal, ask yourself: what behavior did you 
actually incentivize? When you give people access to powerful tools 
without guidance, boundaries, or consequences, they’ll use those tools 
for the easiest, safest, most visible tasks. Email is easy. Data 
reconciliation is hard. You get what you incentivize. You’ve 
incentivized toy usage. 

The Cognitive Offloading Tax 
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Toy usage isn’t neutral. It’s actively harmful. A 2024 study of 666 
participants in the United Kingdom found that increased AI usage is 
positively correlated with cognitive offloading (72%) and negatively 
correlated with critical thinking (–68%). The more people use AI for 
simple tasks, the worse they get at thinking. 

You’re paying $1.8 million per year for 5,000 employees to use AI 
for trivial tasks. While they’re polishing emails, they’re simultaneously 
getting worse at the higher-order thinking you actually need—the 
thinking that drives innovation, solves complex problems, and creates 
competitive advantage. Every time someone uses AI to summarize an 
email they should have read themselves, they’re outsourcing a 
cognitive task that keeps their brain sharp. Do that enough times, and 
critical thinking atrophies. You’re not just wasting money. You’re 
degrading your workforce’s capabilities. 

Cultural resistance—which 57% of firms in the InvestOps survey 
cite as their biggest challenge—isn’t irrational. It’s a rational response 
to poorly structured change. Your regulators will not accept “we gave 
everyone ChatGPT” as a control framework. Your compliance team 
already knows this. What message are you sending when AI adoption 
equals email summarization? You’re confirming their suspicion that 
this is a toy. Stop deploying toys. 

The Real Escape: From Chatbots to Agents 

Most companies are stuck on one side of a dividing line they don’t 
even know exists. Generative AI—the ChatGPT interface your people 
are typing into—responds to prompts. It’s passive. You ask a question, 
you get an answer. You copy-paste the output somewhere. It’s a 
smarter search engine with a text box. 

Agentic AI is a fundamentally different animal. Agents reason, 
plan, and execute complex tasks autonomously. They orchestrate 
workflows, make decisions, and chain together multiple steps without 
waiting for a human to type the next instruction. NVIDIA’s survey 
found that 42% of financial services firms are now using or assessing 
agentic AI, with 21% already deployed in production. That’s nearly 
half the industry evaluating autonomous AI systems. 

Salesforce saw this transition firsthand when they embedded AI 
into Slack. The result: 97 minutes per week reclaimed per employee—
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not by opening a separate AI application, but by weaving intelligence 
into the tools people already use. Users don’t switch to a chatbot 
interface. The AI meets them inside the workflow. Rob Seaman, EVP 
and General Manager for Slack, frames it as the journey toward an 
“agentic enterprise”—one where AI doesn’t wait to be asked but 
anticipates and acts. That’s the distinction in practice. Gamma users 
open a separate chat window. Beta users have AI embedded in their 
daily tools. Alpha users deploy agents that run without being asked at 
all. 

Eighty-nine percent of NVIDIA’s respondents say AI is helping 
both increase revenue and reduce costs. But that ROI isn’t coming 
from email summarization. It’s coming from document processing 
(the top use case at 32%), customer experience optimization (30%), 
and risk management. The companies generating returns are the ones 
that moved past the chat interface. The progression from generative to 
agentic is the progression from toy to transformative. 

Why Top-Down Certification Fails 

The instinctive response to Toy Mode is centralized control. Build a 
corporate AI certification program. Have IT design the curriculum. 
Roll it out org-wide. It sounds reasonable. It doesn’t work. 

First, it’s generic. What “AI proficiency” means in compliance is 
completely different from what it means in portfolio management. A 
single corporate test cannot distinguish between the analyst who 
needs to automate regulatory reporting and the trader who needs to 
build real-time market models. 

Second, it’s IT-driven. When IT owns certification, AI adoption 
becomes a technology project instead of a business transformation. IT 
designs tests around tools and features. Business leaders need tests 
around outcomes and workflows. 

Sound familiar? Here’s the one that kills the whole approach: 
centralized certification has no social engine. You pass a test, you get a 
badge, and nobody you work with daily knows or cares. There’s no 
peer pressure. No visibility. In a company of 5,000, being uncertified 
is invisible. You’re one name in a spreadsheet nobody reads. 

Fifteen People Who Know Your Name 
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Robin Dunbar, the Oxford evolutionary psychologist, spent decades 
studying human social groups. His famous “Dunbar’s number”—150—
gets all the press. But the real insight is in the layers underneath. 
Human relationships organize themselves into concentric circles of 
roughly 5, 15, 50, and 150 people, each about three times the size of 
the last, each with decreasing emotional intensity. 

The 15-person layer is what Dunbar calls the “sympathy group.” 
These are the people whose well-being you actively track. The people 
whose opinions materially affect your behavior. People devote roughly 
60% of their total social effort to this inner circle of 15. Military 
planners discovered these numbers independently through centuries 
of trial and error, eventually settling on unit sizes that mirror 
Dunbar’s layers because cooperation broke down at other sizes. Teams 
of 15 show up everywhere: rugby squads, jury panels, platoon sections. 
It’s not accident. It’s neurology. 

At 15 people, every member can track every other member’s status. 
You know who’s contributing and who’s coasting. You can’t hide in a 
group of 15 the way you can hide in a department of 150. That’s the 
foundation of the Squad Model. 

How the Squad Model Works 

Every department-sized group of roughly 15 people becomes a squad. 
Each squad defines three tiers of AI proficiency—Gamma, Beta, and 
Alpha—based on what those tiers mean for their specific roles and 
workflows. There are no mandatory training hours. No corporate 
classroom. No set curriculum. Individuals train however they 
choose—peer coaching, online courses, self-study, vendor 
certifications, or simply learning by doing. The squad doesn’t 
prescribe the path. It only validates the destination. And critically, 
every person’s tier ranking is visible within their squad. 

The terminology is deliberate. In investment management, alpha 
is the holy grail—excess return above the benchmark. Gamma is the 
floor. Beta is the market. Alpha is where the value lives. Nobody in 
financial services needs that explained. The language carries its own 
incentive structure. 

Gamma is the entry point. Access to AI tools in a sandboxed 
environment with safe data. You’re learning, exploring, working with 
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generative AI as a conversation partner. But you’re not connected to 
production systems and you’re not executing business workflows. 
Every new user starts at Gamma regardless of title or tenure. 

Beta means you’ve demonstrated competence for your specific 
function. A Beta-tier compliance analyst can execute approved AI 
workflows connected to internal data. A Beta-tier portfolio manager 
can run predictive models with live market feeds. Beta users aren’t 
chatting with AI—they’re executing structured protocols that produce 
consistent, auditable outputs. What “Beta” means is defined by each 
squad because the required competencies are different for every 
function. 

Alpha is transformation. Alpha-tier users deploy autonomous 
agents, redesign processes, and build new capabilities. They’ve moved 
from generative to agentic—demonstrating not just proficiency but the 
judgment to know when AI should act independently and when it 
shouldn’t. Alpha certification requires executive sponsorship and 
cross-functional impact. You don’t reach Alpha by being individually 
productive. You reach it by making your entire squad more 
productive. 

Here’s what this looks like in practice. Consider a compliance 
analyst at a mid-size health insurer. At Gamma, she’s using AI to 
summarize regulatory updates—useful, but her team is still manually 
cross-referencing every update against the company’s policy library. 
She advances to Beta by building and validating a structured protocol 
that automatically maps new CMS guidance to affected internal 
policies, flags gaps, and generates a preliminary compliance memo for 
her supervisor’s review. The audit trail is built into the workflow. Her 
supervisor doesn’t review every output—she reviews exceptions. That 
single Beta workflow eliminates 14 hours per week of manual cross-
referencing across her squad, and every step is documented for the 
next regulatory exam. That’s not email summarization. That’s 
transformation you can show an examiner. 

This tiered progression isn’t just good organizational design—it’s 
what the research demands. Princeton researchers (Rabanser, 
Kapoor, Narayanan, 2026) tested 14 AI models across 500 benchmark 
runs and found consistency scores ranging from 30% to 75%. Agents 
that solve a task correctly often fail when given the identical task 
again. Their recommendation: reliability thresholds before moving 
from sandbox to production, the way aviation requires certification 
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before service. That’s the Squad Model in academic language. When 
your tools produce different outputs from the same inputs a third of 
the time, you cannot skip the certification step. The Princeton team 
also recommends building an incident-reporting culture around agent 
failures—exactly what squad-level visibility formalizes. Every squad 
member sees what works and what breaks. That shared awareness 
doesn’t happen in a 5,000-person deployment. It happens in a group 
of 15. 

The Social Engine 

In a squad of 15, your tier ranking is visible to every person you work 
with daily. Not to 5,000 anonymous colleagues in a corporate 
directory. To the 14 people who sit in your meetings, review your 
work, and share your deadlines. Seeing whether you’re Gamma, Beta, 
or Alpha among your 14 closest peers creates organic social pressure 
to improve. Nobody wants to be the only Gamma in a room full of 
Betas. Nobody wants to be the last person on their team still in the 
sandbox while their peers are automating real workflows. 

This isn’t shaming—it’s the same peer pressure that keeps fighter 
pilots and transplant surgeons sharp. In your 15-person squad, 
nobody hides. At 15 people, we’re within the cognitive limit where 
every member’s status is trackable by every other member. The group 
is small enough that accountability is personal but large enough that 
the pressure is meaningful. 

The InvestOps data reinforces this. When 57% of firms cite 
cultural resistance as their biggest challenge, the solution isn’t another 
org-wide email from the CEO about “embracing AI.” The solution is 
making adoption visible at the unit level where people actually feel 
accountable. In a squad, your resistance isn’t hidden in aggregate 
statistics. It’s a Gamma badge next to your name while your colleagues 
are Beta and Alpha. 

The Frozen Middle Question 

If the squad is department-sized, the middle manager runs it. And if 
that middle manager is Gamma-tier themselves—if they’re the one 
resisting AI—why would you let them define proficiency for everyone 
else? 
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Good question. Wrong assumption. The middle manager doesn’t 
define the certification criteria. They facilitate the process. The 
certification content—what Gamma, Beta, and Alpha actually mean 
for a given function—comes from department heads, domain thought 
leaders, and Business AI Disruptors. The middle manager’s job is 
logistics: scheduling certification windows, tracking progress, 
ensuring accountability. 

But here’s what the Squad Model does to the Frozen Middle that 
centralized programs can’t: it makes their resistance visible. In a top-
down certification rollout, a resistant middle manager just slow-walks 
implementation. Nobody notices for months. In a squad of 15, if the 
manager is Gamma while their reports are advancing to Beta and 
Alpha, the social dynamics invert. The squad doesn’t need the middle 
manager to be enthusiastic about AI. It needs them to not block 
progress. And when blocking means being publicly outranked by your 
own direct reports, blocking becomes very expensive. This is the 
through-line to Chapter 8’s deeper treatment of the Frozen Middle. 

What Structured Deployment Looks Like 

McKinsey didn’t hand 45,000 employees a ChatGPT login and hope 
for the best. When they launched their internal AI platform Lilli in 
July 2023, they built structured access from day one. The platform 
was purpose-built on McKinsey’s proprietary corpus of over 100,000 
documents, with role-based access controls and zero-trust security. 
They started with 7,000 users, expanded to firmwide over three 
months, and invested in upskilling employees on prompt engineering 
and content validation throughout. 

The results speak for themselves: over 75% of McKinsey’s 45,000 
employees now use Lilli monthly, averaging 17 sessions per week. The 
platform processes over 500,000 prompts every month. Users report 
30% time savings on research and knowledge synthesis. McKinsey has 
since deployed over 12,000 AI agents to automate tasks from data 
analysis to proposal drafting—moving well beyond the chat interface 
into agentic territory. 

McKinsey didn’t hand out logins—they built squad-level visibility 
and role-based controls from day one. Their middle managers didn’t 
become blockers; they became facilitators because the metrics were 
visible in every 15-person pod. Compare that to the $1.8 million 
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Grammarly scenario. Same technology category. Radically different 
outcomes. The difference isn’t the AI. It’s the structure. McKinsey 
built purpose-specific tools connected to proprietary data, phased 
access based on demonstrated capability, and invested in moving 
users from basic prompting to structured workflows to agent 
deployment. They didn’t use the language of Gamma, Beta, and 
Alpha—but they followed the same progression. Sandbox learning 
first, structured execution second, autonomous agents third. 

The Squad Model formalizes this progression for any enterprise. It 
makes the structure explicit, ties it to peer accountability, and ensures 
that the $30 per seat per month produces real business value instead 
of polished emails. 

What Gets Measured Gets Managed 

The Squad Model changes what you measure and who sees the data. 
Before, the metric was Daily Active Users—the vanity metric. “We 
have 8,000 people using ChatGPT!” Great. What are they doing with 
it? Silence. 

After, the metrics are squad-level and outcome-based. Tokens per 
Complex Task measures depth of engagement—if you’re using 50 
tokens to summarize an email, that’s Gamma behavior; if you’re using 
5,000 tokens to build an optimization model, that’s Beta or Alpha 
work. Protocol Execution Rate tracks how often users are running 
approved, structured workflows versus typing into a blank prompt 
box. These metrics are published at the squad level, not the org level. 
Each squad sees its own distribution: how many Gammas, Betas, and 
Alphas, and how does it compare to last quarter. Two layers of 
accountability—individual within the squad, squad across the 
organization. 

Enforcement Is the Model 

The Squad Model has built-in enforcement that centralized programs 
lack: peer visibility. But it still requires organizational commitment. 

Automated access control: After 30 days at Gamma, the 
system automatically locks accounts that haven’t demonstrated Beta-
level engagement. No exceptions. No manual overrides without VP 
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approval. Technology enforces the policy so managers don’t have to 
make uncomfortable decisions. This is your insurance against Month-
4 panic—when the Kill Zone hits and leadership starts questioning the 
investment, automated enforcement means adoption is progressing 
whether individual managers champion it or not. 

Quarterly squad reviews: Every quarter, squad-level metrics 
go to leadership. Not individual names—squad distributions. “Squad 7 
has 3 Alphas, 8 Betas, and 4 Gammas. Squad 12 has 0 Alphas, 2 Betas, 
and 13 Gammas.” Leadership identifies which squads are 
transforming and which are stagnating—without micromanaging 
individuals. When the J-curve trough arrives, these quarterly 
snapshots become your evidence that the system is working even 
when the aggregate numbers look painful. 

Executive modeling: The C-suite goes through squad 
certification first. Publicly. If the CEO can’t achieve Beta within their 
own functional squad, how do you expect anyone else to take it 
seriously? Executive participation signals that this isn’t a middle-
management initiative—it’s a business priority. 

The InvestOps data shows why enforcement matters. The same 
survey that found 70% of firms actively deploying AI also found that 
only 17% achieved full straight-through processing. That’s a 53-
percentage-point gap between deployment and results. Deployment 
without structure produces that gap. The Squad Model, with visible 
peer accountability and organizational enforcement, closes it. 

What’s Next 

You’ve got structure. You’ve got squads. Your Beta operators are 
executing approved workflows. Your Alpha users are building new 
capabilities. Now you’ve got a different problem: most of your AI work 
still involves humans typing into chat interfaces. That’s fine for 
Gamma learning and some Beta work. But it’s a dead end for 
transformation. 

Chat-based AI is human-in-the-loop. For 80% of enterprise 
processes, you don’t want human-in-the-loop. You want human-on-
the-loop—supervising autonomous systems that run without constant 
intervention. NVIDIA’s data confirms the direction: 42% are already 
moving toward agentic AI. The industry isn’t waiting. 
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That’s what Chapter 5 is about: moving from chat interfaces to 
API-driven automation. From humans asking AI questions to AI 
systems executing business processes end-to-end. The Squad Model 
gets people using AI correctly. The API Mandate makes AI actually 
transformative. 
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Digital Assets 

The Protocol Vault at flattenthej.com demonstrates what Beta and 
Alpha-tier protocol usage looks like in practice—structured inputs 
generating professional outputs, with the prompt invisible to the user. 
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Chapter 4 Takeaways 

Incentives drive everything. People don’t do what makes 
sense—they do what gets rewarded. AI deployment without structure 
produces toy usage because toy usage is easy, safe, and visible. Real 
value requires real structure. 

The $1.8M email problem is universal. 70% of firms are 
deploying AI. Only 18% are using it for predictive analytics. Only 17% 
achieved straight-through processing. The gap between deployment 
and value is the structure gap. 

Toy usage actively harms your workforce. Cognitive 
offloading increases 72% with AI usage while critical thinking drops 
68%. You’re not just wasting money—you’re degrading the capabilities 
you need most. 

The future is agentic, not generative. 42% of financial 
services firms are already using or assessing agentic AI. McKinsey 
moved 45,000 employees from basic prompting through structured 
workflows to 12,000 deployed AI agents. Salesforce embedded AI into 
Slack and reclaimed 97 minutes per week per employee. Your 
certification tiers should follow the same progression. 

Certification isn’t bureaucracy—it’s a reliability 
requirement. Princeton researchers found AI consistency scores of 
30–75%. Same task, same inputs, different results a third of the time. 
You wouldn’t deploy uncertified pilots. Don’t deploy uncertified AI 
workflows. 

The Squad Model works because of Dunbar’s 15. 
Department-sized groups of ~15 people where Gamma/Beta/Alpha 
tier rankings are visible to every peer. Each squad defines proficiency 
for its own function. Social pressure drives adoption without top-
down mandates. 

Enforcement sustains the model. Automated access control, 
quarterly squad reviews, public executive participation. Without 
enforcement, even squad-level visibility fades. With enforcement, 
behavior changes in 90 days. 

Next: Chapter 5—The API Mandate: From Chatting With Bots to Bots 
Chatting With Bots 
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cultural resistance as top challenge (57%), manual workarounds (60%), 
unified data gaps (63%), predictive analytics expectations vs. adoption (66% 
vs. 18%), straight-through processing (17%), and operational team expansion 
(65%). 
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participants. Referenced for correlation between AI usage and cognitive 
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“Whosoever desires constant success must change his 
conduct with the times.” 

—Niccolò Machiavelli, The Prince (1532) 

Chapter 5 

The API Mandate 

From Chatting With Bots to Bots Chatting With Bots 

Morgan Housel makes an observation in Same as Ever about 
compound returns that most people understand intellectually but 
almost nobody applies correctly: the real power of compounding isn’t 
visible in any single period. It’s visible over time, when small 
advantages connect and multiply in ways that linear thinking can’t 
predict. A 1% daily improvement doesn’t look like much on Monday. It 
looks like a different universe by December. 

That principle explains everything about why most enterprise AI 
deployments are stuck—and why a small number of firms are pulling 
away from the pack so fast that the gap will soon be unclosable. In a 
bank still running T+1 settlement on spreadsheets, that invisible 1% 
daily drag is the difference between absorbing the next regulatory 
wave and watching your ops headcount balloon 65% while your 
competitor pulls away. 

Here’s what compound returns look like in AI adoption: a firm 
that builds API-driven workflows connecting systems to systems 
doesn’t just get faster. Each automated handoff eliminates a 
bottleneck that was constraining every downstream process. The next 
automation builds on the previous one. Capacity expands not in 
proportion to investment, but exponentially relative to it. Meanwhile, 
the firm still typing into chat interfaces gets the same linear 
productivity bump on Day 300 that it got on Day 1. 

Machiavelli understood this five centuries ago. The firms that 
adapt their conduct to the times—not just their tools, but their 
architecture—are the ones that win. The firms that keep doing what 
worked last year, faster, become case studies in obsolescence. 
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This chapter is about making the architectural shift that separates 
the compounders from the linear thinkers. It’s about moving from 
chatting with bots to bots chatting with bots. 

The $200 Billion Administrative Tax 

The U.S. healthcare system spends roughly $200 billion annually on 
administrative work: claims processing, prior authorizations, billing 
disputes, and the armies of back-office staff required to manage it all. 
That’s approximately what the country spends to treat cancer. Not 
because the work is inherently complex—but because the systems that 
handle it were never designed to talk to each other. 

That’s not just a healthcare problem. It’s the enterprise AI 
problem, across every regulated industry. 

The InvestOps 2026 survey of 200 global buyside operations 
leaders tells the same story in financial services: 65% of firms 
expanded operational teams to handle compressed timelines like T+1 
settlement rather than building systems that could absorb regulatory 
changes without adding staff. 63% lack unified data across front, 
middle, and back office, forcing manual reconciliation. 60% are 
implementing manual workarounds as temporary solutions that 
become permanent. 49% cite manual data reconciliation and 
validation as their top operational challenge. 

They’re spending money on technology. They’re deploying AI 
tools. But they’re deploying them at the edges—summarizing 
documents, generating emails, formatting reports—while their core 
workflows remain manual, fragmented, and expensive. 

The problem isn’t technology. The problem is architecture. 
Specifically, the architecture of human interaction with AI. 

Human-in-the-Loop vs. Human-on-the-Loop 

Most AI deployments in 2026 are human-in-the-loop: AI generates an 
output, a human reviews it, the human approves or rejects it, the 
process moves forward. Every single transaction requires human 
touch. 

This is safer than full automation. It’s also a productivity trap. 



Page 78 of 173 
 

Human-in-the-loop scales linearly with headcount. If you want to 
process twice as many transactions, you need roughly twice as many 
people reviewing AI outputs. You’ve made the work faster, but you 
haven’t changed the underlying economics. Your capacity is still 
constrained by how many humans you employ and how many hours 
they work. 

Human-on-the-loop inverts this model: AI executes workflows 
autonomously within defined parameters. Humans set the 
boundaries, monitor dashboards for exceptions, and intervene only 
when something falls outside acceptable ranges. The system doesn’t 
wait for approval on every transaction—it runs continuously and 
escalates edge cases. 

This is how you get from 17% straight-through processing (STP) to 
something closer to 80%. This is how you stop throwing headcount at 
regulatory changes and start building systems that absorb complexity 
without proportional cost increases. 

The distinction isn’t academic. It’s the difference between 
incremental productivity gains and genuine capacity transformation. 

The Health System That Stopped Playing Defense 

A denied claim lands on a billing coordinator’s desk at 9:17 a.m. in St. 
Paul. Missing documentation. Again. Three hours and four phone calls 
later, the patient still doesn’t know what they owe. Multiply by 5,000 
visits a month and you have Allina Health in early 2025—before they 
flipped the architecture. 

The old model worked like this: a provider would see a patient, 
deliver care, then submit a claim to the insurer. Days or weeks later, 
the claim would come back denied—missing documentation, wrong 
code, coverage question the billing team didn’t catch at the point of 
care. The billing department would then spend hours gathering 
additional documentation, resubmitting, appealing. Multiply that by 
thousands of claims per month and you’ve got an enormous 
administrative machine whose primary function is cleaning up 
problems that could have been prevented. 

Human-in-the-loop at every step. Every claim touched by multiple 
people. Every denial requiring manual intervention, manual research, 
manual resubmission. Healthcare organizations spend nearly $20 
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billion annually just to overturn denied claims—and an estimated 84% 
of those first-time denials are avoidable. 

Allina—a 12-hospital system with more than 90 clinics across 
Minnesota and western Wisconsin—deployed Optum Real, an AI-
powered real-time claims system, initially for outpatient radiology and 
cardiology. The shift was architectural, not incremental. Instead of 
submitting claims into a void and waiting for denial notices, the 
system uses AI to validate coverage at the point of care—before the 
claim is ever submitted. It analyzes payer contracts, member benefits, 
and clinical documentation in real time, surfacing issues while the 
patient is still in the office. Claims that match standard parameters 
flow through automatically. Claims with potential issues get flagged 
immediately, with specific guidance on what documentation is 
needed. 

The system doesn’t ask permission on every transaction. It 
operates within boundaries defined by clinical protocols and payer 
rules. Humans handle exceptions, not routine validation. 

Dave Ingham, Allina Health’s Chief Information Officer, described 
the impact after processing more than 5,000 patient visits through the 
system: claims denials dropped meaningfully in the pilot departments. 
Prior authorization requests accelerated. Billing and coding staff 
stopped spending their days on preventable back-and-forth with 
insurers. Patients got clearer information about their coverage before 
leaving the office rather than receiving surprise bills weeks later. 

But here’s what matters for this book: Allina didn’t shrink its 
billing team. The staff redeployed to higher-value work—resolving 
complex cases, improving the patient financial experience, handling 
the exceptions that actually require human judgment. Capacity 
expanded without headcount growth. And the productivity gain tied 
directly to the book’s 30% capacity target: UnitedHealth Group’s Q1 
2025 SEC filing confirmed that its AI-powered claims processing tools 
delivered productivity increases exceeding 20% across revenue cycle 
management customers—with further headroom as Allina expands 
the pilot to surgical procedures. 

This is what human-on-the-loop delivers at scale: systems that 
prevent problems rather than processing the paperwork to fix them. 
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Why Chat Interfaces Are Dead Ends for Enterprise 
Work 

The Allina case reveals something critical: the chat interface wasn’t 
wrong. It just couldn’t get them where they needed to go. 

Typing questions into ChatGPT and copy-pasting answers is 
fundamentally human-in-the-loop work. The human is the integration 
layer between systems. AI generates value one interaction at a time, 
but the workflow still depends on humans to connect inputs to 
outputs, outputs to downstream systems, systems to decisions. 

That architecture breaks at scale. Context switching costs 
compound: every time a human stops their primary work to prompt 
AI, review output, copy-paste results, and return to work, they pay 
attention overhead. Studies show it takes 23 minutes on average to 
return to full concentration after an interruption. If your workflow 
requires 15 AI interactions per task, you’ve just destroyed 
productivity, not enhanced it. 

Knowledge doesn’t transfer across sessions. Each chat session 
starts from zero. AI doesn’t remember what you asked yesterday, what 
rules your organization follows, what decisions got made last week. 
Humans provide that continuity. That means every interaction 
requires human context-setting, human memory, human judgment 
about what’s relevant. The human remains the system of record. 

Error propagation requires human catch. When AI makes 
mistakes in a chat workflow, humans catch them downstream—
sometimes. Other times, errors compound across multiple steps 
before someone notices. Human-in-the-loop validation at every step 
isn’t just inefficient—it’s unreliable, because humans get fatigued 
reviewing AI outputs and start rubber-stamping approvals. 

Handoffs don’t automate. You can use AI to draft an email, but 
you still have to send it. You can use AI to analyze data, but you still 
have to export results, format them, load them into the target system. 
Each handoff between AI and human and system creates friction, 
latency, and opportunities for work to stall. 

Chat interfaces optimize for individual productivity—one person, 
one task, one interaction. API-driven automation optimizes for 
organizational capacity—systems executing continuously, humans 
supervising outcomes, value compounding across every connected 
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workflow. That’s the Housel principle in action. Chat gives you linear 
returns. APIs give you compound returns. And over time, the gap 
between linear and compound becomes the gap between market 
leaders and everyone else. 

From Operator to Architect 

The shift from chat interfaces to API-driven automation isn’t just 
technical. It’s conceptual. 

Chat interfaces cast humans as operators: you provide 
instructions, AI executes, you review results. You’re still doing the 
work. AI is a tool. 

API-driven automation casts humans as architects: you design 
systems, define boundaries, set parameters. AI does the work. You 
supervise outcomes. 

That shift requires different skills, different training, and different 
governance. It requires business leaders who can think in workflows, 
not tasks. It requires technical partners who can translate business 
logic into automated processes. It requires executives who can 
distinguish between “we made email summarization 40% faster” and 
“we eliminated three manual touchpoints from our core workflow.” 

Most firms don’t have those capabilities yet. The InvestOps survey 
shows it clearly: 28% cite inadequate data quality, availability, or 
integration as a top AI challenge. 26% cite resistance to change among 
employees. 21% cite weak governance or risk controls. These aren’t 
technology problems. They’re adoption problems. And adoption 
problems only get solved when leadership invests in the boring 
infrastructure work that makes transformation possible. 

What Compound Returns Actually Look Like 

To make the shift from chat to API concrete, consider how a portfolio 
monitoring workflow changes when you move from human-in-the-
loop to human-on-the-loop. 

The human-in-the-loop version: An analyst opens a dashboard 
every morning. Reviews overnight market movements. Identifies 
positions that may need attention. Pulls up relevant research. Drafts a 
summary for the portfolio manager. Schedules a meeting to discuss. 
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Portfolio manager reviews, asks questions, makes decisions. Analyst 
implements changes. Documents everything. An analyst missing a 2 
a.m. market move doesn’t get an alert—he gets a conversation with the 
PM about the 40 basis points he didn’t protect. 

That workflow takes 3–4 hours daily for one analyst covering one 
strategy. It scales linearly: two strategies need two analysts. Ten 
strategies need ten analysts. And it runs on human attention, which 
means it operates at the speed of calendars—daily reviews, weekly 
meetings, monthly reports. 

The human-on-the-loop version: Market data feeds into a 
monitoring engine continuously. AI evaluates every position against 
pre-defined parameters—risk limits, concentration thresholds, 
performance triggers. Positions within normal parameters require no 
action. Positions approaching limits generate alerts with AI-generated 
context: what changed, why it matters, what the options are. Positions 
that breach limits trigger automatic rebalancing within pre-approved 
ranges. Only genuine edge cases—scenarios outside the system’s 
operating parameters—escalate to humans with full context already 
assembled. 

This runs continuously. Every trading day. Every hour if market 
conditions require it. The system doesn’t wait for humans to pull 
reports and schedule meetings. It operates at the speed of markets, 
not the speed of calendars. The human-driven model maxes out at 
quarterly or monthly cadence because humans can’t scale attention. 
The automated model runs continuously because systems don’t get 
tired, don’t get distracted, and don’t need meetings to hand off work. 

The Prerequisites Most Firms Are Ignoring 

Only 20% of firms in the InvestOps survey operate on a single 
platform enabling immediate decision-making. That means 80% are 
running fragmented systems where data lives in silos, workflows 
require manual handoffs, and end-to-end automation is impossible 
without massive integration projects. This is the real blocker to API-
driven AI. It’s not AI capability. It’s architecture debt. 

Before API-driven AI becomes viable, apply the E-S-A Framework 
in sequence: Eliminate → Standardize → Automate. Most firms try to 
skip straight to Automate. That’s how you get expensive automation of 
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broken processes. The firms that achieved 17% full STP automation 
didn’t skip this step. They built a unified data layer—single source of 
truth, common data models, real-time access across systems—and 
standardized their workflows before they touched an API. The 
NVIDIA survey confirms the data gap: privacy, sovereignty, and data 
scattered across disparate locations remain the number one challenge, 
cited by 40% of respondents across 839 financial services institutions. 
When front office makes a trade, middle office needs to see the 
position immediately, back office reconciles immediately, risk updates 
exposure immediately. No batch exports. No overnight processing. No 
manual reconciliation. Without that foundation, automation is 
theater. 

Exception handling architecture is the governance question 
nobody assigns. Human-on-the-loop only works if you’ve designed 
clear escalation paths. When the AI hits a scenario outside its 
operating parameters, where does it go? Who sees the alert? What 
information do they need to make a decision? How does their decision 
feed back into the automated workflow? This isn’t a technical 
question—it’s a business ownership question, and it requires business 
owners to define the boundaries, not IT to guess at them. 

Monitoring and observability close the loop. Chat-based AI fails 
obviously: you ask a question, you get a nonsense answer, you try 
again. API-driven AI fails silently. The system runs. Transactions 
process. And somewhere in the background, something goes wrong. 
Without real-time monitoring—dashboards showing throughput, 
error rates, exception volumes, processing latency—you’re flying 
blind. You won’t know the system is broken until downstream effects 
surface days or weeks later. 

When Your AI Attacks Your Own Systems 

Most infrastructure failures are dramatic. A breach. A ransomware 
attack. A vendor outage that takes down trading for four hours. You 
know the moment it happens. People get paged. Incident response 
kicks in. 

The infrastructure failure that AI causes looks different. It’s quiet. 
And you caused it yourself. 
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Here’s what happens. You deploy an AI agent to handle a 
workflow that your team currently processes manually. The team runs 
maybe 200 API calls a day—they’re human-speed, working business 
hours, taking lunch. The agent doesn’t take lunch. It doesn’t sleep. 
And in its early weeks, before it’s been tuned and optimized, it’s 
inefficient. It makes redundant calls. It re-queries data it already 
fetched. It retries on soft errors instead of waiting. Within days, that 
200-call-per-day workflow is generating tens of thousands of calls, all 
hammering the same internal APIs. 

Your AI just launched a DDoS attack on your own infrastructure. 

This isn’t a hypothetical. It’s a high-probability failure pattern in 
enterprise AI deployments, and it’s almost never anticipated because 
the people designing the AI workflow and the people maintaining the 
API infrastructure are rarely in the same room. The data team made 
the data AI-ready. The development team built the agent. Nobody 
asked whether the underlying API layer was engineered for agent-
scale velocity. 

The distinction matters more than most executives realize: having 
AI-ready data and having AI-ready infrastructure are two entirely 
different problems. Clean, labeled, accessible data is necessary but not 
sufficient. The delivery mechanism—the APIs through which agents 
request, retrieve, and write that data—has to be rebuilt for a different 
operating model. 

Traditional enterprise APIs are designed for application-scale 
usage. An application calls an API when a user clicks a button or 
submits a form. The volume is bounded by human behavior—working 
hours, transaction rates, process cadence. Agent-scale usage has no 
such bounds. An agent optimizing a portfolio doesn’t wait for a user to 
click a button. It runs continuously, evaluating positions, checking 
parameters, re-querying on market moves. The same infrastructure 
that handles 200 daily calls from a human-operated workflow cannot 
absorb orders of magnitude more calls from an agent operating on the 
same process. 

The fix is straightforward but requires deliberate design before 
deployment, not after the incident. Agent-aware rate limiting sets 
explicit ceilings on how many calls a given agent can make within a 
defined window—not because the agent shouldn’t need more data, but 
because your infrastructure has limits that need to be respected and 
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agents, unlike humans, won’t self-regulate. Batch endpoint design 
restructures data retrieval so agents can request large data sets in 
single calls rather than chaining thousands of individual queries. And 
before you put any agent into production, you stress test. Simulate 
swarm conditions. Find out what your API layer actually breaks at, not 
what it was designed for on paper. 

The broader principle: moving from Application-First to Agent-
First API architecture isn’t a nice-to-have for advanced 
implementations. It’s table stakes for anything beyond supervised chat 
workflows. If your Alpha users are building human-on-the-loop 
automation, they’re building agent deployments. And agent 
deployments at scale will find every infrastructure weakness you 
didn’t know you had. 

Build for agents before you deploy them. The alternative is a 2 
a.m. page about a system you deliberately built. 

The Squad Model Revisited 

Chapter 4 introduced the Squad Model—the tiered certification 
framework that organizes AI users into Gamma, Beta, and Alpha 
levels within squads of roughly 15 people. Chapter 5 is where that 
framework becomes essential. 

Gamma and Beta users operate primarily in chat interfaces. 
They’re human-in-the-loop by design. They’re learning, executing 
approved workflows, building competence within their squads. Peer 
accountability keeps them progressing. 

Alpha users build and manage human-on-the-loop systems. 
They’re designing automated workflows, configuring APIs, setting 
operating parameters, defining escalation rules. They’re not using AI 
to make their own work faster. They’re using AI to eliminate entire 
categories of work. 

That’s the shift from Little-to-Little (individual productivity) to 
Middle-to-Middle (workflow automation). That’s what the Squad 
Model protects. 

You don’t want Beta operators building API integrations. They’re 
not trained on failure modes, edge cases, security implications, or 
regulatory requirements for autonomous systems. You don’t want 
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Gamma users anywhere near production workflows. But you also 
don’t want to restrict API-driven automation to “when IT gets around 
to it.” IT doesn’t understand the business logic, doesn’t feel the pain of 
manual workflows, doesn’t have incentive to move fast on operational 
efficiency projects. 

Alpha certification within squads creates business-owned 
automation. The people who know the workflows build the 
automation. IT provides platform, security, governance, and tooling. 
Business owns the outcomes. The social dynamics within squads—
watching your peers advance from Beta to Alpha—creates the pull that 
centralized programs never generate. 

NVIDIA’s data confirms the direction: 42% of financial services 
firms are already using or assessing agentic AI—systems that don’t 
just respond to prompts but autonomously reason, plan, and execute 
complex tasks. Twenty-one percent have deployed them in 
production. The firms building Alpha-level capability within their 
squads are the ones positioned to deploy agentic AI effectively. 
Everyone else will be scrambling to catch up. 

Only 17% of firms have achieved straight-through processing. The 
other 83% are still paying the administrative tax in headcount and 
missed capacity. The Squad Model is how you close that gap—not by 
waiting for enterprise software vendors to build the perfect solution, 
but by empowering business users with the right training, the right 
access, and the right guardrails to build what they need. 

The Compounding Advantage 

The firms that made it through their J-curve 18–24 months ago—the 
ones who built straight-through processing, unified data platforms, 
and API-driven workflows—aren’t just more efficient. They’re building 
capabilities competitors can’t match. They’re responding to regulatory 
changes without adding staff. They’re processing 30% more volume 
with the same headcount. They’re launching new strategies without 
multi-year technology projects. 

They’re living in the compounding returns phase of AI adoption. 
And they got there by stopping the chat with AI and starting the 
conversation between systems. 
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The InvestOps survey captures this inflection point: after two 
consecutive years prioritizing operational efficiency, 55% of firms now 
prioritize competitive differentiation through innovation. Portfolio 
management and trading innovation jumped from 32% to 56% in a 
single year. The firms with API-driven architecture can pivot toward 
those new priorities. The firms still stuck in chat-based workflows 
can’t. 

That’s what Chapter 7 addresses: the foundational work—data 
quality, unified platforms, protocol engineering—that turns API-
driven AI from concept to reality. 

But before you build the foundation, you need to confront the 
elephant in the room: most of your processes shouldn’t exist at all. 
Most of your workflows weren’t designed. They evolved through 
decades of patches, workarounds, and “that’s how we’ve always done 
it.” 

You can’t automate your way out of broken processes. You need to 
destroy them first. 

That’s Chapter 6. 
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Digital Assets 

The tools to implement human-on-the-loop automation: 

1. Human-in-the-Loop vs. Human-on-the-Loop Decision 
Matrix: Framework for evaluating which workflows should require 
human approval at every step vs. human supervision of automated 
execution. Includes risk assessment, regulatory requirements, process 
maturity scoring, and recommended governance models. 

2. API Integration Readiness Scorecard: Assessment tool 
for determining whether your systems, data, and processes are ready 
for automated workflows. Evaluates data quality, system connectivity, 
process standardization, exception handling capability, and 
monitoring infrastructure. 

3. Workflow Automation Opportunity Map: Template for 
identifying high-value candidates for human-on-the-loop 
transformation. Prioritizes based on transaction volume, manual 
touchpoints, error rates, processing time, and strategic importance. 

4. Exception Escalation Playbook: Guide for designing clear 
exception handling rules—when does automated processing stop and 
require human review? What information does the human need? How 
do decisions flow back into automated workflows? Includes templates 
for 15 common exception types across finance, operations, and 
customer service workflows. 

Download all templates at flattenthej.com. 
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What You Must Do Before Chapter 6 

Compound returns beat linear gains—and the gap is irreversible once 
it opens. Chat-based AI delivers individual productivity improvements 
that scale with headcount. API-driven AI compounds value by 
connecting systems without human bottlenecks. The difference isn’t 
visible in single interactions. It’s visible at scale, and by the time it’s 
visible, it’s too late to close without a multi-year rebuild. 

Only 17% of firms have achieved straight-through processing. The 
other 83% are still paying the administrative tax in headcount and 
missed capacity. Chat interfaces are the reason. Individual 
productivity tools scale linearly with headcount. The firms in that 17% 
made one architectural decision: they stopped deploying AI as a tool 
that humans operate and started deploying it as a system that humans 
supervise. That decision is available to every executive reading this 
book. It requires infrastructure investment, process work, and 
governance design—not new AI capability. 

The Squad Model is your execution mechanism. Alpha 
certification within squads creates business-owned automation with 
proper training and guardrails. This is how you close the gap between 
“IT will get to it eventually” and “business builds what business needs, 
within guardrails IT sets.” Unified data, standardized processes, 
exception handling architecture, and real-time monitoring aren’t 
optional. Without these foundations, API-driven AI is impossible. 
Build them before you automate—or you’ll spend twice as much 
automating chaos. 

∗ ∗ ∗ 
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"It's not the daily increase but daily decrease; hack away at 
the unessential." 

—Bruce Lee, Tao of Jeet Kune Do (1975) 

Chapter 6 

Process Destruction 

Don’t Pave the Cow Path 

Morgan Housel makes a deceptively simple observation in Same as 
Ever: complexity is a tax that compounds silently. Organizations add a 
process here, an approval layer there, a reporting requirement 
somewhere else—and each addition seems reasonable in isolation. But 
the cumulative cost is enormous. Not in dollars, though dollars are 
part of it. In attention. In speed. In the ability to change direction 
when the market demands it. 

Bruce Lee understood this intuitively. The martial artist’s path to 
mastery wasn’t adding techniques—it was stripping away everything 
that didn’t serve the objective. 

Here’s how this applies to AI adoption in regulated industries: 
most firms automate their existing processes without ever asking 
whether those processes should exist in the first place. They take 
broken workflows, manual handoffs, redundant approvals, and fifteen 
years of accumulated workarounds—and they make AI do them faster. 
That’s not transformation. That’s paving the cow path with high-speed 
internet. 

The Automation Trap 

The InvestOps 2026 survey of 200 global buyside operations leaders 
tells this story in stark numbers: while 51% of firms report 
streamlined workflows with minimal manual touchpoints, only 17% 
have achieved full straight-through processing. The other 83% are 
living in what Dean McIntyre of SimCorp calls hybrid workflows—
partially automated systems that still depend on manual intervention 
at critical junctures. They automated the easy parts and left the messy 
parts alone. 
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It gets worse. When T+1 settlement compressed timelines across 
financial services, 65% of firms responded by expanding operational 
teams rather than rethinking their workflows. They threw headcount 
at a structural problem. They paved the cow path with more bodies 
instead of asking whether the path needed to exist at all. 

This is the automation trap: the instinct to make existing 
processes faster rather than questioning whether they should exist. 
Teams default to automating what’s easy or what’s annoying. That 
leads to what I call automating donkey work—perfecting low-value, 
time-consuming tasks that are neither critical to business outcomes 
nor risky if they fail. You end up with beautifully automated nonsense 
that still requires a human to watch it, audit it, and defend it in the 
next regulatory exam. 

AI doesn’t fix broken processes. It exposes them. And if you’re not 
prepared to destroy the processes that don’t add value, your AI 
adoption will plateau at Toy Mode regardless of how much you invest. 

The Two Questions That Matter Most 

Before you inventory processes for AI automation, you need a way to 
cut through the noise. Most departments have dozens or even 
hundreds of different workflows. Staring at that list triggers paralysis: 
where do we even start? 

Start with two litmus test questions that force prioritization: 

Question 1: What is the most important thing we do? This 
identifies the processes that directly drive revenue, customer 
satisfaction, regulatory compliance, or competitive advantage. These 
are the workflows where even small improvements compound across 
the organization. These matter. 

Question 2: What is the riskiest thing we do? This identifies 
the processes where errors create material harm: regulatory 
violations, financial losses, customer attrition, reputational damage. 
These are the workflows that could blow up if ignored. These matter 
too. 

Everything else? That’s donkey work. It chews up time but doesn’t 
move the needle. It might be frustrating, but it’s not consequential. 
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When you overlay these two questions on your process inventory, 
three categories emerge. High-Impact or High-Risk processes are 
critical work that drives outcomes or prevents disasters—start here. 
Moderate-Impact or Moderate-Risk processes are legitimate work that 
supports operations but isn’t make-or-break—second priority. Low-
Impact and Low-Risk processes are donkey work. The temptation is to 
automate this first because it’s easy. Resist that temptation. You’re 
just encoding trivia into expensive systems. 

These two questions give executives a pragmatic triage method: 
focus on work that genuinely matters to business outcomes or could 
genuinely blow up if mishandled. Everything else can wait—or be 
eliminated entirely. 

The Destruction Value Formula 

The Two Questions sort your processes into three buckets. But within 
the high-impact, high-risk bucket, you’ll still have a dozen candidates 
competing for attention. You need a way to decide which processes to 
put through the E-S-A framework first. 

Chapter 3 introduced the Value Formula for Stepping Stone 
project selection: Value equals Utility divided by Cost. The same 
heuristic applies here, adapted for process destruction. Instead of 
evaluating which project to build, you’re evaluating which process is 
worth the organizational energy to destroy and rebuild. 

For process destruction, Utility means the capacity or efficiency 
gain from eliminating or transforming the process. How much time 
does this workflow consume? How many people touch it? How much 
capacity would be freed if it ran at half the manual effort? If this 
process disappeared tomorrow and was replaced by something clean, 
what would your team be able to do that they can’t do now? That last 
question is the one that matters most, because it reframes the 
conversation from cost reduction to capacity expansion—the 
“Capacity, Not Time” argument from Chapter 9. 

Cost means the organizational disruption of changing it. How 
many systems does this process touch? Who loses budget or 
headcount if it’s eliminated? Does it have regulatory requirements 
that constrain what you can change? How much institutional 
knowledge is embedded in the current workflow that would need to be 
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documented before destruction? And critically: who will fight you? 
Every process has defenders. The question is whether the defense is 
rational (regulatory requirement, genuine risk) or political (headcount 
justification, empire protection). 

The formula works the same way it does for Stepping Stone 
selection: it’s a conversation tool, not a calculation. You’re forcing 
your squad to articulate, out loud, exactly why a process is worth the 
disruption of destroying it. When an operations manager says 
“Eliminating the monthly reconciliation frees 200 hours a month” and 
someone else says “But it touches four systems, two vendor feeds, and 
requires sign-off from compliance,” you’re having the right 
conversation. You’re surfacing the real cost before you commit. 

Here’s what this protects against: the same bias that plagues 
project selection. Teams gravitate toward destroying the most 
annoying process—the one that generates the most complaints—
rather than the one with the best destruction ratio. The most annoying 
process might be deeply embedded, politically protected, and 
connected to six legacy systems. The destruction cost is enormous. 
Meanwhile, a less annoying but equally wasteful process sits inside 
one team with clean data and no political defenders. The ratio is 
better. Start there. 

The formula also protects against a subtler mistake: treating 
donkey work destruction as a win. Eliminating a low-value process 
feels productive. Your team celebrates. But the capacity freed is 
minimal because the process didn’t consume meaningful resources in 
the first place. You’ve optimized the irrelevant. The Destruction Value 
Formula forces you to quantify the numerator honestly: if the utility of 
destroying this process is small, the ratio is bad regardless of how easy 
it is to kill. 

Now you’ve got prioritized processes. You know which ones are 
important, which are risky, which are donkey work, and which have 
the best destruction ratios. You’re ready for the framework that 
determines what to do with them. 

The E-S-A Framework: Eliminate, Standardize, 
Automate 
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Most firms approach AI adoption backwards. They ask, “What can we 
automate?” The correct question is, “What can we eliminate?” 

The E-S-A framework forces discipline. Three steps, in strict 
sequence. Skipping ahead is the most expensive mistake you can 
make. 

Step 1: Eliminate. Does this process need to exist at all? 

This is the question most firms never ask. Only 12% of firms start 
their AI assessment by questioning whether a process should exist at 
all. Every organization carries processes that survived long past their 
original purpose—reports nobody reads, approvals that duplicate 
other approvals, reconciliation steps that exist because two systems 
were never integrated, compliance checks for regulations that expired 
years ago. These processes persist because no one has the authority, 
the incentive, or the visibility to kill them. 

The InvestOps data illustrates exactly what happens when you 
skip this step. 60% of firms are still duct-taping manual workarounds 
they swore were temporary. Those workarounds become the process. 
And then someone proposes automating the workaround, which locks 
dysfunction into your systems permanently. You’ve now spent six 
months building AI around something that shouldn’t exist. 

Elimination requires executive air cover. Middle management 
protects processes that justify headcount and budgets. Without top-
down mandate, sacred cows survive regardless of cost. The question 
“Does this output need to exist?” threatens people whose job is 
producing that output. That’s why it takes a COO or division head to 
ask it and mean it. 

Step 2: Standardize. Can we remove 80% of the variation? 

This is the step most firms skip entirely. They jump from “this 
process exists” to “let’s automate it” without ever examining the chaos 
underneath. And chaos is the right word. Most enterprise processes 
have accumulated years of exceptions, special cases, and one-off 
workarounds that were never formalized. Five people do the same task 
five different ways. Ten systems store overlapping data with 
conflicting formats. The process looks simple on a flowchart and looks 
like spaghetti in practice. 

AI can’t learn from chaos. Machine learning requires patterns, and 
patterns require consistency. If your commercial loan review process 
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has 47 different variations depending on which officer handles it, 
which system feeds the data, and which regional regulations apply, no 
AI model will produce reliable results. You’ll get garbage out because 
you fed garbage in—just faster. 

Standardization means defining exactly what the process is, which 
steps are required versus habitual, which data inputs are necessary 
versus nice-to-have, and which decision points require human 
judgment versus rule-based execution. It means reducing 47 
variations to 3 or 4. It means creating the clean, consistent substrate 
that AI needs to actually learn. 

The InvestOps survey shows the gap: 63% of firms lack unified 
data across front, middle, and back office. That’s not a technology 
problem. That’s a standardization problem masquerading as a 
technology problem. You can’t build straight-through processing 
when every department defines “complete” differently. 

Step 3: Automate. Now, and only now, what can AI do? 

Automation deployed on a clean, standardized process is 
transformative. Automation deployed on a messy, unstandardized 
process is a catastrophe with a technology budget. 

This is where the 17% who achieved full straight-through 
processing separated from the 83% still stuck in hybrid workflows. 
They didn’t deploy better AI. They spent 18 to 24 months eliminating 
waste and standardizing logic before deploying anything. When they 
finally automated, the AI had clean inputs, consistent patterns, and 
clear decision rules to learn from. The results compounded because 
the foundation was sound. 

The sequence matters. Automating waste makes waste permanent. 
You encode dysfunction into your systems, and now it’s locked behind 
code that no one wants to touch because “the system works.” Except it 
doesn’t. It just works faster at producing things no one needs. 

Do this in the wrong order once and you will spend the next two 
years explaining to your board why the shiny new AI system is slower 
and more expensive than the old one. 

360,000 Hours to Seconds: JPMorgan’s COiN 
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The E-S-A framework sounds straightforward in theory. Here’s what it 
looks like when a firm applies it to a process that everyone assumed 
was permanent. 

JPMorgan Chase’s lawyers and loan officers were spending 
360,000 hours annually interpreting commercial loan agreements. To 
put that in perspective, 360,000 hours equals more than 41 years of 
continuous work. At scale, the bank was processing 12,000 new 
wholesale contracts per year, each requiring manual review to identify 
key clauses, risk provisions, and compliance requirements. The work 
was mind-numbing, expensive, and prone to errors—loan-servicing 
mistakes stemmed directly from human error in interpreting these 
contracts. 

The obvious move: use AI to help lawyers read contracts faster. 
Speed up the existing process. Pave the cow path. 

JPMorgan didn’t do that. They applied E-S-A, whether they called 
it that or not. 

Eliminate: They asked which elements of manual review were 
actually necessary versus habitual. Did every clause need a lawyer’s 
eyes, or had the process expanded beyond its original purpose? 
Decades of practice had turned contract review into a sprawling 
exercise where lawyers reviewed entire documents even when the 
relevant provisions were concentrated in a handful of sections. Much 
of the review was redundant—checking standard boilerplate that 
hadn’t changed across thousands of similar agreements. 

Standardize: This was the critical step. They identified 
approximately 150 key attributes that mattered across commercial 
credit agreements—the specific clauses, terms, and risk provisions 
that actually drove decisions. Instead of 12,000 contracts with infinite 
variation, they created a structured framework: 150 attributes, 
consistently defined, consistently extracted. The chaos of “every 
lawyer reads it their own way” became a systematic, repeatable 
classification. 

Automate: With standardized attributes defined, JPMorgan built 
COiN—Contract Intelligence—using machine learning and image 
recognition to extract those 150 attributes from each agreement. The 
system processes 12,000 contracts in seconds. Compliance-related 
errors dropped by approximately 80%. Loan-servicing mistakes 
driven by human interpretation fell dramatically. 
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The result wasn’t just efficiency. It was capacity transformation. 
Legal teams stopped spending their days on routine document 
analysis and redirected to negotiation strategy, complex advisory 
work, and the judgment-intensive tasks that actually required their 
expertise. The bank didn’t eliminate lawyers. It eliminated the work 
that was wasting their talent. 

Run it through the Destruction Value Formula: the utility was 
massive (360,000 hours of annual capacity, reduced errors, faster 
processing), and the cost, while significant (standardizing 150 
attributes across 12,000 contract types), was contained within one 
function. The ratio was obvious. JPMorgan has since expanded this 
approach across its operations, with its LLM Suite reaching 200,000 
employees and investment bankers creating five-page pitch decks in 
30 seconds. The bank’s $18 billion annual technology budget isn’t 
buying faster versions of old processes. It’s buying the elimination of 
processes that shouldn’t exist and the transformation of processes that 
should. 

10 Weeks to 10 Minutes: Novo Nordisk 

JPMorgan is a financial services story. Here’s what E-S-A looks like in 
a regulated healthcare environment where the stakes are measured in 
patient outcomes, not processing speed. 

Novo Nordisk’s clinical study documentation process consumed 
more than 10 weeks from start to finish. For a pharmaceutical 
company, clinical documentation isn’t bureaucratic overhead—it’s the 
critical path between a drug’s development and its availability to 
patients. Every week of delay in documentation is a week that a 
treatment isn’t reaching the people who need it. The process had 
accumulated decades of manual handoffs, review cycles, approval 
gates, and formatting requirements. Multiple teams touched each 
document. Each handoff introduced delay. Each review cycle added 
weeks. 

Louise Lind Skov, Novo Nordisk’s Director of Content 
Digitalization, put it in pure Bruce Lee language: they didn’t automate 
the existing documentation process. They destroyed it and rebuilt 
from the ground up. The result: documentation that previously took 
10 weeks now takes 10 minutes. 
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Apply the E-S-A lens. Eliminate: They challenged which review 
cycles, formatting steps, and approval gates were genuinely required 
by regulatory bodies versus which had been added by internal teams 
over the years as institutional habit. In heavily regulated industries, 
the assumption is always that every step exists for a reason. Often it 
doesn’t. Standardize: They created consistent templates, structured 
inputs, and defined exactly what information was needed at each 
stage—eliminating the variation that made every document a bespoke 
production. Automate: With clean, standardized inputs, AI could 
generate documentation that met regulatory requirements without the 
cascading human handoffs that had consumed weeks. 

Skov described the impact not as operational efficiency but as 
fundamentally transforming how medicines reach patients. That’s the 
Capacity, Not Time reframe in action. The conversation wasn’t “we 
saved 10 weeks of staff time.” It was “patients get treatments faster.” 
Same transformation, completely different narrative—and the 
narrative that gets executive budgets renewed. 

The Destruction Value Formula made this an obvious priority: 
enormous utility (faster drug-to-patient timelines in a company whose 
entire business model depends on drug development speed), and 
while the cost was real (regulatory validation, change management 
across clinical teams, documentation standard creation), the ratio was 
compelling. The process was high-impact, high-risk, and high-
destruction-value. Exactly where E-S-A should be applied first. 

Why Partial Automation Is Worse Than No Automation 

The 30% of firms in the InvestOps survey operating “adequate” hybrid 
workflows—balanced automation with routine manual processes—face 
a problem that’s invisible on dashboards. Their systems handle 
routine cases beautifully. When transactions fit expected patterns, 
everything flows smoothly and the executive dashboard shows green 
across the board. 

Then an edge case appears. A non-standard transaction. An 
exception that doesn’t fit the automated rules. The system stops, the 
human intervenes, and the entire workflow reverts to manual 
processing for that case. If edge cases are rare, this is manageable. But 
in complex regulated environments, edge cases aren’t rare. They’re 
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constant. And every manual intervention reintroduces the variability, 
the errors, and the latency that automation was supposed to eliminate. 

This is automation-induced brittleness. The system works 
perfectly until it doesn’t, and when it doesn’t, it fails harder than the 
fully manual process because nobody remembers how to handle the 
exception. The institutional knowledge that once lived in experienced 
operators has been lost to attrition and retirement. The automated 
system didn’t capture it because it only needed to handle the standard 
path. 

In a regulated environment one missed exception isn’t a 
dashboard blip—it’s a FINRA letter, an OCR audit finding, or a 
patient-safety incident that lands on the front page of the Journal. The 
Frozen Middle knows this. They’ve seen it. That’s why they quietly 
keep the old manual override alive “just in case.” 

Dean McIntyre of SimCorp describes the consequence directly: for 
the 83% still operating hybrid workflows, T+1 settlement exposed the 
brittleness of manual handoffs. T+0 will make partial automation 
untenable, demanding the integration most firms have yet to build. 

The fix isn’t better automation. It’s going back to Step 1 and Step 
2. Eliminate the exceptions that shouldn’t exist. Standardize the ones 
that should. Then automate with clear escalation paths for genuine 
edge cases—not the manufactured complexity of a process that was 
never cleaned up. 

Squads as Process Destruction Units 

The Squad Model from Chapter 4 was designed for structured AI 
adoption. But squads serve a second, equally important function: 
they’re the natural unit for process destruction. 

Here’s why. Process elimination requires deep operational 
knowledge. You can’t decide what to kill from a conference room with 
a whiteboard. You need the people who actually do the work to tell you 
which steps are necessary, which are habitual, and which exist 
because of a regulation that expired seven years ago. That knowledge 
lives in squads—the 15-person teams closest to the workflows. 

Alpha-certified users within squads are especially critical for this 
work. They’ve progressed through Gamma (learning) and Beta 
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(approved workflows) and have the operational context plus the 
technical capability to assess which processes are candidates for E-S-A 
treatment. A Gamma user doesn’t have enough context to know what’s 
unnecessary. A Beta user executes within existing workflows. An 
Alpha user can step back and ask whether the workflow itself should 
exist. 

The process destruction exercise is designed as a squad-level 
effort. Each squad documents its top processes, applies the Two 
Questions (important? risky?), runs the Destruction Value Formula to 
prioritize within the high-impact bucket, and puts each surviving 
process through E-S-A. The squad’s Business AI Disruptor facilitates; 
Alpha users provide technical assessment; Beta and Gamma members 
contribute operational reality. 

This bottom-up approach solves the political problem that kills 
top-down process elimination. When a COO announces “we’re going 
to eliminate unnecessary processes,” middle management circles the 
wagons around everything in their domain. When a squad of 15 people 
who actually do the work identifies that three of their twelve processes 
serve no purpose, the evidence is harder to argue with. The 
elimination recommendation comes from the people closest to the 
work, not from consultants or executives who haven’t touched the 
workflow in a decade. 

NVIDIA’s data reinforces the direction: 42% of financial services 
firms are already using or assessing agentic AI—systems that 
autonomously execute complex tasks. But agentic AI deployed on 
messy processes produces autonomous chaos. The firms that will 
succeed with agents are the firms that used squads to clean their 
processes first. You don’t give an autonomous system the keys to a 
workflow that shouldn’t exist. 

What Remains Is Faster 

After two consecutive years prioritizing operational efficiency, 55% of 
firms in the InvestOps survey now prioritize competitive 
differentiation through innovation. Portfolio management and trading 
innovation jumped from 32% to 56% in a single year. Julia Cloud of 
Deloitte Global captures the inflection: streamlined execution is now 
the norm, underpinned by earlier simplification and standardization 
efforts that removed many reconciliation and touchpoint frictions. 
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That’s the payoff of process destruction. The firms that did the 
hard work of elimination and standardization aren’t just more 
efficient. They’re free. Free to pursue new strategies, new markets, 
new products—because they’re not spending 60% of their operational 
capacity on manual workarounds and hybrid workflows that drain 
talent and attention. 

Bruce Lee was right. Hack away at the unessential. What remains 
is faster, more powerful, and more adaptable than what you started 
with. 

You’ve now got the framework for structured AI access (Chapter 4, 
the Squad Model), the architecture for system-to-system automation 
(Chapter 5, the API Mandate), and the methodology for cleaning your 
processes before AI touches them (Chapter 6, E-S-A). The next 
question is foundational: what infrastructure needs to be in place 
before any of this works at scale? 

That’s Chapter 7—the boring, essential, career-defining work of 
building the technical foundation that makes AI transformation 
possible. Janitor Agents. Protocol Engineering. The infrastructure 
decisions that separate firms who deploy AI from firms who deploy AI 
that actually works. 
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Digital Assets 

The Permission Slip tool at flattenthej.com operationalizes the E-S-A 
Framework and the Destruction Value Formula from this chapter into 
an interactive exercise you can run with your leadership team. 

Two card types drive the conversation. Existence cards challenge 
whether a process should exist at all—questions like “Why does this 
process exist? Can anyone in this room answer without guessing?” and 
“If this process disappeared tomorrow, who would notice and what 
would break?” Redesign cards challenge how it should be rebuilt: 
“What would you have to stop believing about this process to redesign 
it completely?” and “If you were building this function from scratch 
today, would this process be in it?” 

Spin the wheel, discuss the card with your squad, decide. The tool 
is designed for the same 45-minute leadership conversation as the 
Start Here wheel from Chapter 3, but focused on destruction rather 
than selection. Where Start Here asks “What should we build?” 
Permission Slip asks “What should we kill?” 

Access the Permission Slip tool at flattenthej.com. 
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Chapter 6 Takeaways 

Start with the two litmus test questions. What’s the most 
important thing we do? What’s the riskiest thing we do? These 
questions prevent teams from defaulting to automating donkey 
work—low-value tasks that chew up time but don’t drive outcomes or 
prevent disasters. 

Destruction Value equals Utility divided by Cost. Use the 
same napkin heuristic from Stepping Stone selection to prioritize 
which processes to put through E-S-A first. High utility (massive 
capacity gain) and manageable cost (contained disruption) means 
start here. Don’t waste E-S-A effort on processes that are merely 
annoying. 

Complexity is a tax that compounds silently. Most 
processes survive because no one questions why they exist. AI doesn’t 
fix broken processes—it exposes them. 60% of firms are still duct-
taping manual workarounds they swore were temporary. 

The E-S-A framework forces discipline. Eliminate first. 
Then Standardize. Only then Automate. JPMorgan reduced 
360,000 hours of annual contract review to seconds—not by 
automating the old process, but by standardizing 150 key attributes 
and building AI on the clean substrate. Novo Nordisk compressed 10 
weeks of clinical documentation to 10 minutes by destroying the old 
process entirely. 

Partial automation is worse than no automation. Hybrid 
workflows handle routine cases beautifully and collapse on exceptions. 
In regulated environments, one missed exception is a FINRA letter, an 
audit finding, or a patient-safety incident. The 83% still operating 
hybrid systems face automation-induced brittleness that T+0 
settlement will make untenable. 

Squads are natural process destruction units. Alpha-
certified users have the operational context and technical capability to 
identify what should be eliminated. Bottom-up recommendations 
from the people closest to the work are harder to argue with than top-
down mandates from consultants. 

Next: Chapter 7—Building the Foundation: Janitor Agents and 
Protocol Engineering 
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"The way to become rich is to put all your eggs in one basket and 
then watch that basket." 

—Andrew Carnegie, address, 1885 

Chapter 7 

Building the Foundation 

Janitor Agents and Protocol Engineering 

Morgan Housel wrote about how the best investments aren't the ones 

that sound exciting---they're the ones built on boring, reliable 

foundations. A company with clean books beats a company with a 

charismatic CEO. A diversified portfolio beats a hot stock tip. The 

infrastructure you can't see determines whether the structure you can 

see will still be standing when conditions change. 

Carnegie understood this instinctively. Put all your eggs in one 

basket and watch that basket. The metaphor isn't about 

diversification---it's about focused attention on the thing that matters 

most. In enterprise AI, that basket is your data infrastructure. The 

models get the headlines. The infrastructure determines whether 

those models produce reliable results or expensive hallucinations. 

That principle applies directly to every AI deployment decision 

you'll make this year. The most critical choices aren't which model to 

deploy or which vendor sounds most impressive in the pitch. They're 

the unsexy architecture decisions that determine whether your AI 

investments will scale beyond pilots or collapse under production 

load. 

This chapter is written for executives who need to approve 

infrastructure budgets without having a computer science degree. You 

don't need to configure servers. You need to understand what you're 

buying, why it matters, and which constraints are negotiable versus 

which ones will kill your deployment if ignored. 
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The Infrastructure Problem in Hard Numbers 

The InvestOps 2026 survey of 200 global buyside operations leaders 

reveals the foundation problem clearly: 63% of investment firms lack 

a unified, real-time data layer across front, middle, and back office. 

Another 62% cite data quality and integrity as their top operational 

challenge. Forty-three percent struggle with data fragmentation and 

duplication across multiple systems and vendors. These aren't AI 

problems---they're infrastructure problems that AI exposes and 

amplifies. 

The consequences of getting this wrong aren't theoretical. In May 

2024, the CFTC fined JPMorgan \$200 million for misreporting 

critical data fields---a data quality failure at one of the world's most 

sophisticated financial institutions. Aggregate regulatory fines are at 

historic levels: the SEC issued nearly \$5 billion in enforcement 

actions in 2023 alone. As AI-powered models expand from credit 

scoring to fraud detection to automated reporting, every data 

inconsistency becomes a potential compliance violation at machine 

speed. 

SimCorp's Hugues Chabanis explains the core problem: AI trained 

on fragmented data just amplifies the inconsistencies firms spent 

decades cleaning up. Natural language prompting works on clean, 

unified data with complete lineage. Without it, prototypes succeed in 

controlled environments, but production systems fail when a single 

hallucination removes user confidence. Accuracy is key. 

One hallucination. That's all it takes to destroy months of adoption 

work. The Bain & Company survey found that 39% of executives cite 

quality and accuracy concerns---specifically hallucinations---as a top 

reason slowing GenAI adoption. The fix isn't better prompts. It's 

better infrastructure. 

Every month you delay unified data and Protocol Engineering is 

another month your J-curve stays steep. The 15% productivity dip that 

should last eight weeks stretches into four months. The Kill Zone 
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widens. Boards panic. Initiatives die. Fix the foundation first and you 

compress the valley; delay it and you widen the grave. 

You already know clean data matters. You've heard the single-

source-of-truth sermon from every consultant who's walked through 

your door. So we're not rehashing it here. The real value lies in the 

novel infrastructure concepts specific to AI adoption and flattening 

the J-curve: agent chains that automate data remediation, confidence 

scoring that quantifies trust, and Protocol Engineering that eliminates 

blank-box chaos. That's where we're spending our time. 

How Information Actually Moves 

Before you approve another infrastructure investment, you need to 

visualize how information actually moves through your organization. 

Not the org chart version where data flows neatly from system to 

system. The reality version where information gets stuck, duplicated, 

contradicted, and manually reconciled by people who know which 

spreadsheet to trust. 

Every piece of information goes through four stages before AI can 

do anything useful with it. 

Stage 1: Data Sources. Where information originates---CRM 

systems, ERP platforms, external APIs, document repositories, 

supplier feeds. The InvestOps survey shows 43% of firms struggle with 

fragmentation across multiple systems. That fragmentation didn't 

happen by accident. It happened because each department bought the 

tool that solved their immediate problem without thinking about how 

it connects to everything else. 

Stage 2: Processing Layers. Where raw data gets cleaned, 

transformed, and validated before AI touches it. This is the layer most 

firms skip entirely---which is why their AI hallucinates. This is where 

Janitor Agents come in, and we'll cover the architecture in detail next. 
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Stage 3: AI Touch Points. Where models interact with 

information---classification, generation, analysis, decision-making. 

Critical insight: if Stage 2 is broken, Stage 3 will fail catastrophically. 

The most sophisticated model in the world can't compensate for 

contradictory data. 

Stage 4: Output Delivery. How AI-enhanced information flows 

back to business systems and users---automated reports, API calls, 

dashboard updates, exception alerts. If the first three stages are solid, 

Stage 4 is straightforward. If they're not, you get what the InvestOps 

survey describes: 60% of firms implementing manual workarounds as 

temporary solutions. Manual workarounds mean your infrastructure 

is broken. That's not a training problem. That's an architecture 

problem. 

April Wilcox, Director of Investment Services at CalSTRS, captures 

the priority: the foundation of reliable predictive analytics is 

structured, well-governed data. That's why they're focusing on pulling 

everything into unified environments where it can be formatted, 

cleansed, and translated into a single, consistent language. Only then 

can AI models generate insights that are truly trustworthy and 

actionable. 

The Five-Stage Agent Chain 

The original Janitor Agent concept---small, cheap AI models cleaning 

data and tagging metadata before the main model sees it---works for 

simple use cases. But in production, at enterprise scale, data cleaning 

isn't a single task. It's a sequence of decisions. And sequences are best 

handled by chains of specialized agents, each doing one thing well. 

Picture your operations floor at 4:17 p.m. on quarter-end Friday. A 

pricing feed from a European vendor arrives 43 seconds late. One 

desk is already on the phone with Legal. Another is manually keying 

corrections into three different systems. Now imagine that same feed 

is greeted by five specialized agents working in sequence---before any 
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human even notices. That's not science fiction; that's the difference 

between surviving the Kill Zone and becoming a case study in what 

went wrong. 

The most effective data integrity architecture deploys five 

specialized agents in sequence. Each has a narrow mandate, clear 

inputs and outputs, and full audit logging. No single agent has the 

authority to both identify a problem and fix it---that separation of 

concerns is what makes the chain trustworthy. 

Agent 1: Triage. Scans incoming data for anomalies. Doesn't fix 

anything---flags. Missing fields, format inconsistencies, values outside 

expected ranges, duplicate records, timestamp conflicts. Think of it as 

the intake nurse in an emergency room: assess severity, assign 

priority, route to the right specialist. Translation for the budget 

meeting: this agent replaces the three FTEs who currently spend their 

days chasing format errors. 

Agent 2: Analysis. Takes flagged data and determines the 

nature of the issue. Is this a formatting problem fixable automatically? 

A source conflict requiring reconciliation? A missing data point 

requiring enrichment from another system? Or a genuine anomaly 

suggesting upstream corruption? The analysis agent classifies and 

determines whether automated intervention is safe or whether the 

issue needs human eyes. Translation for the budget meeting: this is 

the senior analyst who used to spend four hours per exception---

compressed into seconds. 

Agent 3: Decision. Selects the appropriate remediation action 

based on the analysis classification. Formatting issues route to auto-

correction. Source conflicts apply reconciliation rules based on 

confidence scoring. Missing data triggers enrichment queries to 

authoritative sources. Genuine anomalies escalate to human review. 

The decision agent operates within governance rules---it can't invent 

new remediation strategies. It picks from a pre-approved menu of 

actions. Translation for the budget meeting: this is your rule book---
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automated, consistent, and never distracted by a fire drill on the other 

desk. 

Agent 4: Data Change. Executes the selected remediation 

within strict governance boundaries---no unauthorized changes, no 

overwriting without logging, no modifications to data classified as 

"human review required." Every change is versioned. The original data 

is preserved. If the remediation turns out to be wrong, you roll back 

without losing anything. Translation for the budget meeting: every 

change is reversible, every action is documented, and your auditors 

will love you for it. 

Agent 5: Audit. Logs every action taken by every other agent in 

the chain. What was flagged, classified, selected, changed, and what 

the before/after state looks like. This creates a complete, immutable 

audit trail that satisfies regulatory requirements and gives executives 

full traceability. When your compliance team asks "what happened to 

this data point?" the answer is documented, timestamped, and 

attributable. Translation for the budget meeting: this is how you 

answer the regulator's question before they finish asking it. 

The key insight for executives: you're not replacing the people who 

manually reconcile data today. You're giving them a system that 

handles the 90% of cases that are routine so they can focus on the 10% 

that genuinely require human judgment. 

Confidence Scoring: Quantifying Trust 

Underpinning the agent chain is a confidence scoring model. Every 

data point that enters your system gets assigned a trust score based on 

three factors: the reliability of its source, its historical accuracy, and 

its consistency with other data points in the same domain. 

A pricing data point from Bloomberg with a ten-year track record 

of 99.8% accuracy and no conflicts with other sources might score 

0.97 out of 1.0. A manually entered spreadsheet value from a regional 

office, updated inconsistently and conflicting with two other sources, 
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might score 0.34. The agent chain uses these scores to make 

reconciliation decisions. When two sources conflict, the higher-

confidence source wins---automatically, transparently, and with full 

documentation of why. 

Confidence scores aren't static. They update over time as sources 

prove themselves reliable or unreliable. A vendor feed that was 

accurate for three years but started producing errors last quarter will 

see its score degrade. A newly integrated system that consistently 

matches authoritative sources will see its score increase. This creates a 

self-improving data quality engine that gets smarter the longer it runs. 

For executives, confidence scoring answers a question that has 

historically required tribal knowledge: "Which system do I trust?" 

Instead of relying on the operations analyst who's been there fifteen 

years and knows that Bloomberg is right for fixed income but the 

internal system is better for FX, the confidence scoring model codifies 

that institutional knowledge into a quantitative framework. When that 

analyst retires, the knowledge doesn't walk out the door. 

Here's why external confidence scoring matters more than you 

think. Princeton researchers tested 14 AI models across 500 

benchmark runs and found that agents' self-reported confidence 

carries almost no signal. Most models couldn't distinguish their own 

correct predictions from incorrect ones any better than random 

chance. Your AI doesn't know when it's wrong. That's the empirical 

case for an independent quality layer---Janitor Agents with externally 

computed confidence scores---rather than trusting the model's own 

assessment of its output. If you're relying on an AI system to flag its 

own hallucinations, you're relying on the one entity least equipped to 

catch them. 

Any data flagged with low confidence or ambiguous outcomes is 

not acted on automatically---it gets kicked out for human review. This 

is the human-on-the-loop principle applied to data integrity. The 

agent chain handles high-confidence, routine remediation 

autonomously. Edge cases get routed to humans. Automation handles 
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the volume; humans handle the judgment calls. The audit agent 

documents everything. 

Protocol Engineering: From Chaos to Control 

Here's the uncomfortable truth: your employees are terrible at writing 

prompts. That's not a training problem. That's a design problem. 

The average ChatGPT Enterprise session involves 1.4 prompts. 

One attempt, maybe one follow-up, done. No iteration. No refinement. 

No structured thinking about what information the model needs to 

produce accurate results. You can train employees on prompt 

engineering best practices all you want. They won't use them. Because 

typing into a blank box is cognitively expensive, and humans optimize 

for effort, not quality. Remember the \$1.8M annual Toy Mode tax we 

calculated in Chapter 1---five thousand seats at thirty dollars a month, 

each generating marginally useful email rewrites. That's not an 

adoption problem. It's an infrastructure problem wearing adoption's 

clothes. 

The enterprise solution isn't better training. It's better 

infrastructure. Protocol Engineering is the answer. 

Instead of asking users to craft creative prompts in blank boxes, 

you give them structured input fields---like Mad Libs---that generate 

optimized prompts on the backend. Users never see the prompt. They 

see a form. The system handles everything else. 

Bad approach (blank-box prompting): "Write a compliance 

memo about this trade exception." 

Good approach (Protocol Engineering): User fills in 

structured fields: Trade ID (auto-populated from system), Exception 

Type (dropdown: Settlement Delay / Pricing Discrepancy / 

Counterparty Issue / Documentation Gap), Business Impact 

(dropdown: Client-Facing / Internal Only / Regulatory Reportable), 
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Resolution Deadline (date picker), and Additional Context (optional 

text field, max 200 characters). 

The system executes Protocol #307 on the backend: generate 

compliance memo for the specified trade with the selected exception 

type, use the standard template, include regulatory citations from the 

compliance database, set the resolution deadline, flag for Legal review 

if regulatory reportable, include client communication template if 

client-facing, and cross-reference similar exceptions in the past 90 

days to detect patterns. If more than three similar exceptions are 

found, escalate to Risk Committee with trend analysis. 

User sees: "Compliance memo generated. Flagged for Legal 

review---exception is regulatory reportable." 

The user provided four pieces of information. The system handled 

regulatory citations, template selection, escalation logic, pattern 

detection, and routing---all automatically. That's Protocol 

Engineering. 

The same architecture works across regulated industries. In 

insurance, the structured fields auto-pull policy number, claim type, 

and state-specific citation tables. In healthcare, they pull patient 

encounter codes, formulary references, and HIPAA-compliant 

disclosure language. The form changes; the principle doesn't. Users 

fill in what they know. The system handles what they shouldn't have to 

look up. 

The Princeton research validates this approach with hard data. 

Their study found that AI agents handle server crashes and technical 

failures gracefully---but break when instructions are rephrased with 

the same meaning. Same task, same intent, different words, different 

results. That's the empirical case for locking input structures. Every 

freestyle prompt introduces the exact variability the research shows 

degrades performance. Protocol Engineering isn't bureaucratic 

overhead. It's a reliability requirement backed by evidence. If agents 

produce inconsistent outputs when humans phrase requests 
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differently, the solution isn't training humans to phrase requests 

consistently---that's a losing battle. The solution is removing the 

human from the phrasing equation entirely. 

Why this matters for executives: consistency---every compliance 

memo follows the same template logic, one protocol executed 

correctly every time. Auditability---when regulators ask "how did your 

AI generate this memo?" you point to Protocol #307 with logged 

inputs and documented decision trails. The InvestOps survey shows 

48% of firms prioritize regulatory and compliance automation as a top 

AI application. You can't automate compliance if you can't explain 

what the system did and why. Control---you control what AI can and 

can't do by controlling which protocols exist and who can execute 

them. 

This maps directly to the Squad Model from Chapter 4: Gamma 

users view and practice with protocols in sandbox mode. Beta users 

execute standard protocols against production data. Alpha users 

modify existing protocols and deploy new ones. No certification, no 

access. And when regulations change, you update Protocol #307 

centrally. Every memo generated after that change is compliant. You 

don't need 200 analysts to individually learn new rules. 

The Constraints That Actually Matter 

Every infrastructure conversation hits constraints. Budget, legacy 

systems, regulation, security. The question isn't whether constraints 

exist---they always do. The question is which are actually binding 

versus which are institutional inertia pretending to be constraints. 

In regulated industries, some infrastructure decisions aren't yours 

to make. Financial services firms face data residency requirements, 

seven-year minimum audit trail retention, and model explainability 

mandates from SEC, FINRA, and OCC. Healthcare organizations deal 

with PHI encryption requirements under HIPAA and sixty-day breach 

notification timelines. Insurance companies navigate actuarial review 
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of AI-based pricing models and state-varying data privacy 

frameworks. If your CTO can't tell you definitively whether the 

proposed architecture satisfies all applicable regulatory requirements, 

you're not ready to approve the budget. 

Legacy systems present a different challenge. True binding 

constraints must be integrated: core transaction systems, regulatory 

reporting that can't go dark during migration, customer-facing 

systems with contractual SLAs, and systems with decades of 

unmigrateable history. False constraints should be killed: reporting 

tools twelve people use out of habit, departmental databases 

duplicating authoritative sources, and workarounds that became 

permanent because nobody had authority to end them. Budget for 

integrating the first category. Kill the second. The most expensive 

infrastructure is the stuff you maintain because you're afraid to make 

a decision. 

On budget, think in three tiers. Minimum viable (\$300K--

\$800K first year) gets you past pilots but caps around 500--1,000 

users. Production-scale (\$1.2M--\$3.5M) adds the agent chain, 

confidence scoring, Protocol Engineering, and enterprise security for 

1,000--5,000 users. Enterprise transformation (\$5M--\$15M+) 

supports multi-region deployment, real-time data sync, custom model 

hosting, and end-to-end transformation for 5,000+ users. The 

InvestOps survey shows vendor priorities: 57% cite stability as top 

criterion, 54% prioritize innovation access. Firms want established 

vendors who deliver cutting-edge capabilities. 

The Foundation Value Formula 

Chapter 3 introduced the Value Formula for Stepping Stone project 

selection: Value equals Utility divided by Cost. Chapter 6 adapted it 

for process destruction decisions. The same heuristic applies here, 

adapted for infrastructure investment prioritization---because the 

budget tiers above don't tell you where to start. They tell you what it 

costs. You still need to decide what to buy first. 
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For infrastructure decisions, Utility means the number and 

breadth of AI use cases an investment unblocks. A unified data layer 

scores high because every downstream application benefits---the 

agent chain, confidence scoring, Protocol Engineering, reporting, and 

any future use case you haven't imagined yet. An integration with a 

single legacy system scores lower---it solves one bottleneck for one 

workflow. The question to ask: if we build this, how many teams can 

do something with AI that they couldn't do yesterday? 

Cost means the same thing it means in every other application of 

the formula: organizational energy. How long does the 

implementation take? How many existing systems does it disrupt 

during migration? Does it require vendor contracts, procurement 

cycles, Legal review? Does it create dependencies on scarce technical 

talent you don't have? How much ongoing maintenance does it 

demand once deployed? Infrastructure cost is particularly treacherous 

because it compounds. A system that takes six months to deploy and 

requires two full-time engineers to maintain has a far higher real cost 

than its sticker price suggests. The engineers you assign to 

maintenance are engineers you can't assign to building new 

capabilities. 

Here's how the formula changes the conversation. Without it, 

infrastructure investment debates default to two modes: the CTO 

presents a wish list organized by technical elegance, or the CFO 

demands an ROI calculation that nobody can honestly produce for 

foundational work. Both modes fail. The wish list ignores 

organizational reality. The ROI calculation forces fabricated precision 

on inherently uncertain investments. The Value Formula replaces 

both with a pragmatic question: which investment unblocks the most 

AI capability per unit of organizational energy? 

Run your infrastructure backlog through the formula and patterns 

emerge. The unified data layer almost always wins---massive utility 

because every team benefits, and while the cost is real, it's a one-time 

migration that reduces maintenance burden long-term. The agent 
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chain scores high utility for firms with significant data reconciliation 

volume---if your operations team spends 40% of their time reconciling 

data across systems, automating that process unblocks capacity across 

the organization. Protocol Engineering scores high utility and 

relatively low cost because it's a software layer that sits on top of 

existing infrastructure rather than replacing it. 

The investments that score poorly are the ones that sound 

impressive in vendor demos but solve narrow problems. A custom 

model hosting environment for one department's specific use case. A 

multi-region deployment when your operations are concentrated in 

two locations. An enterprise-grade orchestration platform when you 

have twelve people using AI in production. These are Tier 3 

investments masquerading as Tier 1 priorities. The ratio exposes 

them: narrow utility, enormous cost. 

The formula also protects against a common infrastructure trap: 

building for a future that may never arrive. Executives love to approve 

architectures designed for 10,000 users when the current deployment 

serves 200. That's not visionary planning---it's sunk cost creation. The 

Value Formula forces you to evaluate utility based on what the 

investment unblocks now, not what it theoretically supports in three 

years. Build for the next phase of the J-curve, not for the final state. 

You can always expand infrastructure. You can't recover the eighteen 

months you spent building a platform that's 95% unused. 

Like the Stepping Stone and Destruction formulas, this isn't a 

calculation---it's a prioritization conversation. When the CTO says "we 

need a unified data platform" and the head of operations says "we 

need the agent chain for reconciliation," the formula gives you a 

structured way to ask: which one unblocks more downstream value 

per dollar and per month of implementation time? The answer might 

be "both, in sequence"---unified data first because the agent chain 

needs clean data to operate on. The formula surfaces dependencies 

that technical roadmaps often bury. 
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Infrastructure Meets the Squad Model 

The agent chain, confidence scoring, and Protocol Engineering don't 

deploy themselves. They need governance---and that governance 

maps directly to the Squad Model from Chapter 4. 

Gamma-certified users interact with protocols in sandbox 

environments. They're learning which protocols exist, how inputs map 

to outputs, and what the system can and can't do. They see confidence 

scores but can't act on low-confidence data. They're building fluency 

without risk. 

Beta-certified users execute standard protocols against 

production data. They run Protocol #307 to generate compliance 

memos. They query production systems through secure integration 

layers. They see and act on the agent chain's outputs for routine cases. 

But they operate within pre-approved boundaries---no custom 

protocols, no modifications to existing ones, no overrides on 

confidence scoring decisions. 

Alpha-certified users are the infrastructure operators. They 

modify protocol logic when regulations change. They adjust 

confidence scoring weights when new data sources come online. They 

design new agent chain rules for novel data types. They deploy new 

integrations. Alpha users are rare---you might have five in a squad of 

fifteen---and they carry the responsibility that comes with production 

access. 

This tiered access model ensures that infrastructure investments 

are protected by the same governance that protects AI usage. The 

agent chain enforces data quality rules---but those rules are set by 

Alpha users and executed by Beta users within squad-level 

accountability. The Business AI Disruptor from each squad 

coordinates with the infrastructure team to ensure protocols match 

operational reality. 

The Path Forward 
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You now have the map: the Four-Stage Information Flow shows where 

data breaks, the Five-Stage Agent Chain automates remediation with 

full auditability, Confidence Scoring quantifies trust because your AI 

can't, Protocol Engineering eliminates blank-box chaos, and the 

Foundation Value Formula tells you what to build first. The 

technology works. The question is whether people will use it. 

Chapter 8 addresses that problem: radical transparency through 

AI Leaderboards, and how to flip the Frozen Middle from resisters 

into champions. 

Infrastructure enables transformation. Adoption delivers it. 
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Digital Assets 

The Protocol Vault at flattenthej.com is a live demonstration of 

Protocol Engineering in action. Ten protocols across four categories---

Sales, HR, Legal, and Vendor---show exactly how structured inputs 

replace blank-box prompting at enterprise scale. 

Users fill in form fields. The system executes the protocol on the 

backend via AI. Users never see the prompt. They see a professional 

document generated from their structured inputs---a prospect 

research brief, a job description with bias-flagged language, a contract 

review summary, a vendor RFP customized to their industry and 

regulatory environment. 

This isn't a downloadable PDF. It's the concept from this chapter 

working in production. The consistency, auditability, and control that 

Protocol Engineering promises---demonstrated. 

Access the Protocol Vault at flattenthej.com. 
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Chapter 7 Takeaways 

Foundations determine outcomes. 63% of firms lack unified 

data infrastructure. That gap prevents transformation regardless of 

model sophistication. The CFTC fined JPMorgan \$200 million for 

misreporting data fields---data quality failures carry real 

consequences at machine speed. 

The Four-Stage Information Flow. Sources → Processing 

(Agent Chain) → AI Touch Points → Output Delivery. If Stage 2 is 

broken, Stage 3 fails catastrophically. 60% of firms are implementing 

manual workarounds because their infrastructure can't support 

automation. 

The Five-Stage Agent Chain. Triage → Analysis → Decision → 

Data Change → Audit. Replaces manual data reconciliation with 

automated, auditable data integrity at scale. Humans handle the 10% 

that requires judgment; the chain handles the 90% that's routine. 

Your AI doesn't know when it's wrong. Princeton 

researchers found that agents' self-reported confidence is no better 

than random chance. That's why you need Janitor Agents as an 

independent quality layer with externally computed confidence 

scores---not reliance on the model's own self-assessment. 

Protocol Engineering is empirically validated. AI agents 

handle technical failures gracefully but break when instructions are 

rephrased with the same meaning. Locking input structures 

eliminates the variability that degrades performance. Users fill forms; 

systems execute protocols. Consistency, auditability, and control---

mapped to Squad Model tiers. 

Foundation Value equals Utility divided by Cost. Evaluate 

infrastructure investments by how many AI use cases they unblock per 

unit of organizational energy. Unified data layers almost always win. 

Custom solutions for narrow problems almost always lose. Build for 

the next phase of the J-curve, not the final state. 
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Only infrastructure-first organizations escape the Kill 

Zone with their momentum intact. Only 17% of firms achieved 

full straight-through processing (InvestOps 2026). The other 83% 

built AI on broken foundations. Fix the foundation first. 

Next: Chapter 8---Driving Adoption: The Radar Speed Sign and The 
Frozen Middle 

∗ ∗ ∗ 
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“What you do speaks so loudly that I cannot hear what you 
say.” 

—Ralph Waldo Emerson, “Social Aims,” Letters and Social 
Aims (1876) 

Chapter 8 

Driving Adoption 

The Radar Speed Sign and The Frozen Middle 

In Same as Ever, Morgan Housel writes about the power of social 
proof. People don’t change their behavior because you explained why 
they should. They change because they saw someone else do it and get 
rewarded for it. 

A toddler learns to walk not by reading an instruction manual but 
by watching other toddlers take wobbly steps. Investors pile into tech 
stocks not because they ran the DCF models but because their 
neighbor made 40% last year. Smokers quit not when their doctor 
lectures them but when their friends quit first. 

This isn’t weakness. It’s how humans are wired. We’re social 
creatures who scan our environment constantly for signals about 
what’s working and what isn’t. We trust our own eyes more than we 
trust your PowerPoint. 

Emerson saw this 150 years ago. What you do speaks louder than 
what you say. No amount of executive messaging about “embracing 
innovation” will move the needle if employees can’t see anyone 
around them actually innovating. And no mandate will stick if the 
people closest to the work—the middle managers, the squad leaders, 
the domain experts—aren’t visibly using the tools themselves. 

This chapter is about two problems that kill enterprise AI adoption 
after the technology works: invisibility and resistance. The first is 
solved by radical transparency. The second is solved by a five-step 
protocol that turns your biggest resisters into your most powerful 
advocates. 

The Visibility Gap 
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Your company spent millions on AI tools. You mandated training. You 
had the CEO record a video about “embracing innovation.” Three 
months later, the usage reports land on your desk and the numbers 
are ugly. 

OpenAI’s 2025 State of Enterprise AI report—based on real usage 
data from over a million business customers and a survey of 9,000 
workers across nearly 100 enterprises—found a widening gap between 
leaders and laggards that should alarm every executive reading this. 
Frontier workers are sending six times more messages than median 
users. Frontier firms are sending twice as many messages per seat as 
median enterprises. The capability gap isn’t about who bought the 
tools. It’s about who’s actually using them. 

The Wharton School’s 2025 AI adoption study, conducted with 
GBK Collective across three consecutive years, paints the same picture 
from a different angle. Eighty-five percent of employees remain stuck 
at stages two and three of AI adoption—basic prompting and light 
assistance. Fewer than 10% reach stage four, where AI becomes a 
genuine collaborative partner. Meanwhile, 42% of companies 
abandoned most AI initiatives during the year, up from 17% in 2024. 

Writer’s 2025 enterprise survey of 1,600 knowledge workers found 
that only 28% of employees know how to use their company’s AI 
applications. Not “don’t have access.” Don’t know how. And 35% are 
paying out of pocket for AI tools because the enterprise offerings 
aren’t meeting their needs. 

The problem isn’t training. It’s visibility. Nobody knows what 
“good” looks like because the data is locked in IT dashboards that 
employees never see. 

Radical Transparency: The Radar Speed Sign 

In the early 2000s, hospitals were losing the hand-hygiene war. 
Infection rates were climbing despite years of training, signage, and 
policy memos. Then a handful of systems tried something different: 
they installed real-time compliance scoreboards outside every ward. 
Not buried in quarterly reports. Not discussed behind closed doors. 
Visible to every nurse, physician, and visitor who walked past. 
Compliance rates at participating institutions jumped from the low 
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40s to nearly 90% within months. Nobody changed the rules. Nobody 
added incentives. They just made the data impossible to ignore. 

The same principle operates on residential streets. Those radar 
speed signs don’t issue tickets. They don’t change the speed limit. 
They just show you your speed compared to the limit. And people slow 
down. 

This scales to enterprise AI adoption. When you show people their 
behavior compared to their peers, they change without being told to 
change. 

Most companies track AI usage in secret. IT runs reports. 
Leadership reviews them behind closed doors. Nobody tells the people 
who aren’t using the tools that they’re falling behind. The data exists. 
It’s just invisible to the people who need to see it. 

The fix is radical transparency. Publish the usage data. Make it 
visible by squad, by department, by team. Not daily active users—
that’s a vanity metric that tells you nothing about value. Track the 
metrics that matter: tokens per complex task, iteration rates per 
session, protocol usage versus blank-box prompting, and Gamma-to-
Beta-to-Alpha certification progression within each squad. 

Make it comparative. Make it impossible to ignore. And watch 
what happens. 

The Monday Leaderboard 

Radical transparency requires an operating cadence, not a one-time 
dashboard. Here’s how to build it. 

Every Monday morning, the Business AI Disruptor from Chapter 
3—or a designated squad lead—publishes a leaderboard to a channel 
visible to all squads. The leaderboard contains five fields for each 
squad: current Gamma/Beta/Alpha certification mix (how many 
members at each tier), tokens per complex task (are people using AI 
for substantive work or just email cleanup), protocol adoption rate 
(percentage of AI interactions using structured protocols versus 
blank-box prompting), cycle-time reduction on the squad’s primary 
workflow, and one featured peer win—a specific example of a squad 
member who used AI to deliver a measurable result that week. 
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The featured peer win is the most important field on the 
leaderboard. It puts a name and a story next to the numbers. It’s the 
difference between “Squad 7 reduced cycle time 18%” and “Maria in 
Squad 7 used Protocol L-01 to cut contract review from four hours to 
45 minutes on the Henderson deal.” The first is a statistic. The second 
is a story people repeat at lunch. 

What do leaders do with the leaderboard? Three things. First, 
celebrate the top-performing squads visibly—mention them in 
leadership meetings, copy their squad lead on recognition emails. 
Second, investigate any squad that drops two weeks in a row. Not 
punitively. Diagnostically. Is the squad lead engaged? Does the squad 
have a blocker—a data access issue, a process bottleneck, a missing 
protocol? Third, rotate the featured peer win into a monthly company-
wide showcase. This creates the flywheel: visibility drives adoption, 
adoption creates wins, wins create visibility. 

What Visibility Looks Like in Practice 

Qualcomm’s AI rollout is one of the best-documented examples of 
how transparency and peer pressure drive enterprise adoption 
without mandates. 

The company deployed an enterprise AI platform initially with its 
marketing and communications team. During the pilot, 100% of users 
wanted to adopt the platform full-time—an unheard-of retention rate 
that gave the team confidence to scale. The onboarding approach was 
deliberate: cohort-based training, office hours, use case development 
workshops. Within months, there were over 100 active users. 

Then the critical thing happened. Word spread. Other 
departments saw what marketing was producing and how fast they 
were moving. Senior Manager of Marketing Brent Summers described 
the dynamic: “WRITER helped us be wildly successful. So much so 
that other teams had fear of missing out and asked to get access as 
well.” 

That’s the Radar Speed Sign in action. Nobody mandated that 
legal, product, analytics, sales, learning and development, HR, and 
internal communications adopt AI tools. They saw marketing saving 
2,400 hours per month across all users. They saw 85% weekly active 
usage rates—60% using the tools multiple times per week. They saw 
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25 vetted use cases and 70 defined workflows generating visible, 
measurable output. 

VP of Marketing Carmen True put it plainly: “We use it across all 
the different disciplines and it powers the whole collective suite of 
assets and deliverables that we create.” 

The adoption engine wasn’t executive memos. It was visible 
success. One team demonstrated results. Other teams noticed. Fear of 
missing out did the rest. 

This is Housel’s principle made operational. People copy what 
works. They copy faster when the results are visible. And they copy 
fastest when the people succeeding are their peers—not some abstract 
case study from a company they’ve never visited, but the team down 
the hall that’s suddenly delivering faster than everyone else. 

Squads as Adoption Engines 

Chapter 4 established that squads of roughly 15 people—small enough 
for everyone to know each other, large enough for meaningful peer 
comparison—create the social container where transparency works. 
The Gamma-to-Beta-to-Alpha certification tiers are visible within 
each squad, generating organic pull without mandates. 

This chapter applies that structure to adoption execution. The 
question isn’t whether squads drive behavior change—the research is 
clear that they do. The question is what, specifically, to make visible 
and how to translate visibility into action. 

Squad-level leaderboards matter more than company-wide 
metrics. A company-wide dashboard showing “65% adoption rate” is 
abstract. A squad dashboard showing that 11 of your 14 teammates 
have completed Beta certification and you’re one of three people still 
at Gamma is visceral. It’s personal. It’s the difference between reading 
a national obesity statistic and stepping on a scale in front of your 
running club. 

OpenAI’s enterprise data confirms this dynamic at scale. Usage of 
structured workflows—projects, custom GPTs, repeatable processes—
increased 19 times year-to-date. Average reasoning token 
consumption per organization increased approximately 320 times in 
12 months. The firms seeing these numbers aren’t the ones sending 
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more emails about AI strategy. They’re the ones making usage visible, 
making progress measurable, and letting social dynamics do the heavy 
lifting. 

The Frozen Middle 

You published the squad leaderboards. Usage is climbing. Gamma-to-
Beta progression is accelerating. Then you hit a wall. 

The wall has a name. Actually, it has about 40 names—the Senior 
Vice Presidents and Directors who’ve spent 15 to 20 years building 
expertise that AI now threatens to commoditize. This is The Frozen 
Middle—the management layer where AI initiatives go to die. 

Writer’s 2025 survey captured the scale of this problem: 42% of C-
suite executives report that the process of adopting AI is “tearing their 
company apart.” Seventy-two percent say their company has faced at 
least one major challenge on the AI adoption journey. The challenges 
aren’t technical. They’re political: power struggles, conflicts, 
organizational silos, and—the survey’s word, not mine—sabotage. 

Middle management resistance isn’t irrational. These are 
competent people who built careers on being the expert, the 
gatekeeper, the person who knows how things work. AI threatens that 
identity. Their power comes from accumulated knowledge—knowing 
which vendor to call, which process shortcut works, which client needs 
special handling. When AI can surface those answers in seconds, the 
value of 20 years of institutional knowledge feels like it’s evaporating. 

The InvestOps 2026 data tells you where this resistance shows up 
operationally: 26% of firms cite resistance to change among 
employees as a top AI challenge. But the more revealing number is 
what firms did when T+1 settlement arrived—65% expanded 
operational teams instead of accelerating automation. That decision 
doesn’t happen at the C-suite level. It happens in middle 
management, where the people closest to operations choose the 
familiar path of adding headcount over the uncertain path of trusting 
AI to handle the load. 

What Resistance Looks Like Up Close 
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At a mid-sized energy company in the Permian Basin, the CTO rolled 
out an AI platform for geological analysis in early 2025. Forty-five 
senior managers were scheduled for onboarding. Thirty-eight found 
reasons to skip the first session. Seven showed up. Two of those spent 
the session on their phones. 

Steve was one of the 38. Twenty-two years in petroleum 
engineering. Three patents. The guy other engineers called when a 
well log didn’t make sense. Steve didn’t say he was against AI. He said 
he was “too busy”—the polite version of “this threatens everything I’ve 
built.” 

The CTO made a smart move. Instead of mandating attendance, 
she asked Steve to review the AI’s geological analysis for a formation 
the company was evaluating in the Delaware Basin. Not to use the 
tool. To grade it. To find what it got wrong. 

Steve found three errors in the first report. He documented them 
thoroughly—formation depth misidentified, porosity estimate 
overstated based on incomplete log data, and a lateral spacing 
recommendation that ignored a known fault line. He delivered a five-
page critique to the CTO with visible satisfaction. 

Then the CTO showed him the second report—generated after the 
AI incorporated his corrections. The revised analysis identified a 
drilling pattern Steve hadn’t considered: a correlation between two 
formation characteristics across 14 wells that would have taken his 
team weeks to map manually. Steve stared at it for a long time. 

Within six weeks, Steve was running the AI geological analysis 
workflow for his entire division. Not because anyone mandated it. 
Because he realized the tool was better when his 22 years of domain 
expertise shaped its inputs. He wasn’t being replaced. He was the 
reason the AI produced useful output instead of generic analysis. His 
institutional knowledge—the exact thing he feared losing—was what 
made the system work. 

Three months later, 31 of the original 38 no-shows had completed 
onboarding. Not because the mandate changed. Because Steve told 
them to. 

The Five-Step Unfreezing Protocol 
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Steve’s conversion wasn’t an accident. The CTO followed a pattern—
whether she knew it or not—that works across industries and 
functions. Here’s the protocol, formalized. 

Step 1: Identify. Find three to five middle managers who are already 
using AI successfully. They exist in every organization, even resistant 
ones. Look for the quiet adopters—the Director who built a protocol 
for her team without telling anyone, the SVP who uses AI for board 
prep but doesn’t mention it in meetings. Document their results 
privately. You need proof before you need visibility. 

Step 2: Reposition. Take the most respected resisters—the Steves—
and reposition them as quality reviewers, not AI students. The 
framing matters enormously. “Complete this training module” triggers 
identity threat. “We need your domain expertise to evaluate whether 
this AI output meets our standards” triggers professional pride. Same 
activity. Opposite emotional register. Qualcomm’s organic spread 
followed this pattern: Legal’s Senior Director of Counsel saw what 
marketing was doing with trademark compliance workflows and 
recognized the application to her own domain. Nobody told her to 
adopt. She saw professional relevance. 

Step 3: Demonstrate. Showcase the quiet adopters at visible 
forums—leadership meetings, department all-hands, quarterly 
reviews. Present business outcomes, not technology features. “Sarah’s 
team reduced RFP turnaround from three weeks to four days” lands. 
“Our AI platform processes 40,000 tokens per complex query” 
doesn’t. The audience is other middle managers, not the CTO. Frame 
every showcase as a peer success story, not AI evangelism. 

Step 4: Formalize. Create an Alpha certification track within each 
squad that carries visible prestige—recognition at leadership 
meetings, first access to new capabilities, and explicit consideration 
for promotion discussions. The message isn’t “learn AI or else.” It’s 
“the people building automated workflows are the ones getting 
promoted.” Position Alpha certification as elevation, not compliance. 
Middle managers who combine 20 years of institutional knowledge 
with AI capability become your most valuable people—if they’re 
willing to make the shift. 

Step 5: Accountability. After six months of transparency, 
showcases, and prestige incentives, assign leadership of critical-path 
AI projects to managers with demonstrated adoption results. This isn’t 
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punishment for holdouts. It’s organizational design—matching 
leadership scope to demonstrated capability. AI-fluent managers lead 
high-visibility work. Managers who haven’t engaged lead lower-
priority initiatives. No demotion. No pay cut. A quiet organizational 
signal that AI fluency is now a prerequisite for leadership on high-
stakes projects. 

Most holdouts read the signal and enroll in certification within 90 
days. The Wharton study found that among decision-makers lagging 
behind their peers, the constraints include tighter workplace usage 
restrictions and low trust. The unfreezing protocol addresses both—
loosening restrictions through repositioning, building trust through 
demonstrated peer results. 

The Gap Compounds 

OpenAI’s enterprise data reveals something that should keep every 
lagging executive up at night: the gap between leaders and laggards 
isn’t closing. It’s widening. Frontier firms aren’t just using AI more. 
They’re using it for increasingly sophisticated tasks. They’re building 
structured workflows, deploying custom applications, integrating AI 
into core business processes. The median firm is still experimenting. 

NVIDIA’s financial services survey tells the same story: 42% of 
firms are now using or assessing agentic AI. Twenty-one percent have 
deployed agents in production. These aren’t the firms still fighting 
about whether middle managers should complete basic training. 
These are firms where Alpha-certified users within squads are 
building autonomous workflows that compound capacity week over 
week. 

Every month you spend fighting the Frozen Middle is a month 
your competitors spend building capabilities you’ll struggle to match. 
The J-curve from Chapter 2 is unforgiving enough. Adding six months 
of middle management resistance on top of the productivity dip turns 
a survivable trough into an extinction event. 

The answer isn’t more training slides. It isn’t another CEO video 
about innovation. It’s making success visible, making progress 
measurable at the squad level, and letting the most powerful force in 
organizational behavior—peer pressure—do the work that mandates 
never will. Publish the scoreboard. Elevate the converted skeptics. Tie 
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leadership scope to demonstrated AI fluency. That’s the operating 
instruction. 
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Chapter 8 Takeaways 

Visibility beats mandates. People change behavior when they 
see peers succeeding, not when executives send emails. Publish squad-
level usage data every Monday. Make progress comparative and 
impossible to ignore. Qualcomm’s 85% weekly active usage and 
organic cross-department expansion happened without mandates—
through visible results and peer-driven FOMO. 

The Monday Leaderboard is your operating cadence. Five 
fields per squad: certification mix, tokens per complex task, protocol 
adoption rate, cycle-time reduction, and one featured peer win. 
Celebrate top performers, investigate two-week declines, and rotate 
wins into company-wide showcases. 

The Frozen Middle is your biggest adoption risk. Forty-two 
percent of C-suite executives say AI adoption is “tearing their 
company apart.” The resistance layer is middle management, where 
domain expertise meets identity threat. Mandates produce checkbox 
compliance. Prestige and peer pressure produce genuine 
transformation. 

Turn resisters into quality reviewers, then experts. 
Reposition resistant domain experts as AI evaluators—grading the 
system’s output, not learning to use it. The shift from threat to pride 
happens when institutional knowledge becomes the ingredient that 
makes AI reliable. Steve’s 22 years of geological expertise made him 
the reason the system worked. 

Follow the five-step protocol: Identify, Reposition, 
Demonstrate, Formalize, Accountability. Find quiet adopters, 
reframe resisters as reviewers, showcase peer wins, create prestige 
through Alpha certification, and assign critical-path AI leadership to 
managers with demonstrated results. 

The gap is widening now. Frontier firms are sending six times 
more messages per user and building structured workflows that 
compound advantage. Every month spent fighting the Frozen Middle 
is a month competitors spend building capabilities you’ll struggle to 
match. 

Next: Chapter 9—Making the Business Case: Capacity, Not Time—and 
the 90-Day Sprint 
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“Extraordinary claims require extraordinary evidence.” 

—Carl Sagan, Cosmos (1980) 

Chapter 9 

Making the Business Case 

Capacity, Not Time—and the 90-Day Sprint 

Morgan Housel wrote about how a stock price is really just a number 
today wrapped in a story about tomorrow. The same principle governs 
every budget decision, every Board presentation, every enterprise 
initiative that lives or dies based on whether leadership believes in the 
outcome. The numbers matter—but only after the story makes them 
care. 

Sagan demanded extraordinary evidence for extraordinary claims. 
In enterprise AI, the extraordinary claim is that this technology will 
transform your business. The extraordinary evidence isn’t a 127-slide 
deck full of financial projections—it’s a story that makes the CFO lean 
forward, backed by controls that address the risks keeping the Board 
up at night, proven in 90-day sprints that produce results faster than 
anyone expected. 

Consider two ways to present the same AI implementation results. 
Data version: “AI implementation increased processing capacity by 
30% while maintaining headcount, generating $2.1M in incremental 
revenue over 18 months.” Story version: “The claims processing team 
went from telling customers ‘we’ll get to it in 3 weeks’ to ‘approved 
this afternoon’—without hiring a single person. The CEO stopped 
losing deals to faster competitors.” 

Same facts. Different impact. The first version proves you’re right. 
The second version makes people care. Trial lawyers don’t lead with 
forensic evidence—they lead with narrative and circle back to facts. 
This chapter is about making the case that survives Month 6 when 
you’re deep in the J-curve trough and the CFO is questioning every 
dollar. 

But making the case isn’t just about rhetoric. You need a specific 
frame that separates winners from losers in enterprise AI: the capacity 
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frame. You need a set of controls that address the five risks every CFO 
worries about before they’ll sign off. And you need a repeatable 
execution engine—the 90-Day Sprint—that proves value on timelines 
that matter. This chapter gives you all three. 

IBM’s Capacity Expansion Playbook 

In May 2025, IBM CEO Arvind Krishna told the Wall Street Journal 
that the company had used AI agents to replace the work of several 
hundred human resources employees. Their internal platform, 
AskHR, now automates 94% of routine HR tasks—employment 
verification, internal job transfers, payroll queries, vacation requests, 
policy clarifications. 

Here’s what makes this a masterclass in business case framing: 
IBM’s total employment actually went up. The company used the 
resources freed by HR automation to hire more programmers and 
salespeople—what Krishna called “critical thinking” roles that require 
human interaction and creativity. IBM employed 270,300 workers 
globally as of their 2024 annual report. Their AI division had grown 
into a $6 billion business. 

Krishna’s framing was deliberate. He didn’t walk into the 
boardroom and say “we’re firing HR staff to save money.” He said 
“we’re automating routine work so we can invest in growth.” Same 
math. Different story. One version triggers organizational resistance. 
The other gets budget approval. 

This is the Capacity, Not Time principle in action. IBM didn’t 
frame AI as a cost-cutting tool that eliminates jobs. They framed it as 
a capacity expansion tool that frees investment for higher-value work. 
The savings from automating rote HR processes didn’t disappear into 
margin improvement. They were redeployed into programmers who 
build products and salespeople who generate revenue. 

IBM’s CHRO Nickle LaMoreaux described this explicitly: the 
company shares information about what skills are declining and what 
roles are growing, helping workers prepare rather than panic. 
Transparency turns potential resisters into partners. The narrative 
isn’t “your job is being eliminated.” It’s “your role is evolving, and 
here’s the path.” 
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The Pattern Repeats 

IBM’s capacity frame isn’t an anomaly. The companies getting the 
biggest results from AI are all telling the same story—and it’s never 
about saving time. 

Spotify’s engineering organization achieved a 90% reduction in 
time spent on complex code migrations. But Chief Architect Niklas 
Gustavsson didn’t frame it as speed. He framed it as expanding who 
can build. Engineers could now push code changes from Slack on their 
phones using plain-language descriptions. People who never could 
have contributed to migrations before were suddenly doing it from a 
mobile device. That’s not a time-savings story. That’s a capability 
story. 

Novo Nordisk’s clinical study documentation process—the 
regulatory paperwork required before a drug can advance to the next 
phase of testing—went from ten-plus weeks to ten minutes. Director of 
Content Digitalization Louise Lind Skov framed the transformation 
not as automating the old process, but as fundamentally changing how 
medicines reach patients. When a pharmaceutical company can move 
drugs through documentation in minutes instead of months, the 
constraint shifts from paperwork to science. The organization can now 
advance more drugs, faster, with the same regulatory compliance 
team. 

Salesforce and Slack’s internal deployment of AI embedded in 
workflow tools reclaimed 97 minutes per employee per week. For a 
company of 5,000 knowledge workers, that’s the equivalent of roughly 
120 full-time employees of recaptured capacity—every week. EVP Rob 
Seaman framed this as the journey toward an “agentic enterprise”—
not an enterprise that uses AI tools, but one where AI is woven into 
the fabric of how work actually happens. The 120 FTE-equivalents 
don’t show up on a layoff list. They show up as faster response times, 
deeper customer engagement, and the ability to pursue opportunities 
that were previously impossible given bandwidth constraints. 

The pattern across all four companies is consistent: dramatic 
efficiency metric, deliberately reframed as a capability story. Spotify 
expanded who can build. Novo Nordisk accelerated how medicines 
reach patients. Salesforce created 120 FTE-equivalents of new 
capacity. The math is identical to a cost-cutting story. The 
organizational response is completely different. 
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Why the Capacity Frame Works 

When you frame AI as capacity expansion rather than cost cutting, 
you unlock three strategic advantages that change the conversation 
entirely. 

You align AI with growth. Instead of fighting over who gets fired, 
you’re discussing how to capture market opportunities. The 
conversation shifts from “which positions do we eliminate” to “what 
new capabilities can we offer customers.” Growth stories get 
approved. Cost-cutting stories get fought. The InvestOps 2026 survey 
of 200 global buyside leaders found that after two consecutive years 
prioritizing operational efficiency, 55% now prioritize competitive 
differentiation through innovation—the first time innovation has 
overtaken efficiency as the top strategic priority. The companies with 
excess capacity can pivot toward new priorities. The companies locked 
into cost-cutting commitments can’t. 

You create flexibility for adaptation. Capacity gives you options. 
When market conditions shift, you redeploy that capacity toward new 
priorities instead of being locked into headcount reduction targets. 
Portfolio management and trading innovation jumped from 32% to 
56% in a single year in the InvestOps data. That kind of strategic pivot 
requires spare capacity. An organization that has already eliminated 
120 positions can’t suddenly pursue a new market opportunity that 
requires 80 people. An organization that redirected 120 FTE-
equivalents of capacity into existing priorities can reallocate part of 
that capacity overnight. 

You build organizational support. People who would resist a 
cost-cutting initiative will champion a growth initiative. When the 
claims processing team hears “we’re going to eliminate 35 positions,” 
they protect the old workflow and slow-roll the transition. When they 
hear “we’re going to handle 53% more volume so the company can 
expand into three new states,” they become your biggest advocates. 
This is why IBM’s approach worked—and why Novo Nordisk’s 
regulatory team embraced rather than fought the documentation 
transformation. The people doing the work saw a path to more 
meaningful work, not a pink slip. 

The math is straightforward. Start with current state: how many 
transactions does your team process monthly, what’s the average cycle 
time, where are the bottlenecks. Calculate the capacity ceiling—
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maximum sustainable volume before quality degrades. Project AI-
enabled capacity after implementing Protocol Engineering and 
workflow automation. Then frame the opportunity: “We can handle 
30% more volume with the same team, creating room for strategic 
growth without proportional cost increases.” Compare that to: “We 
can process our current volume with 35 fewer people.” One version 
positions AI as an enabler of strategic objectives. The other positions 
it as a headcount optimization play. Which story survives Board 
scrutiny? 

What CFOs Actually Lose Sleep Over 

You’ve reframed the ROI story. Now you need to address risk. The 
CFO cares about five specific things going wrong—and whether you’ve 
thought about them before they happen. 

The FT/Infosys global survey of 300 board directors confirms how 
seriously governance leaders take this. Seventy-five percent expect AI 
to significantly improve strategic decision-making. Seventy-one 
percent say AI will enhance the timeliness and depth of information 
flows to the board. But fewer than half report having human-in-the-
loop oversight for AI-generated insights, and only about a third 
conduct regular audits of AI models and data sources. The gap 
between enthusiasm and governance infrastructure is where risk 
lives—and where your business case needs to demonstrate you’ve built 
the controls your Board hasn’t gotten around to requiring yet. 

Here are the five controls that get you from “this sounds risky” to 
“they’ve thought this through.” 

Budget Limits. No AI agent initiates spending above a pre-set 
threshold without human approval. Hard-coded at the system level—
not relying on AI to “follow guidelines.” Start deliberately low—think 
$50, not $500. When an agent attempts a transaction above the 
threshold, it generates an approval request. No approval within four 
hours? Transaction auto-cancels. You’d rather review fifty legitimate 
transactions than miss one catastrophic one. As the system proves 
itself, raise the threshold—but start where the CFO’s comfort zone is, 
not where yours is. 

Rate Limits. System-level throttling that overrides agent 
instructions. Cap emails per hour, documents per day, API calls per 
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hour—at levels that prevent a marketing automation agent from 
blasting thousands of prospects with broken personalization before 
anyone notices. Rate limits are the AI equivalent of speed governors 
on company vehicles. They don’t prevent you from getting where you 
need to go. They prevent you from causing a ten-car pileup on the way 
there. 

Human Circuit Breakers. Big red button architecture: any 
employee can instantly halt AI operations with full audit trail. When 
triggered, all AI operations pause, all pending transactions cancel, and 
an incident report generates automatically. The key design principle: 
stopping should be easier than starting. If it takes three approvals to 
launch an AI workflow and one click to stop it, you’ve designed the 
system correctly. 

Data Privacy Controls. Zero-trust data access: AI agents access 
only data required for their specific function. Customer service AI sees 
support tickets but not financial records. Finance AI sees transaction 
data but not HR records. Role-based access that maps to Squad Model 
tiers—Gamma users get sandbox data, Beta users get production data 
for their function, Alpha users get cross-functional access with full 
audit logging. Every data access is logged, timestamped, and 
traceable. When the regulator asks “who saw what, and when?” you 
have the answer in seconds, not weeks. 

Model Governance Protocols. Automated performance 
monitoring that tracks accuracy, response time, and error rates 
against trailing 30-day averages. When accuracy drops or error rates 
spike, the system flags for human review. The InvestOps data reveals 
why this matters: only 31% of firms have achieved business-user-level 
data access. Most organizations still require IT support for complex 
queries. Building real-time visibility into AI performance from day 
one separates organizations that catch problems early from those that 
discover degradation six months too late. 

When you walk into the CFO’s office, lead with the risk controls. 
Not buried in appendix slides—on page 3 of your executive summary. 
The CFO’s internal monologue shifts from “this sounds risky” to 
“they’ve thought this through.” That shift determines whether you get 
approval. 

These controls aren’t just governance theater for the Board. 
They’re operational necessities. Princeton researchers studying AI 
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agent reliability found that agents handle expected failures—server 
crashes, timeout errors—gracefully. But they break in unexpected 
ways when conditions change: the same task, described with different 
words but identical meaning, produces different results. Budget 
limits, rate limits, and circuit breakers are what catch those failures 
before they reach production. They’re the infrastructure that makes AI 
capability safe to deploy. 

The 90-Day Sprint 

You’ve got the story. You’ve got the risk controls. Now you need to 
prove it works—fast. The 90-Day Sprint isn’t a one-time project. It’s a 
repeatable framework for systematic AI adoption. Every 90 days, you 
audit, pilot, and protocol. Each cycle builds on the previous one. The 
organizations running sprint cycles are the ones moving from 
assessment to deployment while their competitors are still writing 
planning documents. 

Weeks 1–4: The Audit and J-Curve Presentation. Map the 
target process by interviewing the people who actually do the work—
not their managers. Document the workarounds, the manual fixes, the 
things people do that aren’t in the official process documentation. 
Every enterprise process has a shadow version—the way it actually 
works versus the way the process map says it works. Your audit needs 
to capture both, because the shadow version is where the real 
opportunity lives. 

Calculate J-curve parameters using the framework from Chapter 
2: depth and duration of the productivity dip, breakeven point, 
leading indicators. Build the 3-slide deck you’ll show the CFO in 
Month 4 when things look terrible. Slide 1: “Here’s where we said we’d 
be.” Slide 2: “Here’s where we actually are.” Slide 3: “Here are the 
leading indicators showing we’re still on track.” 

Get this approved before you start the pilot. Get explicit 
commitment: protected 18-month budget regardless of Month 4 
metrics. This is the insurance policy that keeps the Kill Zone from 
killing your initiative. If you skip this step—if you launch without pre-
committing leadership to weathering the dip—you’re betting your 
career on the hope that nobody panics when productivity drops 15%. 
That’s not a bet. That’s a coin flip. 
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Weeks 5–8: The Scrappy Pilot. One team, one process, one 
metric. The Stepping Stone framework from Chapter 3 applies: high 
pain, visible results, room to fail, repeatable. Use Protocol 
Engineering to create locked-down workflows. Deploy with Squad 
Model tiers—Gamma users get sandbox access first, Beta users start 
using it with real data once certified. 

Track J-curve metrics: process completion time, error rates, user 
satisfaction. But also track reliability—the four dimensions Princeton 
researchers identified as what matters for production AI. Consistency: 
does the system produce the same quality output for the same type of 
input across repeated runs? Robustness: does it hold up when 
conditions aren’t perfect? Predictability: can the system tell you when 
it’s uncertain versus confident? Safety: when it fails, are the failures 
contained and recoverable, or do they cascade? 

When you stand in front of the Board at Month 4, deep in the J-
curve trough, telling them that productivity is down but leading 
indicators are positive—consistency is at 85%, robustness testing 
shows graceful handling of edge cases, safety protocols have caught 
and contained three failures with zero customer impact—you’re not 
just showing results. You’re showing governance. That’s the evidence 
that keeps the Board from panicking during the Kill Zone. 

Capture the stories—the moments when someone realizes this 
actually helps. The analyst who used to spend three hours reconciling 
data and now spends twenty minutes. The compliance officer who 
caught a regulatory issue the old process would have missed. The 
customer who got a response in hours instead of weeks. Those stories 
become your political ammunition for the next phase. 

Weeks 9–12: The Protocol Rollout. Refine the protocol based on 
pilot learnings. Design the certification track using the Squad Model 
framework. Launch the win story internally—not a generic “we’re 
using AI now” announcement but a specific narrative with names, 
problems, solutions, and results. BCG’s 2025 research found that 
employee-centric organizations are 7x more likely to be AI mature. 
Make early adopters visible and celebrated. 

Then identify the next three Stepping Stone projects. Sprint 1 
proved you could eliminate manual touchpoints in one workflow. 
Sprint 2 replicates that success in three more. Sprint 3 moves from 
workflow automation to end-to-end process transformation. Each 
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sprint builds on the infrastructure, the organizational muscle, and the 
political capital of the previous one. 

The discipline of the sprint keeps you focused. Three months is 
long enough to prove value but short enough to maintain urgency. 
NVIDIA’s data shows the top spending priority isn’t chasing new use 
cases—it’s optimizing AI workflows that already exist, cited by 41% of 
respondents. The organizations running 90-day sprint cycles are the 
ones turning pilots into operating systems. 

From Sprint to Scale: The 18-Month Arc 

The 90-Day Sprint is the engine. But the business case that survives 
needs to show the Board the full journey—from first audit to 
organization-wide transformation. Here’s how the sprints compound. 

Months 1–3 are your first sprint. You’re proving the concept with a 
single Stepping Stone project. The goal isn’t transformation—it’s proof 
of life. One team, one process, measurable results. This is where you 
earn the right to continue. 

Months 4–6 are the Kill Zone. Productivity drops. Double-keying 
hits—people are doing the work the old way while also learning the 
new way, and workload increases roughly 1.5x before it decreases. 
This is where the Month 0 insurance policy pays off. You pre-
committed leadership to an 18-month budget. You have the 3-slide 
deck ready. You’re reporting leading indicators and reliability metrics, 
not just lagging productivity numbers. Your second sprint launches 
toward the end of this period, replicating the first sprint’s success in 
three more workflows. 

Months 7–9 are the inflection point. If you’ve built the 
infrastructure right—Protocol Engineering locking down inputs, 
Janitor Agents cleaning data, Squad Model certification ensuring 
quality—this is where the J-curve starts bending upward. The third 
sprint moves from Little-to-Little automation into Middle-to-Middle 
workflow integration. Individual task automation gives way to 
connected workflows where bots talk to bots through APIs. 

Months 10–12 are the Victory Lap. Productivity has recovered and 
exceeded baseline. Capacity has expanded 20–30%. You have stories, 
metrics, reliability data, and organizational momentum. This is where 
you make the expansion ask—not for a new pilot, but for organization-
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wide deployment. The Month 10 Don’t Panic script is designed for 
exactly this moment: lead with the story, back it with the 30% capacity 
number, and build the expansion request into the narrative. 

Months 13–18 are the compounding phase. Each sprint cycle now 
deploys faster because the infrastructure exists, the certification 
framework is established, and the organizational resistance has been 
replaced by organizational expectation. This is where AI isn’t a project 
to be approved but an operating assumption to be leveraged. 

The Case That Survives 

The business case that survives isn’t the one with the most impressive 
projections. It’s the one that tells a story leadership actually cares 
about, addresses risks they’re actually worried about, and proves value 
on timelines that actually matter. 

Frame AI as capacity expansion, not cost cutting. Show executives 
how you’ll handle the five critical risks: budget controls, rate limits, 
circuit breakers, data privacy, and model governance. Lead with 
controls, not buried in appendices. Prove value in 90-day sprints that 
build momentum through visible wins. Report not just productivity 
metrics but reliability dimensions—consistency, robustness, 
predictability, safety—that demonstrate control. 

NVIDIA’s survey shows 83% of financial services firms now 
reporting positive ROI on AI investments, with 89% seeing impact on 
both revenue and costs. The InvestOps data shows the strategic shift 
from efficiency to innovation, with 55% of buyside firms prioritizing 
competitive differentiation. The FT/Infosys board director survey 
shows 75% of directors expecting AI to improve strategic decision-
making—but governance safeguards lagging far behind ambition. 

The gap between where Boards want to go and how prepared they 
are to get there is your opportunity. The organizations that bridge that 
gap—with the right story, the right controls, and the right execution 
cadence—don’t just implement AI. They build the kind of 
compounding advantage that competitors can’t reverse-engineer from 
a press release. 

Carl Sagan was right. Extraordinary claims require extraordinary 
evidence. But the evidence isn’t a spreadsheet. It’s a story backed by 
controls backed by sprint results backed by reliability data. That’s the 
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business case that turns a technology experiment into a competitive 
moat. 

Companies that frame AI as headcount reduction will get politics. 
Companies that frame it as capacity expansion, governed by real 
controls, and proven in short cycles before the organization panics—
they get compounding advantage. The only question is which 
company you’re running. 
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Digital Assets 

The Don’t Panic tool at flattenthej.com provides three pre-written 
executive communication scripts—one for each critical J-curve 
milestone. Month 0 (“The Insurance Policy”) locks in the 18-month 
budget and gets the productivity dip on the record before deployment. 
Month 4 (“Hold the Line”) is the Kill Zone survival script: no apology, 
no hedging, leading indicators front and center. Month 10 (“The 
Victory Lap”) leads with the story, backs it with the 30% capacity 
number, and builds the expansion ask into the narrative. Each script 
includes talking points, anticipated objections, and the 3-slide J-curve 
update. 
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Chapter 9 Takeaways 

Stories beat spreadsheets. The CFO needs the numbers, but 
the story determines whether they care. IBM framed AI as “investing 
in growth,” not “firing HR staff.” Same math. Different outcome. 

Capacity, Not Time. “Saved 2 hours” means nothing. “Process 
30% more volume with the same team” means everything. The 
capacity frame aligns AI with growth, creates flexibility, and builds 
organizational support. 

Five risk controls get you approved. Budget limits, rate 
limits, human circuit breakers, zero-trust data privacy, and automated 
model governance. Lead with controls on page 3 of the executive 
summary, not buried in appendices. 

Report reliability, not just productivity. Track consistency, 
robustness, predictability, and safety during pilots. Reliability data is 
the evidence that keeps the Board from panicking during the Kill 
Zone. 

The 90-Day Sprint proves value fast. Audit → Pilot → 
Protocol Rollout. Repeatable engine. Each sprint builds infrastructure, 
organizational muscle, and political capital for the next. 

The governance gap is your opportunity. 75% of board 
directors expect AI to improve decision-making. Fewer than half have 
oversight in place. Build the controls they haven’t required yet. 

∗  ∗  ∗ 
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Appendix A 

Digital Asset Library 

Tools, Templates, and Executive Scripts 

Every framework in this book has a corresponding digital tool 

designed to move you from reading to doing. These are not summaries 

or checklists---they are working instruments built for the conference 

room, the boardroom, and the budget meeting. All assets are available 

at flattenthej.com. 

Free tools are accessible immediately with no account required. 

The Protocol Vault is reserved for book purchasers and requires an 

access code printed on the inside back cover. 

∗ ∗ ∗ 

Start Here --- Project Selection Wheel 

Access: Free, no sign-up required 

Location: flattenthej.com/start-here 

Grounded in: Chapter 3 --- Stepping Stone Projects 

The hardest part of any AI initiative is not the technology---it is 

choosing where to start. The Start Here wheel is a facilitation tool 

designed to spark a 45-minute leadership conversation about which 

project deserves your first investment. Spin the wheel and it reveals 

two cards: one testing Utility (visibility and business impact) and one 

testing Cost (complexity and risk). The cards ask questions like "If we 

fix this, does a VP mention it at the next all-hands?" and "How many 

systems does this touch? Name them." Eight cards in each pool, 

randomly paired on every spin. The tool does not calculate a score. It 

forces the right conversation. 

∗ ∗ ∗ 
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Permission Slip --- Process Destruction Wheel 

Access: Free, no sign-up required 

Location: flattenthej.com/permission-slip 

Grounded in: Chapter 6 --- Process Destruction and the E-S-A 
Framework 

Before you automate a process, you need permission to ask whether it 

should exist at all. The Permission Slip wheel uses the same spinning 

mechanic as Start Here but with a different purpose: challenging 

assumptions about existing workflows. Two card types appear on each 

spin. Existence cards ask questions like "Why does this process exist? 

Can anyone in this room answer that without guessing?" Redesign 

cards push further: "What would you have to stop believing about this 

process to redesign it completely?" Eight cards in each pool. This tool 

operationalizes the E-S-A Framework's first step---Eliminate---by 

making it safe to question what everyone else takes for granted. 

∗ ∗ ∗ 

Don't Panic --- Executive Communication Scripts 

Access: Free with email registration 

Location: flattenthej.com/dont-panic 

Grounded in: Chapter 2 --- The J-Curve and the Kill Zone 

Three downloadable Word documents containing board-ready scripts 

for the three critical moments of any AI implementation. These are 

not slide templates---they are the actual words you say when the room 

gets quiet and everyone is looking at you. 

Month 0: "The Insurance Policy." The presentation you 
deliver before 

deployment begins. Lock in 18-month budget protection, get the 

productivity dip on record, and establish the leading indicators you 
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will track through the Kill Zone. When Month 4 arrives and the CFO 

wants answers, you pull out this presentation and say: "As predicted." 

Month 4: "Hold the Line." The board update you deliver 
when 

everything looks wrong. You are in the Kill Zone. Do not apologize for 

the dip. Do not promise a faster recovery. Report the leading 

indicators, point back to Month 0, and hold the line. Includes a "What 

You Must Not Say" section---because what you do not say in this 

meeting matters more than what you do. 

Month 10: "The Victory Lap." The board update you 
deliver when it is 

time to claim the win and expand. Lead with a story---find a Sarah, 

someone whose daily work was visibly transformed. Then deliver the 

30% capacity number. The expansion ask is built into the script. 

∗ ∗ ∗ 

Protocol Vault --- AI-Powered Enterprise Protocols 

Access: Book purchasers only (access code on inside back cover) 

Location: flattenthej.com/protocol-vault 

Grounded in: Chapter 7 --- Protocol Engineering 

The Protocol Vault is Protocol Engineering in action. Ten pre-built 

protocols across four business categories---Sales, HR, Legal, and 

Vendor Management. Each protocol presents a structured form where 

you fill in business-specific fields. The system constructs and executes 

the prompt on the backend. You never see the prompt. You never 

write the prompt. You get a polished, enterprise-grade output tailored 

to your inputs. This is what replaces "prompt engineering" for the 

other 80% of the workforce. 
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Sales Protocols 

S-01 Prospect Research Brief. Company overview, pain 
points, opening questions, and competitive positioning tailored to 
your target account. 

 S-02 Proposal Executive Summary. Client-ready one-
pager with benefit-first framing and industry-aligned ROI 
language. 

 S-05 QBR Agenda Builder. Structured quarterly business 
review agenda with talking points, time allocations, and renewal 
framing. 

HR Protocols 

H-01 Job Description Generator. Compliant job 
description with bias-flag language review built in. 

 H-03 Interview Scorecard. Competency-based questions 
organized by interview round with legally compliant framing. 

 H-06 Promotion Justification Memo. One-page memo 
for HR and executive approval, structured around outcomes rather 
than tenure. 

Legal Protocols 

L-01 Contract Review Summary. Plain-language key 
terms, flagged non-standard clauses, and redline 
recommendations. Not a legal opinion. 

 L-03 Compliance Incident Memo. Regulatory citation 
lookup, remediation checklist, and escalation recommendation. 
Auto-routes to General Counsel if regulatory reportable. 

 L-04 Vendor Due Diligence Summary. Auto-flags GDPR, 
CCPA, and HIPAA applicability by data access level and vendor 
jurisdiction. 

Vendor Protocols 

V-01 AI Vendor RFP Builder. Complete, customized 
request for proposal for AI vendor evaluation. Tailored to 
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industry, use case, regulatory environment, and stated evaluation 
priorities. Includes weighted vendor scorecard. 

∗ ∗ ∗ 

All digital assets are maintained and updated at flattenthej.com. If 
you encounter issues or have suggestions for new protocols, contact 
david@flattenthej.com. 
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Appendix B 

Glossary of Terms 

Key Concepts and Frameworks 

This glossary defines the core terminology, frameworks, and concepts 

used throughout Flatten the AI J-Curve. Terms are listed 

alphabetically. Cross-references point to related entries. For expanded 

discussion of any term, consult the chapter where it is introduced. 

∗ ∗ ∗ 

Alpha Squad The most advanced tier of the Squad Model. Alpha 

squads deploy autonomous AI agents with human-on-the-loop 

oversight, handling end-to-end process transformation. Promotion 

from Beta requires demonstrated reliability and governance protocols. 

See Squad Model. 

Beta Squad The middle tier of the Squad Model. Beta squads run 

approved AI workflows integrated into daily operations with human-

in-the-loop oversight. Members have proven competency in sandbox 

environments and earned production access. See Squad Model. 

Bridge to AI The third layer of each chapter's opening structure, 

connecting the historical epigraph and Housel Principle to the 

chapter's enterprise AI challenge. Part of the book's mandatory three-

layer opening framework. 

Business AI Disruptor A role embedded within business units---

not IT---to own AI transformation at the operational level. The 

Disruptor translates between technical capability and business need, 

ensuring adoption is driven by the people closest to the work. 

Capacity, Not Time The reframing of AI return on investment 

from time saved to capacity gained. Instead of "we saved two hours 

per analyst," the winning frame is "we can now process 30% more 
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volume without adding headcount." Stories beat spreadsheets. The 

target metric is a 30% capacity increase. 

Double-Keying The period during AI adoption when employees 

perform their original work manually while simultaneously learning 

and supervising AI-assisted workflows. Workload increases 

approximately 1.5x before it decreases. Double-keying is the core 

mechanism that produces the J-curve's productivity dip. 

E-S-A Framework Eliminate → Standardize → Automate. A 

three-step process destruction methodology applied in strict 

sequence. First, eliminate processes that should not exist. Then 

standardize what remains into consistent, repeatable workflows. Only 

then automate. Most organizations skip directly to automation---

paving the cow path---and wonder why results disappoint. 

End-to-End Transformation The final phase of the Little-to-

Little → Middle-to-Middle → End-to-End migration path. Complete 

process transformation where AI handles entire workflows with 

human-on-the-loop oversight. The destination, not the starting point. 

Frozen Middle, The The layer of middle management where AI 

initiatives go to die. Middle managers fear irrelevance---they built 

careers on expertise that AI threatens to commoditize. Always 

capitalized. Unfreezing the middle requires making adoption visible, 

safe, and career-enhancing rather than career-threatening. 

Gamma Squad The entry tier of the Squad Model. Gamma squads 

operate in sandbox environments for learning and experimentation 

with no production access. The safe space where employees build AI 

fluency before graduating to Beta. See Squad Model. 

Housel Principle The second layer of each chapter's opening 

structure. A two-to-three sentence summary of a relevant principle 

from Morgan Housel's Same as Ever, establishing the universal 

human pattern before connecting it to enterprise AI adoption. 
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Human-in-the-Loop An oversight model requiring manual 

human intervention for each AI-generated output before it proceeds. 

Every task is reviewed. Appropriate for high-risk or early-stage 

deployments but unsustainable at scale. 

Human-on-the-Loop An oversight model where humans monitor 

AI operations and intervene only on exceptions or flagged anomalies. 

The AI operates autonomously within defined parameters; the human 

provides governance, not approval. The target state for mature 

enterprise AI deployment. 

Imagination Gap, The The inability to envision what AI makes 

possible beyond current capabilities. Organizations trapped in the 

Imagination Gap pursue incremental efficiency gains---doing the 

same things slightly faster---rather than building entirely new 

business models or capabilities that only AI enables. 

J-Curve, The The predictable productivity decline that hits around 

Month 4 of enterprise AI implementations, driven by double-keying, 

learning curves, and organizational friction. Productivity drops 

approximately 15% before recovering and exceeding baseline. The J-

curve is not a failure---it is the cost of transformation. Understanding 

it prevents premature abandonment. 

Janitor Agents Small, inexpensive AI models deployed to clean, 

tag, and structure data before a primary model processes it. Janitor 

agents handle metadata enrichment, format standardization, and 

quality checks---the unglamorous foundation work that determines 

whether enterprise AI produces reliable outputs. A core component of 

RAG 2.0 architecture. 

Kill Zone, The Months 3--6 of enterprise AI adoption, where the J-

curve productivity dip is deepest and executive patience is thinnest. 

The period when most CIOs get fired, budgets get cut, and initiatives 

get abandoned. Surviving the Kill Zone requires advance preparation: 

budget locked before deployment, leading indicators established, and 

stakeholder expectations set at Month 0. 
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Little-to-Little The first phase of the enterprise AI migration path. 

Individual productivity gains---one person using AI to do their own 

work faster or better. Necessary but insufficient. The trap is staying 

here and calling it transformation. 

Middle-to-Middle The second phase of the enterprise AI 

migration path. Workflow integration where AI connects processes 

across teams and systems via APIs rather than chat interfaces. The 

phase where real organizational value begins to emerge. 

Protocol Engineering The practice of building pre-structured, 

locked input frameworks---enterprise "Mad Libs"---that generate 

prompts on the backend without exposing prompt logic to end users. 

Users fill in business-specific fields; the system constructs and 

executes the prompt. Protocol Engineering replaces "prompt 

engineering," which is dead as an enterprise strategy. 

Squad Model, The A tiered organizational framework for AI 

adoption built on Dunbar's research, organizing approximately 15-

person squads across three certification levels: Gamma 

(sandbox/learning) → Beta (approved workflows) → Alpha (agent 

deployment). Progression is earned through demonstrated 

competency, not calendar time. 

Stepping Stone Projects Fast-win AI implementations designed 

to produce visible results during the J-curve trough. Scoped to one 

team, one process, four weeks, with measurable outcomes. Stepping 

stone projects build organizational confidence and provide proof 

points that sustain executive support through the Kill Zone. Always 

lowercase "stone." 

Toy Mode The state of trivial AI usage---email summarization, 

Slack message rewrites, basic chatbot interactions---that costs \$30 

per seat per month and delivers negligible enterprise value. At 5,000 

employees, Toy Mode represents \$1.8 million in annual waste. The 

chat interface is a dead end for 80% of enterprise work. 
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Value Formula Utility ÷ Cost. The fundamental equation for 

evaluating AI implementations. Utility measures the actual business 

impact delivered; cost includes not just licensing but adoption friction, 

training, double-keying overhead, and organizational disruption. A 

high-utility tool with crushing adoption costs still fails. 

∗ ∗ ∗ 

Digital tools referenced in this glossary---including the Protocol 

Vault, Start Here and Permission Slip spinning wheels, and Don't 

Panic executive scripts---are available at flattenthej.com. 
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COiN (JPMorgan),  000 

Cost-cutting. See Capacity, Not Time 

D 

Data readiness,  000 

Janitor Agents and,  000 

scorecard,  000 

Digital assets,  000 

90-Day Gantt Chart,  000 

Capacity Expansion ROI Calculator,  000 

Existential Threat Audit Checklist,  000 

Human-in-the-Loop Decision Matrix,  000 

J-Curve Prediction Model,  000 

Process Kill Sheet,  000 

Squad Certification Design Kit,  000 

Stepping Stone Selection Matrix,  000 

Double-Keying,  000, 000 

definition,  000 

managing through,  000 

workload increase (1.5x),  000 

Drucker, Peter,  000 

Dunbar's research,  000 

E 

Earhart, Amelia,  000 

Einstein, Albert,  000 

Emerson, Ralph Waldo,  000 

End-to-End transformation,  000, 000 

definition,  000 

vs. Little-to-Little,  000 

vs. Middle-to-Middle,  000 

E-S-A Framework,  000, 000 
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Automate (step 3),  000 

Eliminate (step 1),  000 

Standardize (step 2),  000 

Existential Threat Audit,  000 

eight critical questions,  000 

regulated industries,  000 

F 

Financial services,  000 

JPMorgan Chase,  000 

Klarna,  000 

regulatory environment,  000 

Frozen Middle,  000, 000 

breaking through,  000 

definition,  000 

fear of irrelevance,  000 

management layer resistance,  000 

G 

Gamma tier. See Squad Model 

H 

Healthcare industry,  000 

Allina Health,  000 

Optum partnership,  000 

Housel, Morgan,  000 

Same as Ever principles,  000, 000, 000, 000, 000, 000, 000, 000, 000 

Human-in-the-Loop,  000, 000 

decision matrix,  000 

definition,  000 

transition from,  000 

Human-on-the-Loop,  000, 000 

autonomous agents,  000 

definition,  000 

exception handling,  000 

transition to,  000 

I 
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Imagination Gap,  000, 000 

board-level implications,  000 

definition,  000 

efficiency trap,  000 

overcoming,  000 

Insurance industry,  000 

Integration. See API Mandate 

J 

J-Curve,  000, 000 

danger zone (Months 4–6),  000 

definition,  000 

Kill Zone and,  000 

managing through,  000 

Month 4 inflection point,  000 

prediction model,  000 

15% productivity dip,  000 

Janitor Agents,  000, 000 

definition,  000 

implementation guide,  000 

RAG 2.0,  000 

JPMorgan Chase,  000 

COiN system,  000 

Proxy IQ,  000 

K 

Kill Zone,  000, 000 

CIO turnover during,  000 

definition,  000 

navigating,  000 

vs. J-Curve (see also J-Curve),  000 

Klarna,  000 

L 

Lee, Bruce,  000 

Lilli (McKinsey),  000 

Little-to-Little transformation,  000 
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definition,  000 

limitations,  000 

upgrading from,  000 

M 

Machiavelli, Niccolò,  000 

McKinsey,  000 

Lilli platform,  000 

Middle-to-Middle transformation,  000 

definition,  000 

workflow integration,  000 

Middle management. See Frozen Middle 

O 

Optum,  000 

Organizational change. See Change management 

P 

Pilot programs,  000 

30-day sprint,  000 

stepping stone selection,  000 

Process Destruction,  000, 000 

cow path metaphor,  000 

E-S-A Framework,  000 

litmus test questions,  000 

only 12% of firms ask the right question,  000 

Process Kill Sheet,  000 

Productivity dip. See J-Curve; Kill Zone 

Protocol Engineering,  000, 000 

definition,  000 

enterprise Mad Libs,  000 

locked protocols library (20 protocols),  000 

vs. prompt engineering,  000 

Proxy IQ (JPMorgan),  000 

R 

RAG 2.0. See Janitor Agents 
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Regulated industries,  000 

compliance challenges,  000 

energy sector,  000 

financial services,  000 

healthcare,  000 

insurance,  000 

Return on investment. See Capacity, Not Time 

ROI. See Capacity, Not Time 

S 

Sagan, Carl,  000 

Same as Ever. See Housel, Morgan 

Squad Model,  000, 000 

Alpha tier (agent deployment),  000 

Beta tier (approved workflows),  000 

certification criteria,  000 

Dunbar's research and,  000 

Gamma tier (sandbox/learning),  000 

15-person squads,  000 

12-week rollout calendar,  000 

Stepping Stone Projects,  000, 000 

30-day sprint,  000 

definition,  000 

High Value/High Pain matrix,  000 

one team, one process,  000 

selection criteria,  000 

T 

Toy Mode,  000, 000 

$1.8M annual waste example,  000 

$30/seat/month cost,  000 

definition,  000 

escaping,  000 

examples (email, Slack),  000 

V 

Vendor evaluation,  000 
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RFP template,  000 

selection criteria,  000 

W 

Workforce transformation,  000 

Business AI Disruptor role,  000 

capacity expansion,  000 

Frozen Middle,  000 

reskilling,  000 


